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Abstract 
 
Demographic change brings significant shifts for societies worldwide. An increasingly aging 

workforce confronts social security systems, labour markets, and many organisations with great 

challenges. This demographic trend causes a lack of young skilled workers as well as the loss 

of many experienced, older skilled workers through retirement. Thus, practitioners have to 

develop new methods to maintain the health and productivity of their older workers as well as 

to preserve their knowledge and experience.  

This dissertation addresses these challenges by integrating the concept of subjective age within 

the debate on the phenomenon of an aging workforce in organisations. Subjective age indicates 

how old individuals perceive themselves and shows interesting relationships to health- and 

performance-related aspects and is therefore also of great importance to organisations. In the 

three papers of my dissertation, I investigate; a) the nature and stability of subjective age in 

organisations, b) work-related drivers of subjective age, and c) potential subjective age 

outcomes, i.e., team absenteeism and retirement preference/ planning with overall three 

different data sets from the USA, Switzerland, and Germany. Paper 1 shows that subjective age 

is a valid yet mutable concept, which is related to certain work conditions. In Paper 2, the results 

suggest that subjective age at the team level might affect absenteeism. In addition, the findings 

of Paper 3 show that subjective age can influence employees’ retirement preference/ planning 

and thus, might delay the retirement age of older employees. Overall, my dissertation stresses 

the relevance of subjective age for organisations; it allows practitioners to actively manage the 

aging workforce and thereby profit from positive subjective age effects in their organisations.  
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Zusammenfassung 
 

Der demographische Wandel bringt für Gesellschaften weltweit bedeutende Veränderungen mit 

sich. Die zunehmend alternde Arbeitnehmerschaft stellt die Sozialsysteme, den Arbeitsmarkt 

und viele Organisationen vor großen Herausforderungen. Der demographische Trend führt zu 

einem Mangel an jungen Fachkräften, sowie dem Wegfallvieler erfahrener älterer Fachkräfte 

durch Verrentung. PraktikerInnen müssen daher neue Maßnahmen entwickeln, um die 

Gesundheit und Produktivität ihrer älteren MitarbeiterInnen zu erhalten, sowie deren Wissen 

und Erfahrung zu sichern.  

In meiner Dissertation setze ich mich mit diesen Herausforderungen auseinander, indem ich das 

Konzept des subjektiven Alters in die Debatte um Altersphänomene in Organisationen 

einbinde. Subjektives Alter bezeichnet, wie alt sich Individuen selber wahrnehmen. Das 

Konzept des subjektiven Alters weist interessante Beziehungen zu Aspekten der Gesundheit 

und Performanz auf und ist daher auch in Organisationen von großer Bedeutung. In den drei 

Artikeln meiner Dissertation untersuche ich a) die Beschaffenheit und Stabilität von 

subjektivem Alter in Organisationen, b) arbeitsbezogene Treiber von subjektivem Alter und c) 

potentielle Outcomes subjektiven Alters, i.e., Team Absentismus und gewünschtes/ geplantes 

Rentenalter, anhand dreier unterschiedlicher Datensets aus den USA, der Schweiz und 

Deutschland. Artikel 1 zeigt, dass subjektives Alter ein valides und veränderbares Konstrukt 

ist, das mit der Ausprägung von bestimmten Arbeitsbedingungen verbunden ist. In Artikel 2 

weisen meine Ergebnisse darauf hin, dass subjektives Alter auf der Team-Ebene Absentismus 

beeinflussen kann. Zudem zeigen die Ergebnisse aus Artikel 3, dass subjektives Alter das 

präferierte/ geplante Rentenalter beeinflusst und dadurch den Renteneintritt älterer 

MitarbeiterInnen verzögern kann. Insgesamt verdeutlicht meine Dissertation die Relevanz von 

subjektivem Alter für Organisationen; es erlaubt ein aktives Management von MitarbeiterInnen, 

um von den positiven Effekten subjektiven Alters in Organisationen zu profitieren.  
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1 Introduction 

 

1.1 Demographic Change in Organisations  

Over the past decades, Western societies have faced the trends of globalisation and 

medical evolution, which have caused significant changes in the demographic development in 

these societies, i.e., the so-called demographic change (OECD, 2008). Beyond immigration and 

the emancipation of women in societies, the demographic change comprises that, in most 

industrialised countries, life expectancy increases significantly, while birth rates shrink at the 

same time (OECD, 2017a; International Labour Office, 2011). People in these societies live 

longer and age healthier, as a result of tremendous medical developments and overall growing 

prosperity (Bundesministerium des Inneren, 2011; OECD, 2008). Besides these positive 

outcomes, the demographic change also confronts societies with great challenges, i.e., public 

health and pension funds face increasing costs (Gruber & Wise, 1999; Poetzsch & Roessger, 

2015); they have to cover rising numbers of the elderly while a descending number of young 

people contribute to the systems (OECD, 2017b; Poetzsch & Roessger, 2015). Furthermore, 

economists are concerned with the risks for sustainability of labour markets and economic 

growth because the overall workforce is aging and shrinking and lacks young skilled workers 

(Gruber & Wise, 2002; International Labour Office, 2011). In most EU countries as well as in 

the USA, the percentage of elder employees increased significantly from 2008 to 2017 (OECD, 

2018a). In Germany, the percentage of employed people between 45 to 54 years increased by 

13.6%, while among people aged 65 years and older the number of workers increased by 3.0%. 

The OECD (2018a) observed a similar trend for Switzerland and several other European 

countries. In the USA, the percentage of workers between 45 and 54 years remains more or less 

stable from 2008 to 2017, while the number of workers in the age group of 65 years and older 

increased by 2.5%. The German IW (Institut der deutschen Wirtschaft) estimates that, until 

2035, the aging and reduction of the labour force limits German economic growth significantly 
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(Groemling, 2017a, 2017b; Institut der deutschen Wirtschaft, 2017). Also in the USA, the aging 

workforce imbues the government with challenges for the social security system and the 

economy (U.S. Senate, Special Committee on Aging United States Senate, 2017). Politics, 

economists, and entrepreneurs discuss several measures to reply to these challenges; among 

other goals, such as establishing an immigration law, one possible strategy to reduce the 

workforce scarcity is to keep employees active and healthy in the workforce until old age 

(Gruber & Wise, 2002; International Labour Office, 2011).  

Beyond the societal challenges arising with demographic change, it affects public and 

private organisations that face increasingly aging personnel (Manyika, Remes, & Dobbs, 2015). 

This leaves organisations with a shrinking workforce and the loss of relevant knowledge and 

expertise, which are important to maintain productivity (Manyika et al., 2015). Practitioners are 

concerned that an older workforce creates increasing health and absenteeism costs (Manyika et 

al., 2015; The Economist, 2014). These trends threaten the economic sustainability of 

companies and emphasise that aging is an important and prevalent issue for organisations. 

Ensuring the long-term organisational survival and success, requires that organisational 

functionaries develop and apply strategies for sustainable personnel management (Manyika et 

al., 2015; The Economist, 2014). In the following, I present the current research state on 

chronological age effects and subjective age effects in organisations. Subjective age, an 

alternative perspective on aging, is the focus of my dissertation and might help organisations to 

deal with the challenges of the demographic change.   

 

1.2 Research Problem: Chronological Age in Organisations 

Beyond the societal debates about the consequences of an aging society, researchers 

have made intense efforts to find an empirical basis for societal and practitioners’ concerns and 

investigate the real effects of increasing chronological age for, e.g., individual’s health 

indicators, well-being, and performance (see, e.g., Ng & Feldman, 2008, 2013; Waldman & 
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Avolio, 1986; Warr, 2000). Different research fields examine “age,” indicated by a number 

(years), or “aging,” the development processes implied with increasing age (see Ng & Feldman, 

2008), from multiple perspectives (e.g., gerontology, developmental psychology, 

organisational behaviour; see, e.g., Diehl et al., 2014; Ng & Feldman, 2008; Settersten & 

Haegestad, 1996). Beyond all divergences in viewpoints, researchers agree that a person’s 

chronological age is a meaningful variable; it is an objective, stable and often visible 

characteristic and a strong part of an individual’s identity (see, e.g., George, Mutran, & 

Pennybacker, 1980; Kaufman & Elder, 2002). Chronological age not only indicates the 

progression of the biological aging process, it is also an important social marker defining 

normative life-phases and societal roles (e.g., right time to leave parental home, to get married, 

to have children, to become grandparents; Billari & Liefbroer, 2007; Settersten & Haegestad, 

1996). Researchers show that chronological aging is a process of gains and losses (see, e.g., 

Diehl et al., 2014; Horn & Cattell, 1967). Several studies demonstrate, that with age, the risk 

for cardiovascular diseases increases (e.g., Hawkley, Thisted, Masi, & Cacioppo, 2010), and 

that being old is related to reduced physical fitness (e.g., Johnson, Deary, McGue, & 

Christensen, 2009; Vieluf, Mahmoodi, Godde, Reuter, & Voelcker-Rehage, 2012) and lower 

cognitive process-speed (e.g., Horn & Cattell, 1967). On the other hand, Horn and Cattell 

(1967) find that information-based reasoning can even improve with age. Furthermore, older 

individuals show healthier emotion regulation and have better stress-coping mechanisms than 

younger individuals have (Scheibe & Blanchard-Fields, 2009; Scheibe & Zacher, 2013).  

Although aging is a process that includes positive and negative development steps, in 

most Western societies, negative and decline-oriented perspectives on the elderly dominate 

(Cuddy, Norton, & Fiske, 2005). This accounts particularly in the working context, where 

workers over the age of 40 are considered to be old (Bourne, 1982; Warr, 2000). Common 

stereotypes about older workers suggest, e.g., that being old is related to poor health and lower 

motivation to work, which might result in higher absenteeism and decreased motivation to 
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(continue to) work (see, e.g., Kooij, de Lange, Jansen, & Dikkers, 2008; Ng & Feldman, 2012; 

Posthuma & Campion, 2008). These stereotypes are often reflected in management concerns 

that older employees lower overall firm performance and cause high costs through increasing 

health insurance dues and absenteeism rates (Manyika et al., 2015; The Economist, 2014) as 

well as early retirement (Groemling, 2017b; Gruber & Wise, 2002). 

Decent amounts of studies investigate if these stereotypes have an empirical basis (see, 

e.g., Ng & Feldman, 2008); results show diverse and even contradictory results. Researchers 

also find evidence that older employees experience more physical and psychological strain 

(Badura, Ducki, Schroeder, Klose, & Meyer, 2014) and are more vulnerable for stress 

(Charatan, 1984; Diehl & Hay, 2010). Furthermore, they are more often involved in accidents 

at work, report more health problems, and show higher absenteeism (e.g., Badura et al., 2014; 

Bierla, Huver, & Richard, 2013) than younger employees. Contrary, Ng and Feldman (2008) 

show, with their meta-analysis, that older employees demonstrate even more job motivation 

and involvement and do not report more health problems at work. The authors state that, as the 

basis of biological measures, older employees show worse physiological results than younger 

workers do, but these indicators do not affect outcomes that are related to employees’ 

perceptions, behaviours or performance (Ng & Feldman, 2008, 2012). Further meta-analyses 

support this assumption and conclude that the relationship between chronological age and 

performance-related outcomes requires complex investigations (see, e.g., Kooij, de Lange, 

Jansen, Kanfer, & Dikkers, 2011; Martocchio, 1989; Ng & Feldman, 2012). Empirical studies 

indicate that older employees do not show more physical and psychological health problems 

(Ng & Feldman, 2013) nor are they more often absent from work (Martocchio, 1989). 

Moreover, Martocchio (1989) concludes that the age/ absenteeism relationship is complex and 

that researchers should consider the type of absenteeism (e.g., long-term versus short-term 

absenteeism) or moderator variables, e.g., personal or job characteristics. Considering work 

motivation, Kooij et al. (2011) examine at age-differences in work motivation; they conclude 
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that older employees are not generally less motivated to work, but that the motives to work 

differ between old and young employees (Kooij et al., 2011). Kooij et al. (2011) postulate a 

similar mechanism for older employees’ motivation to continue working after retirement. 

Overall, empirical research assumes that chronological age effects at work do not follow the 

simple decline-focused perspective of many stereotypes about older workers.  

 

1.2.1 Relevance of Subjective Age in Organisations 

One reason for the complex relationship between chronological age and performance-

related variables (i.e., absenteeism, motivation to continue working) might be the increasing 

diversity in older age (e.g., Galambos, Turner, & Tilton-Weaver, 2005). With increasing age, 

individuals are confronted with more and more diverse life conditions (Galambos et al., 2005). 

They experience different critical life events, face different illnesses or accidents, enter in 

various interpersonal relationships, and make plenty of imprinting experience (Galambos et al., 

2005). Thus, it is not surprising that chronological age loses its prediction power with increasing 

age (Galambos et al., 2005). While it is common knowledge that a five-year-old child can run 

securely and control his/her balance system (Sugden, Wade, & Hart, 2013), the motoric skills 

of 60-year-old individuals are diverse. Some people still run marathons in their 60s, and others 

are already dependent on daily health-care service at that age. Research supports the 

diversifying effect of aging and argues that chronological age is not an optimal health- and 

performance-indicator in older age (e.g., Settersten & Mayer, 1997; Stephan, Caudroit, 

Jaconelli, & Terracciano, 2014). Thus, researchers should consider other concepts that are able 

to capture individual aging processes. 

In the past decades, researchers from various fields have broadened their perspective on 

aging and investigated alternative age concepts. As with biological and cognitive age 

(MacDonald, DeCarlo, & Dixon, 2011), functional age (Koolhaas, van der Klink, Groothoff, & 

Brouwer, 2012), physical age, psychological age, and social age (Montepare, 1996a), 



6 
 

psychosocial age (Barnes-Farrell & Petery, 2017), as well as age identity (George et al., 1980). 

In my dissertation, I focus on the subjective age construct to study age and aging effects in the 

work context. I decided for this perspective because a) subjective age is more proximal to an 

individual age experience than the other age concepts, b) subjective age offers a holistic picture 

of age, including the combined experience of other objective age indicators (e.g., perception of 

physical age or cognitive age), and c) subjective age is one of the few age concepts that is 

mutable through external influences (e.g., mood, Dutt & Wahl, 2017; age stereotypes, Eibach, 

Mock, & Courtney, 2010) and thus can be positively affected by active workplace management. 

Subjective age indicates “(…) how young or old individuals experience themselves to 

be (…)” (Montepare, 2009, p. 42). A decent amount of studies applies the subjective age 

concept, showing that feeling younger is related to better physiological and cognitive health 

indicators (e.g., Stephan et al., 2014; Stephan, Sutin, & Terracciano, 2015a) as well as better 

mental health (e.g., Keyes & Westerhof, 2012) and higher life satisfaction (Stephan, Caudroit, 

& Chalabaev, 2011). Westerhof et al. (2014) even show that people with a lower subjective age 

live longer. Organisational researchers take up the debate on subjective age effects and 

investigate potential subjective age effects in the work context beyond chronological age effects 

(Barnes-Farrell, Rumery, & Swody, 2002; Kunze, Raes, & Bruch, 2015). Empirical studies 

show that subjective age is related to work stress (i.e., feeling older is related to higher stress 

perceptions; Barnes-Farrell & Piotrowski, 1991; Barnes-Farrell et al., 2002; Iskra-Golec, 2002) 

and work motivation (Akkermans et al., 2016).1 At the organisational level, subjective age is 

associated with organisational performance (Kunze et al., 2015).  

The current research state on subjective age in organisations suggests that it is a 

promising variable with several positive effects on individual and organisational outcomes (see, 

                                                            
1 Although Akkermans et al. (2016) speak about subjective age they measure it with the concept of Future Time 
Perspective (FTP; Lang & Carstensen, 2002) which significantly differs from common subjective age measures. 
For a detailed conceptualisation of FTP, see Lang and Carstensen (2002).  
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e.g., Barnes-Farrell et al., 2002; Kunze et al., 2015) and might thus be a better predictor for 

health- and performance-related outcomes. Although subjective age is an established concept 

in aging research, several uncertainties still exist in regard to the conceptual structure of 

subjective age and its relationships with outcomes (Kotter-Gruehn, Kornadt, & Stephan, 2015).  

First, in the past decades, aging researchers introduced several terms and measures of 

subjective age concepts ranging from age identity (e.g., Kaufman & Elder, 2002), awareness of 

age-related changes (e.g., Diehl et al., 2014), and ages of me (e.g., Kastenbaum, Derbin, 

Sabatini, & Artt, 1972) to single-item measures (e.g., Stephan, Sutin, & Terracciano, 2015b). 

Organisational aging research primarily and almost exclusively uses single-item measures to 

study subjective age (see, e.g., Barnes-Farrell et al., 2002; Kunze et al., 2015). Thus, no study 

considers or validates multifaceted subjective age concepts in the organisational behaviour 

context. Furthermore, recent studies suggest that subjective age is a mutable construct (see, e.g., 

Dutt & Wahl, 2017; Eibach et al., 2010). Kotter-Gruehn, Neupert, and Stephan (2015) show in 

a gerontological sample (between 60 and 96 years old) that subjective age varies on a daily 

basis. These findings suggest that subjective age might vary also in a worker sample in the 

course of a workweek and raise the question of what drives this variance. While, some studies 

already identify, e.g., mood (Dutt & Wahl, 2017), age stereotypes (Eibach et al., 2010), and 

health (Kotter-Gruehn, Neupert, et al., 2015) as subjective age antecedents, a particular lack of 

clarity exists on work-related drivers of subjective age research. Thus, in the first paper of my 

dissertation (Study 1, Chapter 2), I contribute to the conceptual clarification of subjective age, 

answering the following open research question: What role does the multifaceted subjective age 

play in the organisational context, and which work-specific drivers trigger between- and 

within-person variability of subjective age in the course of one workweek?  

In the second paper, I examine the role of subjective age for team absenteeism (see 

Study 2, Chapter 3). Absenteeism is a highly important outcome for organisations, as the days 

that employees are absent from work are a relevant cost factor for companies (Greenwell, 2015). 
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In regard to the demographic change debate, organisational functionaries bring up concerns 

that, with chronological age, absenteeism rates also increase, resulting in higher costs caused 

by the outage and replacement of these human resources (Manyika et al., 2015; The Economist, 

2014). Although managers and practitioners share these concerns (Manyika et al., 2015; The 

Economist, 2014), research does not draw a conclusive picture about the direction and strength 

of the relationship (see, e.g., Johns & Al Hajj, 2016; Martocchio, 1989). Some studies support 

the stereotype postulating a positive relationship between chronological age and absenteeism 

(Badura et al., 2014; Frick & Malo, 2008). Others suggest even the opposite, showing that older 

workers are less absent from work (negative relationship; Kristensen et al., 2006; Nielsen, 

2008). Two meta-analyses try to understand the reason for such contradictory findings: 

Martocchio (1989) concludes that the discrepancy partially derives from which type of 

absenteeism is studied (short- versus long-term absenteeism), and Darr and Johns (2008) argue 

that the measurement of absenteeism (frequency versus time lost measure) plays an important 

role. In my second paper, I focus on short-term absenteeism, assessed with a time-lost measure. 

Although absenteeism and measurement type might partially explain the diverging findings, I 

expect that even if ruling out these aspects, the age/ absenteeism relationship is far more 

complex. Accordingly, researchers start to address this complexity considering absenteeism as 

a team-level phenomenon (Kristensen et al., 2006; Nielsen, 2008). They apply theories on 

absenteeism culture (Meyer, 2012; Reijenga, 2006) and contagion effects (Felps et al., 2009) to 

investigate team absenteeism effects. In line with these approaches, I take the team perspective 

on the age/short-term absenteeism relationship. Moreover, I integrate the absenteeism and the 

subjective age literature and investigate the moderating role of average team subjective age in 

the chronological age/short-term absenteeism relationship. In particular, I assume that 

chronological old teams only show higher absenteeism if the team feels old on average but not 

if the team feels young. Darr and Johns (2008) argue that absenteeism differs depending on the 

physical and psychological strains that employees face in their job. I additionally test if the job 
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type (white collar versus blue collar) of a team affects the proposed moderation effect of average 

subjective age on short-term absenteeism. I chose the differentiation between white and blue 

collar teams, as this is one of the most common job categorisation in regard to physical and 

psychological strains (e.g., Pousette & Hanse, 2002). White collar teams primarily experience 

psychological strains, while blue collar teams face mainly physical strains (Pousette & Hanse, 

2002). Overall, my second paper deals with the question: Which role does subjective age play 

in the chronological age/ absenteeism relationship in blue and white collar teams? Addressing 

this open research question and investigating the buffer potential of subjective age as a team 

construct for the absenteeism of blue and white collar teams, might offer interesting insights in 

regard to how subjective age can positively affect organisational success and sustainability. 

The third paper deals with the role of subjective age for employees’ retirement 

preference/ planning. In times of skill shortage and a lack of young professionals, companies 

rely on older employees’ expertise and workpower to ensure organisational productivity 

(Groemling, 2017a; OECD, 2016a). Thus, organisational functionaries are keen to keep their 

skilled workers as long as possible and avoid that older workers retire early. While politicians 

worldwide prolong official retirement age, companies provide incentives for employees who 

are willing to work after retirement (Ebbinghaus, 2006; International Labour Office, 2011). 

Despite these efforts, people on average still retire earlier than the official retirement age 

(OECD, 2016b). As a result, practitioners aim to understand why people want to retire and 

which factors drive when they want to retire. In the last decade, research has made increasing 

efforts to study the antecedents of retirement (see, e.g., Beehr, 1986; Topa, Moriano, Depolo, 

Alcover, & Morales, 2009). Several studies identify demographics (Beehr, 1986) family status 

(Calasanti, 1996; Wang, Henkens, & Van Solinge, 2011), health conditions (Bahrami, 2001; 

Negrini, 2007), financial status (e.g., salary; Kim & Feldman, 2000), and personality related 

(Taylor & Shore, 1995) and psychological aspects (Evans, Ekerdt, & Bosse, 1985; Taylor & 

Shore, 1995) as drivers of retirement preference/ planning. Additionally, several researchers 
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investigate work-related factors that affect employees’ retirement decisions, like work 

centrality (Adams & Beehr, 1998), job satisfaction, and commitment (Bidewell, Griffin, & 

Hesketh, 2006; Van Solinge & Henkens, 2007). Furthermore, negative work conditions seem 

to affect when employees want to retire, although measurements are diverse and not consistent 

(e.g., Dal Bianco, Trevisan, & Weber, 2015; Topa et al., 2009). For example, Topa et al. (2009) 

study negative work conditions, Lim and Feldman (2003) focus on quality of work time, and 

Bidewell et al. (2006) consider work tiredness as drivers of retirement. Work stress is hardly 

tested explicitly; Dal Bianco et al. (2015) include it in their study but measure work stress as 

the difference score between physical stress and rewards at work. One purpose of my third 

paper is to clarify the role of work stress for retirement preference/ planning. Therefore, I use 

simple, nevertheless common and valid work stress measures (Bono, Glomb, Shen, Kim, & 

Koch, 2013; Elo, Leppaenen, & Jahkola, 2003; Engstler et al., 2012). I assume that the 

experience of high work stress results in the preference or plan to retire earlier. Furthermore, I 

integrate the subjective age and the retirement research. Thereby, I apply the resource-based 

model of retirement (Wang, Henkens, et al., 2011) to explain the buffering effects of subjective 

age in the work stress/retirement preference an planning relationship. Following, in Paper 3, I 

address the question: How does subjective age affect the relationship between work stress and 

retirement preference/ planning? I investigate this open research question in two samples from 

the USA (N = 55) and Germany (N = 1,068) in order to increase external validity. In sum, in 

my third paper, I want to gain knowledge about the buffer effect of subjective age on individual 

retirement preference/ planning, and thereby contribute to the debate on early retirement 

prevention. 

Overall, the three papers of my dissertation build a basis to understand the nature and 

role of subjective age in the organisational context. With Paper 1, I aim to bring clarity to the 

concept of subjective age, studying its validity and stability (see Chapter 2). Furthermore, Paper 

1 offers first insights into how the work context can shape subjective age perceptions 



11 
 

(antecedents of subjective age). Thus, with my first paper, I set the basis for my further 

investigations on subjective age in organisations. Subsequently, I concentrate on potential 

subjective age effects (outcomes) in Paper 2 and Paper 3. While in Paper 2, I investigate the 

buffering role of subjective age for absenteeism at the team level, I extend my knowledge in 

Paper 3 to the individual level by studying the buffer role of subjective age for retirement 

preference/ planning. I believe that the identification of antecedents and outcomes of subjective 

age can contribute to a better understanding and broader perspective of aging effects in 

organisations. In the following chapters, I outline the main research aims of my three papers in 

more detail and review the state of literature regarding my research questions. 

 

1.2.2 Concept of Subjective Age and Its Stability: Paper 1 

The first conceptualisation of subjective age stems from the 1970s (see Kastenbaum et 

al., 1972) and consists of four dimensions or facets: the feel-age (i.e., how old a person feels), 

the look-age (i.e., how old a person thinks himself/herself to look), the do-age (i.e., to which 

age the person’s activities correspond to), and the interest-age (i.e., to which age the person’s 

interests correspond to). Although these four facets find broad conceptual support (see, e.g., 

Settersten & Mayer, 1997; Stephan et al., 2011) and are applied in several empirical 

investigations (Barak & Schiffman, 1981; Stephan et al., 2011; Wilkes, 1992), organisational 

researchers do not consider this multifaceted measure. They dominantly use the one-item 

measurement of subjective age that asks participants to indicate how old they feel, independent 

from their chronological age (e.g., Barnes-Farrell & Piotrowski, 1991; Kunze et al., 2015). This 

trend might result from practical considerations, i.e., survey length or ease of interpretation or 

from critics who contradict a four-facet conceptualisation (Teuscher, 2009). Research shows 

that subjective age varies over the life span and can therefore differ between age-group samples 

(e.g., gerontological sample versus work-age sample). Nevertheless, so far, no study tests this 

multifaceted structure with an employee sample. It is worth investigating the validity of the four 
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facets in a sample with a broader age range in an organisational context and not dominantly 

gerontological symptoms. Consequently, I integrate this aim in Study 1 (Paper 1) and test the 

validity of the four facets of subjective age in an employee sample. I outline more details on 

the procedure and results of this conceptual investigation in Paper 1 (see Study 1, Chapter 2). 

A second aim of my first study and paper refers to the stability of subjective age. In 

contrast with chronological age, subjective age is a subjective perception and, thus, not 

necessary an immutable construct. Moreover, several researchers postulate that subjective age 

fluctuates over time (Kotter-Gruehn, Neupert, et al., 2015; Montepare, 2009). Galambos et al. 

(2005) find that, in general, individuals feel younger than their chronological age, although this 

only accounts for individuals older than 26 years. The authors postulate a crossover effect for 

the difference between subjective age and chronological age (relative subjective age).2 The 

crossover effect means that, under 26, individuals tend to feel older, while individuals over 26 

feel younger than their chronological age (Galambos et al., 2005). Furthermore, Galambos and 

colleagues (2005) show that, from a chronological age of 26 on, the relative subjective age 

decreases with age, in the sense that the (chronologically) older individuals are, the lower their 

relative subjective age (increasing difference between subjective age and chronological age 

over time; also see Galambos, Kolaric, Sears, & Maggs, 1999; Galambos & Tilton-Weaver, 

2000). Montepare (2009) supports the idea of subjective age variability, arguing that distal (e.g., 

general health status) and proximal age makers (e.g., heart attack) affect subjective age 

perceptions in even shorter time periods. She assumes that beyond stable (distal) characteristics 

(e.g., chronical illnesses, marital status, general health condition), certain situational (proximal) 

cues influence how individuals evaluate their own subjective age (Montepare, 2009). 

Montepare (1996b) finds, for example, that individuals tend to indicate a higher relative 

                                                            
2 Relative subjective age is the mathematical difference score between subjective age and chronological age. It is 
an established method to interpret subjective age in relation to the chronological age and allows a more intuitive 
understanding of study results (Kotter-Gruehn, Neupert, et al., 2015). 
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subjective age the closer their birthday comes. Further studies show that it is possible to 

influence subjective age, e.g., Dutt and Wahl (2017) conclude that negative mood induction can 

increase individuals’ subjective age, and Eibach et al. (2010) indicate that priming with negative 

age stereotypes affect subjective age perceptions. A recent study shows that cognitive testing 

and feedback influences how old or young individuals feel (Geraci, De Forrest, Hughes, Saenz, 

& Tirso, 2018). Although, among others, these studies suggest that subjective age is not a stable 

construct, almost no longitudinal study looks at subjective age over time. One exception is the 

study by Kotter-Gruehn, Neupert, et al. (2015), which investigate the stability of subjective age 

in a sample of old and very old individuals (age range: 60 to 96 years). The authors show that 

relative subjective age is not stable and fluctuates on a daily basis. Nevertheless, no study 

investigates subjective age stability in the working context with a work-age sample.3 This lack 

of empirical investigation motivates me to take a deeper look at the stability of subjective age 

in the organisational context.  

This research purpose is affiliated to the question of which antecedents trigger 

subjective age fluctuations, i.e., what makes individuals feeling younger or older in certain 

situations. As previously mentioned, researchers outside the work context find that mood (Dutt 

& Wahl, 2017), negative age stereotypes (Kornadt & Rothermund, 2011), and negative 

performance feedback (Geraci et al., 2018) can influence subjective age perceptions. Kotter-

Gruehn, Neupert, et al. (2015) even show, with longitudinal data from inhabitants of a care 

home, that daily physical health induces day-to-day subjective age variations. Still, for 

organisational researchers and managers, it would be interesting, if beyond physical health, 

certain work-related aspects might affect employees’ subjective age. Identifying potential 

                                                            
3 In the process of my dissertation and after the finalisation of Paper 1, Armenta, Scheibe, Stroebe, Postmes, and 
Van Yperen (2018) published the article Dynamic, Not Stable: Daily Variations in Subjective Age Bias and Age 

Group Identification Predict Daily Well-Being in Older Workers, addressing a similar research purpose and 
method. Although my sample differs from the sample of Armenta et al. (2018), e.g., in terms of age range and 
nationality, the study designs show several parallels and suggest similar results. I will discuss differences and 
similarities in my overall conclusion in more detail (see Chapter 5).   
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work-related antecedents of subjective age could identify interesting adjustment screws to make 

employees feel younger and profit from positive subjective age effects at work (e.g., higher 

work motivation, Akkermans et al., 2016; increased organisational performance, Kunze et al., 

2015). As stress is one of the most frequent reasons for absenteeism (Hoel, Sparks, & Cooper, 

2001; Kocakulah, Kelley, Mitchell, & Ruggieri, 2016), and as Barnes-Farrell et al. (2002) show 

that subjective age is related to work stress, I consider work stress as a potential subjective age 

driver in organisations. Furthermore, research outside the organisational context show that the 

confrontation with negative/positive situations (e.g., negative mood, Dutt & Wahl, 2017; 

negative stereotypes, Eibach et al., 2010) make individuals feel older/younger. Thus, I 

investigate if negative or positive work events affect employees’ subjective age. Because I want 

test whether work stress and positive and negative work events drive fluctuations in employees’ 

subjective age, I examine a) why one employee feels older/younger than another employee 

(between-person antecedents) and b) why one employee feels older/younger on one day 

compared with another day (within-person antecedents). Thus, I use longitudinal daily-diary 

data to investigate between- and within-person drivers of subjective age in the work context.  

Overall, I address the uncertainties about the concept of subjective age, its stability and 

potential drivers in Paper 1 with the following research question: What role does the 

multifaceted subjective age play in the organisational context, and which work-specific drivers 

trigger between- and within-person variability of subjective age in the course of one workweek? 

 

1.2.3 Role of Subjective Age for Absenteeism - A Team Perspective: Paper 2 

Absenteeism is one of the most relevant variables for organisations; it is an important 

factor threatening efficient processes and causing significant costs in private and public 

organisations (Greenwell, 2015; Kocakulah et al., 2016). In many organisations, the increasing 

age of the workforce raises concerns and stereotypes that older employees have more health 

problems and thus might show more absenteeism than younger workers (Manyika et al., 2015; 
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The Economist, 2014). Nevertheless, not all research findings support these concerns; research 

has not produce consistent and clear results about the age/ absenteeism relationship over the 

decades (e.g., Darr & Johns, 2008; Harrison & Martocchio, 1998; Martocchio, 1989). 

Absenteeism literature includes studies showing a positive relationship between chronological 

age and absenteeism (the older the more absenteeism; Badura et al., 2014; Bierla et al., 2013). 

Other studies find a negative relationship (the older the less absenteeism; Johns & Al Hajj, 

2016; Kristensen et al., 2006; Nielsen, 2008), or even suggest that chronological age and 

absenteeism are not significantly related (Hackett, 1990). Even meta-analyses do not offer final 

clarity on the chronological age/ absenteeism relationship; they suggest that the type of 

absenteeism (e.g., in terms of short-term versus long-term absenteeism or frequency versus 

duration) should be considered to understand chronological age effects on absenteeism (e.g., 

Johns & Al Hajj, 2016; Martocchio, 1989). Thus, a group of researchers consider higher-level 

antecedents of absenteeism, considering that the team and organisational context can have a 

strong impact on absenteeism behaviour (see, e.g., Kristensen et al., 2006; Martocchio, 1994; 

Nicholson & Johns, 1985), which might explain the contradictory findings on the chronological 

age/ absenteeism relationship at the individual level. Arguing with contagion effects and the 

existence of absenteeism culture in teams, units, and organisations, a decent number of studies 

show that a common understanding about accepted absenteeism behaviour at a unit or team 

level drives absenteeism rates (Kristensen et al., 2006; Martocchio, 1994; Nicholson & Johns, 

1985; Reijenga, 2006). I assume that these team-related effects on employee’ absenteeism 

account more for short-term absenteeism (less than three days’ absenteeism) than for long-term 

absenteeism (three days or more, doctor certificate is needed; see, e.g., Hackett, 1990; 

Martocchio, 1989). Absenteeism researchers categorise long-term absenteeism as unavoidable, 

mostly health-related absenteeism, while they consider short-term absenteeism as avoidable 

absenteeism (Hackett, 1990; Johns & Al Hajj, 2016). Short-term absenteeism is assumed to lay 
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in employees’ control and is assumed to result from employees’ (lack of) motivation rather than 

from serious health reasons (Hackett, 1990; Johns & Al Hajj, 2016).  

Considering that chronological age is not a suitable predictor of absenteeism and that 

subjective age is related to employee’ motivation (Akkermans et al., 2016), I assume that 

subjective age as a team-level construct might help to understand the complex relationship 

between average chronological age and average short-term absenteeism. This is in line with 

Kunze et al. (2015) who show that subjective age at the organisational level affects 

organisational performance. Furthermore, Nielsen (2008) and Kristensen et al. (2006) argue 

that it is worth considering absenteeism at the unit level, and Frank (2012) postulates contagion 

effects on employee’ health at the team level (also see Reijenga, 2006).  

At the individual level, subjective age indicates better physical and psychological health, 

higher life-satisfaction and more openness toward new experience (Stephan et al., 2015b). At 

the team level, these aspects might create a common understanding that being old does not 

inevitably imply decline-oriented outcomes. Thus, even in a chronologically old team, no 

increased absenteeism should occur if the team on average has a low subjective age. The 

average subjective age might buffer negative chronological age effects and therefore can 

prevent high absenteeism even in chronologically older teams.  

A long history of organisational behaviour researchers identifies significant differences 

between physically (blue collar) and mentally (white collar) straining jobs, in respect to work 

motivation, health problems, and even absenteeism (see, e.g., Axelrod & Gavin, 1980; Myrtek, 

Fichtler, Strittmatter, & Bruegner, 1999; Schreurs, Van Emmerik, De Cuyper, Notelaers, & De 

Witte, 2011). I differentiate these two types of teams (blue collar versus white collar teams) in 

my research aim of Study 2. Particularly, I assume that the buffer mechanism of average 

subjective age on team absenteeism is stronger for white collar workers as they experience less 

actual physical strains, which might cause health issues, and they are more sensitive to 
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motivational and mental aspects in their jobs (e.g., Schreuder, Roelen, Koopmans, & Groothoff, 

2008; Schreurs et al., 2011).  

Overall, my second study tries to answer the following research question: Which role 

does subjective age play in the chronological age/ absenteeism relationship in blue and white 

collar teams? My results offer interesting potential to ensure a sustainable and active workforce 

even if the workforce is increasingly aging.  

   

1.2.4 Subjective Age and Retirement Preference/ Planning: Paper 3 

Companies and organisations worldwide compete for young skilled workers, along 

with, particularly, industrialised countries, which depend on highly skilled employees (e.g., 

engineers in Germany), and face the problems of workforce shrinkage and skill shortage 

(Bundesministerium des Inneren, 2011; OECD, 2017a; International Labour Office, 2011). 

Nevertheless, low birth rates since the 1970s result in the young generations entering the job 

market unable to compensate for the gap that a retiring generation (particularly the baby boomer 

generation, born between 1946 and 1964) create in the active workforce (Bundesministerium 

des Inneren, 2011; OECD, 2016a, 2017a; Poetzsch & Roessger, 2015). Consequently, 

companies are concerned about the loss of important experience, expertise, and work power 

that leave the job market with the retirees (Gruber & Wise, 2002; OECD, 2018a). This does not 

only concern companies and economists but also confronts politics and social systems with 

huge challenges: The demographic change and pay-as-you-go financed pension systems result 

in a decreasing overall workforce having to finance the pensions of an increasing number of 

retirees (Groemling, 2017a, 2017b; Bundesministerium für Arbeit und Soziales, 2011). While 

in most European countries nowadays about three employees (Germany: 2.9; Spain: 3.6; Italy: 

2.9; Greece: 3.2; Poland: 4.6) pay the pension of one retiree, the statistics portal Statista (2018) 

prospects that this number will decrease to about 1.5 employees in 2050 (Germany: 1.5; Spain: 

1.4; Italy: 1.5; Greece: 1.5; Poland: 1.8). At the same time, people in Europe on average retire 
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earlier than official retirement entry age, thus enhancing the problem of workforce shrinkage 

and pension system imbalance (OECD, 2017a, 2017c). This might partially result from past 

initiatives (in some countries) to foster early retirement in favour to solve the problem of youth 

unemployment (Ebbinghaus, 2006; International Labour Office, 2011). Nowadays, the societal 

interest turns opposite: Politics and managers see a rise of official retirement entry age as one 

potential solution to avoid the systematic loss of work power and expertise and to ensure a 

sustainable workforce (International Labour Office, 2011). Thus, they promote delayed 

retirement entry and offer more flexible employment options for old age, e.g., bridge 

employment (Ebbinghaus, 2006; International Labour Office, 2011; Bundesministerium für 

Arbeit und Soziales, 2011). The increasing societal attention to retirement issues also 

encourages the retirement research stream.  

Retirement research is divided into two main research streams (e.g., Beehr, 1986). While 

some researchers focus on the antecedents of retirement (e.g., Beehr, Jex, Stacy, & Murray, 

2000; Topa et al., 2009), others deal with the consequences or outcomes of retirement, so-called 

retirement adjustment (e.g., Gall, Evans, & Howard, 1997; Wang, Henkens, et al., 2011). The 

latter shows that the retirement entry is often perceived as a strong disruption in peoples’ life 

(Van Solinge & Henkens, 2008), which can have positive and negative effects on individual 

well-being and life satisfaction (Barron, Streib, & Suchman, 1952; Kim & Moen, 2001; Van 

Solinge & Henkens, 2008). Research shows that, among other variables, financial (see, e.g., 

Hobfoll, 2002; Kim & Feldman, 2000), physical (see, e.g., McArdle, Vasilaki, & Jackson, 

2002), cognitive (see, e.g., Park, 2000), social (see, e.g., Kim & Feldman, 2000), motivational 

(see, e.g., Bandura, 1997), and emotional aspects (see, e.g., Wang, Liao, Zhan, & Shi, 2011) 

affect retirement adjustment. Recently, Wang, Henkens, et al. (2011) postulate a dynamic 

resource-focused model, proposing that these variables are resources supporting successful 

retirement adjustment, preventing negative retirement, and enhancing positive outcomes 

(Wang, 2007; Wang, Henkens, et al., 2011).  



19 
 

Researchers focusing on retirement antecedents try to investigate which variables affect 

employees’ retirement preference/ planning (see, e.g., Topa et al., 2009). This might help to 

understand potential political and organisational intervention points to motivate employees to 

stay in the workforce and delay retirement. Retirement research identifies demographic (e.g., 

chronological age), personal (e.g., marital status; number of children, life satisfaction), health 

(e.g., physical health), or financial (e.g., salary, economic stress) variables (see, e.g., Kim & 

Feldman, 2000; Topa et al., 2009; Zhan, Wang, & Yao, 2013) affecting employees’ retirement 

preference/ planning. Furthermore, several organisational behaviour researchers study work-

related factors driving employees’ retirement preference/ planning (Bidewell et al., 2006; Dal 

Bianco et al., 2015; Topa et al., 2009). Additionally, they find that work strains, like high work 

stress, make individuals (wanting to) retire earlier (e.g., Dal Bianco et al., 2015). Organisational 

behaviour research shows that work stress increases employee’ withdrawal behaviour (Cohen-

Callow, Hopkins, & Kim, 2009) and that work strain is associated with early retirement (also 

see Siegrist, Wahrendorf, Von dem Knesebeck, Juerges, & Boersch-Supan, 2007). Although 

several studies investigate the relation between work stress and retirement preference/ planning, 

definitions and measures of work strain differ substantially (e.g., work time quality, Lim & 

Feldman, 2003; effort-reward stress measures, Siegrist et al., 2007). No study asks employees 

about their stress perception, a direct and subjective measure for work stress measure, which 

might therefore be a better indicator for individual retirement preference/ planning. A further 

limitation of retirement research is the lack of investigations on alternative age concepts, e.g., 

subjective age, which might offer an interesting perspective on retirement (Kooij et al., 2008; 

Kooij, de Lange, Jansen, & Dikkers, 2013). Although Akkermans et al. (2016) investigate 

future time perspective (FTP; perceived time until death; Lang & Carstensen, 2002) and not 

subjective age, their results show that FTP is related to work motivation and thus suggests that 

alternative self-reflections of age might relate to retirement preference/ planning. Thus, I want 

to integrate the subjective age literature with the retirement research and investigate the role of 
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subjective age for employees’ retirement preference/ planning. In line with Goecke and Kunze 

(2018), who show that subjective age at the team level can buffer negative age effects on 

absenteeism, I assume that subjective age functions as a buffer resource on retirement 

preference/ planning. Particularly, I postulate that subjective age moderates the relationship 

between work stress and retirement preference/ planning, in the sense that, even under high 

stress, employees do not retire earlier if they feel young. This is in line with research that shows 

a significant relationship between work stress and subjective age and the studies that 

empirically test the positive effects of subjective age in organisations (see, e.g., Barnes-Farrell 

& Piotrowski, 1991; Kunze et al., 2015). I address the above-mentioned research issues with 

the following research question: How does subjective age affect the relationship between work 

stress and retirement preference/ planning?  

In the third paper of my dissertation, I investigate this research question in two studies 

with two different samples. In both studies, I test a) if work stress affects when employees want 

to retire, and b) if subjective age can buffer negative effects of work stress on retirement 

preference/ planning. My results offer interesting insights into how the consideration of 

subjective age in the retirement discussion might enable public and private organisations to 

conserve skilled workers and their expertise and manage a shrinking workforce successfully to 

ensure organisational sustainability. 

  

1.3 Dissertation Outline 

My dissertation consists of three papers, investigating related but different aspects of 

the nature and role of subjective age in organisations. Thereby, my dissertation attempts to 

close some current research questions on subjective age, focusing on the organisational context. 

Figure 1.1 shows an overall concept of the antecedents and outcomes of subjective age, which 

thus far lacks a systematic investigation. Therefore, I aim to contribute to a better understanding 

on a) the concept of subjective age itself, b) potential antecedents of subjective age in the work 
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context, and c) potential outcomes of subjective age in organisations. Figure 1.1 illustrate how 

I address these points in my three papers.  

 

 

Figure 1.1 Overall dissertation outline and structure 

 

The first paper investigates my first research question on the basic concept of subjective 

age and its stability in organisations; further, it identifies potential antecedents in the work 

context, thus contributing to a better understanding of the subjective age construct itself. I 

explore the subjective age concept, its reliability and (discriminatory) validity. Furthermore, I 

apply growth curve modelling (Bryk & Raudenbush, 1992; Rabe-Hesketh & Skrondal, 2008) 

to test subjective age stability as well as between- and within-person drivers of subjective age 

in organisations (see Research Question 1, Chapter 2, Paper 1). Papers 2 and 3 consider the 

right-hand side of Figure 1.1 and try to answer Research Question 2 and 3, which focus on two 

crucial outcomes for organisational sustainability and success: absenteeism (Research Question 

2, Paper 2) and retirement preference/ planning (Research Question 3, Paper 3). In Paper 2, I 

investigate the interaction effect between team-level chronological and subjective age on team 

short-term absenteeism (Research Question 2) applying stepwise multiple regression analyses. 

The sample of Paper 2 involved 12,926 employee of a Swiss service company organised in 

1,015 teams from three divisions. Similar to Paper 2, Paper 3 requires an interaction regression 



22 
 

analysis; more specifically, I study the interaction between work stress and subjective age on 

retirement preference/ planning (Research Question 3) in two different samples. The first 

sample is a subsample from the Data Set 1 that I use in Paper 1 (MTurk sample), while I work 

with an open access data set from the federal DEAS (Deutscher Alterssurvey) project in 

Germany for my second sample (Data Set 3). In the following chapter, I present the three 

different data sets of my three papers in more detail. 

 

1.4 Data Sets and Study Designs 

Overall, my dissertation involves three data sets as the basis for my three papers. 

Nevertheless, the three data sets do not perfectly complement with the three papers. While I use 

the Data Set 1 for my first paper and Data Set 2 for my second paper, Paper 3 includes two 

related studies: One uses a subsample of Data Set 1, and the other one uses Data Set 3. All data 

sets differ significantly in terms of size and scope as well as in the frequency and period of 

measurement points. I outline the data assessment and structure of all data sets in the following 

chapters. 

 

1.4.1 Data Set 1: Studying Subjective Age with Amazon Mechanical Turk - A Daily-

Diary Study 

Data Set 1 serves as the basis for my first and my third papers. Nevertheless, both papers 

differ significantly in terms of scope and purpose; thus, I used only a very few overlapping 

variables for both studies (e.g., chronological age, gender, work stress). In the following, I 

outline the sampling process, study procedure and measurement times of Data Set 1.  

I designed Data Set 1 as a longitudinal study with daily-diary data using the platform 

Amazon Mechanical Turk (MTurk). Although the use of MTurk samples is controversial, it 

became an established recruiting platform for researchers in various fields, e.g., behavioural 

medicine, psychology and organisational behaviour (Berinsky, Huber, & Lenz, 2012; 
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Buhrmester, Kwang, & Gosling, 2011; Goodman, Cryder, & Cheema, 2013). Moreover, several 

researchers explicitly address the research concern about MTurk studies and study the quality 

of respective samples and results. Their findings show that MTurk studies are often even more 

representative than other online samples (Buhrmester et al., 2011; Paolacci, Chandler, & 

Ipeirotis, 2010) and offer reliable results comparable with those of tradition assessment methods 

(Goodman et al., 2013). Furthermore, the MTurk platform offers researchers the opportunity to 

collect a large amount of data in an efficient and cost-saving way (Buhrmester et al., 2011).  

My first study requires a sample that is homogenous in terms of participants’ location; 

the MTurk system offers the possibility to select only US citizens located in the USA. 

Furthermore, I select participants with an active employment status, a minimum of 30 hours per 

week, and a maximum of one-third of their working time in home office. These criteria are in 

line with those of other researchers (see, e.g., Barber & Jenkins, 2014) and ensure that 

participants spend a sufficient amount of time in a real work context. I use a pre-survey (Survey 

1)4 for this selection procedure. Out of the 460 participants who fill out the pre-survey, 221 

meet these criteria and receive a general survey (Survey 2), including several general questions 

on, e.g., participants demographics, living conditions, health aspects, work situation, subjective 

age. Those participants who complete this second survey (N = 209) receive approval to receive 

the daily surveys (Survey 3 to Survey 7) from Monday to Friday. The participation rates 

(Monday until Friday) range between from 146 (response rate: 66%) to 168 (response rate: 

74%) participants per day. I present the overall study design and data collection points in Figure 

2 in the first paper (see Chapter 2).  

The overall research design for the Data Set 1 and its complexity allows me to 

investigate two major research questions (Research Question 1, Research Question 3) in two 

different papers (Paper 1, Paper 3). In Paper 1 (Study 1), I aim to answer Research Question 1 

                                                            
4 For the development of all surveys, I use the survey platform questback. Participants access all surveys from 
the MTurk website, which redirect them to the questback platform. 
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and validate the multifaceted subjective age construct in a work-age sample. Furthermore, I 

analyse the stability of subjective age as well as its daily antecedents (see Chapter 2, Paper 1). 

This purpose requires a longitudinal study design with daily-diary data in order to observe day-

to day changes in subjective age and daily antecedents for each individual. In Paper 3 (Study 

3a), Data Set 1 offers the data structure to study the role of subjective age for retirement 

preference in a US workers’ sample with a time-lagged study design (Study 3a, Chapter 4, 

Paper 3). Paper 3 requires only parts of the overall data of Data Set 1, and I select only 

participants aged 40 and older (in line with Bourne, 1982; Warr, 2000).   

 

1.4.2 Data Set 2: Team-Level Subjective Age and Absenteeism in a Large Service 

Organisation 

Data Set 2 origins from three subdivisions of a large Swiss service company. I receive 

the data from an external service organisation that is responsible for the employee data security 

and management of the company. To protect employees’ data and anonymity, I receive all data 

at the team level only; this means that the individual team-member data are aggregated to the 

team level, resulting in team scores for each variable. Additionally, data protection regulation 

allows access to team data with data from seven or more data points only. Overall, I receive 

data from 12,926 employees in 1,015 teams. The teams work in three divisions, differing in 

terms of type and content of job: The first division primary fulfils sorting tasks; the second 

division hold a delivery function, while the third division works in the administration division. 

Following established job categorisations in organisational behaviour research, these types of 

jobs fall into two categories: blue collar jobs and white collar jobs (Pousette & Hanse, 2002). 

While blue collar jobs are physically demanding, often involving simple work and on average 

require lower educational status, white collar jobs often require more mental than physical work 

and imply primarily psychological strains (see, e.g., Myrtek et al., 1999; Schreuder et al., 2008). 

As this differentiation is relevant for my second research question, I refer to the three divisions 
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categorised in the two job types, blue collar (sorting, delivery) and white collar (administration), 

in the following. While my sample contains 955 blue collar teams, it includes only data from 

60 white collar teams. In Paper 2, I discuss the consequences of this imbalance and show that 

it does not affect the results (see Chapter 3). 

The overall data set stems from three different data sources: the company system, the 

annual employee’ survey, and an additional health survey. The data from the company system 

are objective data based on employee records. They include the teams’ average chronological 

age, the percentage of males and females on the team, the average team tenure, and the average 

absenteeism rates (short-term-, long-term-, general absenteeism). The data from the employee 

survey contain aggregated self-reports from each team member on, e.g., the work conditions, 

the attitudes toward the employer, and job satisfaction. The health survey also consists of 

aggregated self-reports, giving insight into, e.g., teams’ average subjective age and health. In 

order to analyse the data with a time-lagged study design, I request the data for all independent 

and control variables (e.g., average chronological age, average subjective age, average team 

size, etc.) from 2014 (T1), and the data for the dependent variable (average short-term 

absenteeism) from 2015 (T2). The three data sources as well as the time-lagged design of my 

data reduces the probability for same-source biases and increases the validity of my study 

results.  

I use Data Set 2 exclusively for Study 2, investigating the interaction effect of average 

chronological and subjective age on average short-term absenteeism. In other words, I am 

interested if teams with on average high chronological age show different average short-term 

absenteeism rates, depending on how old the team feels on average (average subjective age). 

Short-term absenteeism is defined (by the company) as absenteeism up to three days, which 

does not require a medical certificate, which is obligatory for long-term absenteeism (more than 

three days absenteeism). Thus, average short-term absenteeism indicates the average 
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percentage of hours that team members did not work because of the amount of short-term 

absenteeism during a period of 12 months.  

 

1.4.3 Data Set 3: Subjective Age and Retirement – Investigations from the Federal 

DEAS Project in Germany 

Data Set 3 offers data for the second study (and sample) of Paper 3. I include it in Paper 

3 to extend and complement the first study (and sample) of Paper 3. I see two major reasons to 

test the research question of Paper 3 with two different samples (Data Set 1, Data Set 3). First, 

the subsample of Data Set 1 is quite small and includes only 55 participants. Furthermore, Data 

Set 1 contains only US employees from an online MTurk sample. Thus, the scope of this data 

set is limited. Consequently, I add another sample to Paper 3 (Study 3b in Paper 3) and replicate 

Study 3a (Paper 3) with a larger, more representative sample. For this sample, I choose data 

from the DEAS (Deutscher Alterssurvey) project, an open-access German national database 

(year 2011).  

In general, DEAS is a cross-sectional and longitudinal project, funded by the German 

Federal Ministry for Family Affairs, Senior Citizens, Women and Youth (BMFSFJ) since 1996. 

It aims to capture a representative overview about various life domains of the older German 

population (40 years and older). Therefore, researchers from social and behavioural science 

study, e.g., participants’ living conditions, their family life, their health status, as well as their 

employment status, their work conditions, and attitudes toward current or future retirement. The 

applied research institute infas (German: Institut für angewandte Sozialwissenschaft GmbH; 

English: Institute for Applied Social Sciences) manages the data assessments and organisation, 

while the DZS (Deutsches Zentrum für Altersfragen; www.dza.de) regulates the open data 

access upon request.  

For my research purpose, I use data from 2011, gathered with face-to-face interviews 

and computer-assisted personal interviews (CAPIs) led by experienced interviewers. In line 
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with Study 3a of Paper 3 (MTurk), I select participants from the DEAS sample with an active 

employment status. As the DEAS sample only includes individuals aged 40 or older, I do not 

need to apply age restrictions. Thus, the second sample for Paper 3 includes 1,068 participants.5  

In contrast to Study 3a, I investigate when employees plan to retire (retirement planning) and 

not when they want to retire. Thus, in the DEAS sample, I test potential subjective age effects 

on retirement planning. Specifically, and in line with the MTurk study in Paper 3, I test the 

main effect of work stress on retirement planning as well as the interaction effect of work stress 

and subjective age on retirement planning. This enables me to understand if subjective age 

might buffer the negative effects of work stress on retirement planning.  

Overall, the additional Data Set 3 to Paper 3 strengthens the quality and scope of my 

results of Paper 3 and contributes to the debate among researchers and practitioners, i.e., how 

to avoid early retirement and motivate older employees to remain in the active workforce. 

 

1.5 Dissertation Chapter Structure 

I structure my dissertation in five chapters. Therefore, Chapter 1 and Chapter 5 build 

the frame for my three papers, which I present in Chapters 2, 3, and 4. I illustrate the chapter 

structure in Figure 1.2 and give a short summary of the chapters in the following paragraph. 

 

 

                                                            
5 As in Study 3a, I apply multiple imputation for missing values for all control variables with more that 10% 
missing data (Bennett, 2001). I repeat all analyses without imputed data and find no relevant differences in result 
trends.  
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Figure 1.2 Overall dissertation chapter structure 

 

Chapter 1: Introduction   

In the introduction, I outline the overall relevance of my dissertation topic, i.e., the 

nature and role of subjective age in organisations. Thereby, I discuss subjective age as an 

interesting perspective when facing the challenges of aging societies and organisations. 

Thereby, I present the current research state and develop my three research questions as the 
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basis for my three papers. Besides giving a brief overview about all three papers, I explain the 

three data sets and the study design as well as sampling and study procedures. Finally, the 

introduction gives an overview about the dissertation structure.  

Chapter 2: “How Old Do You Feel Today at Work?” - Work-Related Drivers of 

Subjective Age in the Workplace 

Chapter 2 presents the first paper of my dissertation, which deals with a general 

conceptual investigation of subjective age in the organisational context. Therefore, I use the 

longitudinal daily-diary data set (Data Set 1) and test a) the multifaceted subjective age measure 

with a work sample, b) the stability of subjective age in the course of a workweek, and c) work-

related antecedents of subjective age variability. In Chapter 2, I outline the theoretical basis for 

my research question, explain my methodological approach and results, and embed it in the 

current debate among researchers and practitioners. I sum up Paper 1 in a conclusion. 

Chapter 3: The Contextual Role of Subjective Age in the Chronological Age/ 

Absenteeism Relationship in Blue and White Collar Teams 

In my second paper, I test the interaction effect of chronological and subjective age on 

absenteeism at the team level (Data Set 2). Chapter 3 presents the theoretical frame that I 

postulate for the subjective age mechanism at the team level, and it offers detailed information 

about my sample. Furthermore, I explain the analysis methods I apply to investigate the 

interaction effect of team-level average chronological and subjective age on team absenteeism. 

Thereafter, I outline and illustrate my results and discuss potential theoretical and practical 

implications of my findings.  

Chapter 4: “Feeling Younger Makes You Work Longer” - How Subjective Age 

Moderates the Effect of Work Stress on Retirement Preference/ Planning 

Chapter 4 deals with the role of subjective age for individuals’ retirement preference/ 

planning. Therefore, I combine the subjective age literature and the retirement research to 

explain my theoretical approach for Paper 3. Paper 3 consists of two separate studies, including 
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a sample from Data Set 1 and a sample from Data Set 3. In Chapter 4, I first present the overall 

aim of my research question as well as my hypothesis for Paper 3. Thereafter, I outline how I 

tested my research question with Data Set 1 (Study 3a, Paper 3), and explain and discuss my 

results. In the next step, I replicated Study 3a with Study 3b (Data Set 3) and discuss the results 

for Study 3b separately. In a final step, I integrate and discuss the results of both studies (Study 

3a, Study 3b, Paper 3) and consider potential implications for research and practice.  

Chapter 5: Conclusion 

In Chapter 5, I integrate the results of all three papers and discuss how they contribute 

to clarify the nature and role of subjective age in organisations. Furthermore, I reflect the 

meaning of my overall research question for the research and public debate on the demographic 

change in organisations. I also draw conclusive thoughts on potential intervention strategies for 

a successful management of an aging workforce.  
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2 Paper 1 - “How Old Do You Feel Today at Work?”: Work-Related 

Drivers of Subjective Age in the Workplace6 

 

2.1 Introduction 

“I’m never going to grow up. Staying young is what it is all about for me.” (Hefner, 

2017). As presented in sentiments like in this citation from Hugh Hefner (2017), subjective age 

concepts garner increasing attention both in the public and in academic debates on the 

consequences of increasingly aging societies in most western countries. Subjective age refers 

to a person’s perception about his or her own age (Montepare, 2009) and is, according to 

Kastenbaum et al. (1972), a multidimensional or multifaceted construct that includes four 

facets: feel-age, look-age, do-age, and interest-age. In recent decades researchers from various 

fields, like gerontology (Diehl et al., 2014), social and developmental psychology (Barak, 

2009), and organisational research (Barnes-Farrell et al., 2002), identify several positive effects 

of feeling younger and negative effects of feeling older than one’s chronological age.7 Empirical 

research shows that subjective age correlates for example, to better physical (Caudroit, Stephan, 

Chalabaev, & Le Scanff, 2012) and mental functioning (Keyes & Westerhof, 2012), and even 

predicts longevity (Westerhof et al., 2014). Particularly in the work context, it relates to 

variables important for organisational sustainability and success, such as stress- and strain-

perception at work (Barnes-Farrell & Piotrowski, 1991; Barnes-Farrell et al., 2002), work 

motivation (Akkermans et al., 2016), and even higher performance at the organisational level 

                                                            
6 I wrote this paper as single-author. 
7 Most studies on subjective age confirm the trend that people, on average, feel younger than their chronological 
age, a trend that accelerates with increasing chronological age (e.g., Dutt & Wahl, 2017; Kotter-Gruehn, 
Neupert, et al., 2015; Stephan et al., 2014). Nevertheless, studies including younger participants (e.g., 17-29 
years, Galambos et al., 2005; 14-83 years, Montepare & Lachman, 1989; 25-74 years, Schafer & Schippee, 
2010) show that young people often feel older than their chronological age. Thus, feeling older is quite common 
among young individuals (younger than 26 years), but rare among older individuals (older than 26 years, 
Galambos et al., 2005). However, even in older samples some individuals show high relative subjective age, i.e., 
feel older than their chronological age (e.g., Schafer & Schippee, 2010; Stephan, Sutin, & Terracciano, 2016). 
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(Kunze et al., 2015). Akkermans et al. (2016) find that when including subjective age in the 

equation, chronological age effects vanish, i.e., they no longer predict work motivation. These 

findings indicate that, beyond chronological age, subjective age is a relevant concept to predict 

health-, motivation-, and performance-related outcomes in the organisational context 

(Akkermans et al., 2016; Kunze et al., 2015). Furthermore, subjective age - in contrast to 

chronological age - is a potential malleable factor and might therefore, be proactively modified 

by organisational interventions. Hence, it seems worthwhile to identify work-related drivers of 

subjective age with the purpose of tailoring organisational interventions and strategies to alter 

employees’ subjective age perceptions, which will help organisations sustain a healthy, 

motivated, and productive aging workforce. So far, to my knowledge, no study has investigated 

work-specific drivers of subjective age, as subjective age studies considering labour force 

samples (aged 15 to 64; OECD, 2018b) are still scarce. With this paper, I address several 

limitations of current subjective age studies and contribute to filling three crucial gaps in 

subjective age research in the work and organisational context. 

First, present research lacks a consistent conceptualisation and measurement of 

subjective age (Kotter-Gruehn, Kornadt, et al., 2015). Several researchers agree on a 

multifaceted conceptualisation of subjective age (Kotter-Gruehn, Kornadt, et al., 2015; 

Settersten & Mayer, 1997), including four facets: the feel-age (i.e., how old a person feels, 

independent from the chronological age) the look-age (i.e., how old a person thinks themself to 

look), the do-age (i.e., to which age the person’s activities correspond to), and the interest-age 

(i.e., to which age the person’s interests correspond to). Nevertheless, most studies, particularly 

in the organisational context, apply unidimensional one-item measurements (e.g., “Independent 

from your chronological age, how old do you feel?”; see Barnes-Farrell & Piotrowski, 1991; 

Kunze et al., 2015). I assume that a multifaceted approach is suitable particularly in the 

organisational context, as, more than employees’ feelings (feel-age), behavioural (do-age) and 

attitudinal (interest age) characteristics play an important role in employee’ performance. 
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Additionally, outer appearance (look-age) is very relevant in competitive and professional 

interactions. Thus, I argue that a multifaceted perspective on subjective age is a promising and 

meaningful conceptualisation of subjective age in a complex context like the workplace. In the 

pursuit of such multifaceted analysis in the organisational research, I validate the four-item 

measure (feel-age, look-age, do-age, interest-age) with an employee sample. I apply the 

adaption approach of Kotter-Gruehn, Neupert, et al. (2015) to adjust the four items of 

Kastenbaum et al. (1972), in order to frame the subjective age items to the daily level. I build 

relative subjective age scores for all four facets (difference score between each subjective age 

facet and chronological age)8 for my analyses to facilitate an intuitive and understandable 

interpretation of results (following the recommendations of e.g., Barnes-Farrell & Piotrowski, 

1991; Kotter-Gruehn, Neupert, et al., 2015; Kunze et al., 2015).  

Second, most researchers treat subjective age as a stable personal characteristic (e.g., 

Barak & Stern, 1986) although no empirical investigation proves that subjective age is a stable 

construct over time. I address this limitation by studying the fluctuation of subjective age 

(repeated daily measurement, indicating whether employees feel old or young on each specific 

day) in the course of a workweek. I furthermore offer a theoretical explanation for subjective 

age variability, building on identity theory (IT, Stryker & Burke, 2000) and social identity 

theory (SIT, Tajfel & Turner, 1986). Both theories postulate that one’s identity and self-

perception is a variable concept (e.g., subjective age perceptions) since self-perceptions depend 

on the salience and relevance of an identity or role (e.g., chronological age) in a certain context 

or situation (Stets & Burke, 2000; Tajfel & Turner, 1986). Initial empirical studies find that 

subjective age perceptions are mutable (Dutt & Wahl, 2017; Eibach et al., 2010) and display 

significant variability in the course of a single week (Kotter-Gruehn, Neupert, et al., 2015). A 

                                                            
8 Negative values (low relative subjective age) indicate the number of years that a person feels younger than the 
chronological age, while positive values indicate the number of years that a person feels older than the 
chronological age.  
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majority of these studies dealt with gerontological samples that are either small or consist of 

old participants (65 years or older), or both (Dutt & Wahl, 2017; Kotter-Gruehn, Neupert, et 

al., 2015). Thus, it remains unclear how subjective age varies in younger samples (i.e., 

employee samples) within a workweek. I address this limitation with a longitudinal daily-diary 

investigation of subjective age in the course of one full workweek among US employees.  

Third, no study so far has investigated work-related antecedents of subjective age. Even 

research on general subjective age antecedents is scarce and shows several methodological 

limitations, such as cross-sectional study designs. Montepare’s (2009) theoretical framework 

proposes that both distal reference points (internal development concepts) and proximal 

reference points (direct physical, mental, or social markers) influence subjective age 

perceptions. Additionally, Diehl et al. (2014) postulate that distal and proximal cues (traits, 

conditions, states, events) increase age awareness and thereby affect age-related self-

perceptions and behaviour (see Diehl & Wahl, 2010). Empirical findings indicate that, e.g., 

being male (Barak & Stern, 1986; Sato, Shimonaka, Nakazato, & Kawaai, 1997), being married 

(Barak & Stern, 1986), or having disabilities (Galambos, Darrah, & Magill-Evans, 2007) leads 

to higher subjective age. Beyond these stable characteristics, empirical studies show that 

subjective age perceptions are modifiable even on a short-term basis, e.g., through negative age 

stereotypes (Hess, Auman, Colombe, & Rahhal, 2003; Kotter-Gruehn & Hess, 2012), mood 

induction (Dutt & Wahl, 2017), or negative performance feedback (visual disfluency; Eibach 

et al., 2010). Kotter-Gruehn, Neupert, et al. (2015) find that physical health serves as a day-to-

day predictor of subjective age and explains subjective age variability within a week. No study, 

however, investigates why employees feel younger or older on one day compared to another 

day. My aim is therefore to understand the work-related antecedents of daily subjective age, 

applying the mechanisms of SIT (Tajfel & Turner, 1986) and IT (Stryker & Burke, 2000). In 

particular, I inspect the effects of work conditions and events on daily subjective age 

perceptions to explain between- and within-person variance in daily subjective age in the course 
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of a workweek. I assume that positive and negative events as well as work stress trigger positive 

or negative feelings and thereby affect (increase/decrease) employees’ daily subjective age. 

I use daily-diary data with five measurement points from Monday to Friday to 

supplement the aforementioned research limitations with my three contributions. I try to answer 

the following overall research question: What role does the multifaceted subjective age play in 

the organisational context, and which work-specific drivers trigger between- and within-person 

variability of subjective age in the course of one workweek? Answering this question might 

help to clarify the inconsistencies in the research field of subjective age in the workplace. 

Furthermore, it might offer a solid empirical basis for future research and practical applications 

of the subjective age construct.  

 

2.2 Theoretical Outline 

For decades, researchers on the subject of aging have sought to understand the role of 

subjective age in a successful aging experience (Baltes & Baltes, 1990). Nevertheless, several 

conceptual aspects of subjective age remain unclear because the present state of the research 

suffers from several methodological and theoretical limitations (Kotter-Gruehn, Kornadt, et al., 

2015). In the following paragraphs, I outline the hypotheses I test with the aim to overcome 

these limitations. 

 

2.2.1 Multifaceted Subjective Age  

In the 1970s, Kastenbaum et al. (1972) developed one of the first conceptualisations of 

subjective age, proposing four dimensions or facets: the feel-age (i.e., how old a person feels 

independent from the chronological age), the look-age (i.e., how old a person thinks to looks 

like), the do-age (i.e., to which age the person’s activities correspond to), and the interest-age 

(i.e., to which age the person’s interests correspond to). Although gerontological studies support 

the idea that subjective age is a construct with multiple facets (Kotter-Gruehn, Neupert, et al., 
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2015; Settersten & Mayer, 1997), several researchers demonstrate that the for facets load on 

one common factor and thus argue to compose these facets to one overall subjective age score 

(Stephan et al., 2011; Teuscher, 2009). Thus, the four dimensions (or facets) of subjective age 

named by Kastenbaum et al. (1972; feel-age, look-age, do-age, interest-age) are usually 

translated into one overall subjective age score in gerontological studies (e.g., Stephan et al., 

2011; Teuscher, 2009). In order to simplify measurement, organisational researchers renounce 

the four facets and apply a simple one-item measurement of subjective age, asking participants 

to indicate how old they feel, independent from their chronological age (see, e.g., Barnes-Farrell 

& Piotrowski, 1989; Kunze et al., 2015). This measure is complementary to the feel-age 

proposed by Kastenbaum et al. (1972). Nevertheless, in line with Kotter-Gruehn, Kornadt, et 

al. (2015), I see the worth to consider all four facets of subjective age in the organisational 

context, as beyond the feel-age, also behavioural facets (do-age), attitudinal facets (interest age) 

and aspects of social appearance (look age) might play an interesting role for employees’ 

perceptions and performance. Thereby I reply to the call of Kotter-Gruehn, Kornadt, et al. 

(2015) to inspect the reliability and validity of the four subjective age facets. For my study, I 

adapt the four facets of Kastenbaum et al., (1972) in line with the adaption approach of Kotter-

Gruehn, Neupert, et al. (2015) by framing the items to the daily level (e.g., feel-age: “Today, I 

feel as though I am .... years old.”; look-age: “Today, I look as though I am .... years old.”). 

Furthermore, in line with further subjective age studies (e.g., Stephan et al., 2011; Teuscher, 

2009), I build a relative subjective age score for each of the four facets (difference between 

each subjective age facet and chronological age). The relative subjective age facilitates the 

understanding and interpretation of results (Kotter-Gruehn, Neupert, et al., 2015; Kunze et al., 

2015). As no study tested if the composed relative subjective age score (with four facets) is also 

an appropriate measure in a worker sample, I investigate the reliability and validity of this 

relative subjective age concept in a sample of 168 employees. To that end, I put the following 

hypothesis:  
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Hypothesis 1: Relative subjective age is construct with four facets, which shows 

sufficient reliability and validity in a worker sample.  

 

2.2.2 Stability of Relative Subjective Age over the Course of a Workweek  

Most existing research treats subjective age as a relatively stable personal characteristic 

(for a review on the subjective age concept, see Kotter-Gruehn, Kornadt, et al., 2015). 

Nevertheless, identity theory (IT, Stryker & Burke, 2000) and social identity theory (SIT, Tajfel 

& Turner, 1986) assume that one’s identity and self-perception is a variable concept (Stets & 

Burke, 2000; Tajfel & Turner, 1986). Both theories postulate assumptions about a person’s 

reflection of the self, embedded in a social context and in interaction with their environment: A 

persons’ identity has multiple aspects and every person holds several different identities (Stets 

& Burke, 2000; Tajfel & Turner, 1986). Whether and to what extent an individual manifests 

one identity or the other depends on the salience and relevance of a certain group-identity (SIT, 

Tajfel & Turner, 1986) or role-identity (IT, Stryker & Burke, 2000) in a specific situation 

(Brenner, Serpe, & Stryker, 2014; Stets & Burke, 2000). Accordingly, I assume that the self-

perception of one’s age (so called age-identity) varies with the salience and relevance of age in 

different situations and settings (Brenner et al., 2014). For example, a person might feel older 

after paying the senior price to enter a museum, a situation in which age becomes a salient 

category. In line with this idea, Diehl et al. (2014) develop the theoretical concept of age 

awareness assuming subjective age perceptions vary with the relevance of age in a given 

situation or context. Initial empirical evidence supports this idea, showing that confronting 

individuals with age-related information influences their subjective age perceptions (Eibach et 

al., 2010; Hess et al., 2003). Furthermore, Montepare (1996b) find that, the closer the birthday, 

the older individuals feel. Still, explicit empirical investigations on the variability of subjective 

age are very limited. One exception is the study by Kotter-Gruehn, Neupert, et al. (2015), who 

observe daily relative subjective age fluctuations in a day-care context with very old individuals 
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(Kotter-Gruehn, Neupert, et al., 2015). Their findings suggest that daily relative subjective age 

is not a stable concept and varies on a daily basis (Kotter-Gruehn, Neupert, et al., 2015). Despite 

these preliminary results for samples of advanced-age subject, no extant research investigates 

the stability of (relative) subjective age perceptions of employees. The workplace is a highly 

dynamic setting; it confronts employees with a variety of stressors as well as positive and 

negative situations and interactions. I assume that, particularly under such diverse influences, 

daily (relative) subjective age might vary within a workweek. I outline the theory and more 

details of these influences in the next paragraph. Regarding the stability of relative subjective 

age, I propose the following hypothesis:   

Hypothesis 2: Individuals’ daily relative subjective age shows significant within-person 

variability in the course of a workweek.    

 

Accepting that relative subjective age varies on a short-term and even daily basis, raises 

a question about triggers of daily relative subjective age fluctuations, i.e., which cues make 

individuals feel younger or older than others do and which daily conditions or situations affect 

daily relative subjective age variability. In line with identity theory (Stryker & Burke, 2000) 

and social identity theory (SIT, Tajfel & Turner, 1986), empirical studies support Montepare’s 

(2009) theoretical framework demonstrating that distal reference points, e.g., being male (Barak 

& Stern, 1986; Sato et al., 1997), being married (Barak & Stern, 1986), or having disabilities 

(Galambos et al., 2007) affect relative subjective age perceptions (i.e., lead to higher relative 

subjective age). These variables refer to between-person drivers of relative subjective age, 

indicating why some individuals feel older or younger than others do (e.g., feeling older because 

already having grandchildren or feeling younger because being in good health). Furthermore, 

studies find that situational and daily characteristics (Kotter-Gruehn & Hess, 2012; Kotter-

Gruehn, Neupert, et al., 2015), so called proximal reference points, modify relative subjective 

age perceptions on a short-term basis and refer to within-person relative subjective age 
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fluctuations. For example, findings suggest that confrontation with negative stereotypes (Hess 

et al., 2003; Eibach et al., 2010) or negative performance feedback (visual disfluency, Eibach 

et al., 2010), as well as the induction of negative mood (Dutt & Wahl, 2017), affect relative 

subjective age perceptions. Kotter-Gruehn, Neupert, et al. (2015) show that physical health 

serves as within-person predictor of daily relative subjective age and explains the daily 

variability of relative subjective age within a week. So far, no study has tried to identify 

between- or within-person, work-specific predictors of (daily) relative subjective age. Cross-

sectional findings state that relative subjective age is related to stress and strain perception at 

work (Barnes-Farrell & Piotrowski, 1991; Barnes-Farrell et al., 2002), to employee’ work 

motivation (Akkermans et al., 2016), and to higher organisational performance at the 

organisational level (Kunze et al., 2015). These cross-sectional studies do not offer insights into 

the direction of influence because they do not investigate whether work-specific characteristics 

serve as relative subjective age predictors or outcomes. Consequently, I investigate between- 

and within-person predictors of (daily) relative subjective age with a longitudinal daily-diary 

study in order to understand why employees feel younger or older than other employees do 

(between-person) and why employees feel younger or older on one day compared to another 

(within-person). Below, I present my hypothesis about three potential work-specific predictors, 

which I assume to affect employees’ (daily) relative subjective age perceptions: (daily) work 

stress, (daily) positive and negative work events. 

Stress is one of the most studied variables affecting employees’ health and performance 

in the work context (e.g., Demerouti, Bakker, Nachreiner, & Schaufeli, 2001; Nixon, Mazzola, 

Bauer, Krueger, & Spector, 2011). Previous research consistently demonstrates the negative 

consequences of stress at work (e.g., Johnstone & Feeney, 2015), and stress is well known to 

accelerate the aging processes (Sapolsky, Krey, & McEwen, 1986). Based on the principles of 

IT (Stryker & Burke, 2000) and SIT (Tajfel & Turner, 1986), I assume that an increasing level 

of work stress raises the relevance and salience of age-related cognitions (Brenner et al., 2014), 
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and thus leads to higher relative subjective age perceptions. Barnes-Farrell et al. (2002) support 

this assumption, showing that work stress correlates to higher relative subjective age 

perceptions (see also Foster, Hagan, & Brooks-Gunn, 2008; Schafer & Shippee, 2010). 

Nevertheless, these studies are limited to their cross-sectional design and are neither able to 

identify causality nor within-person effects of relative subjective age. Because work is one of 

the major source of stress in the work-age population (Sonnentag & Frese, 2013), and because 

stressors change and accumulate day-to-day, I assume that (daily) work stress serves as both a 

between- and a within-person predictor of (daily) relative subjective age. In line with identity 

relevance and salience (Brenner et al., 2014), I predict that individuals who experience a higher 

level of stress at work feel older than individuals with lower stress-levels do (between-person 

variability). Furthermore, I assume that a person feels older on days with higher stress levels, 

and feels younger when experiencing less stress (within-person variability). Consequently, I 

propose the following hypotheses: 

Hypothesis 3a: Daily work-stress perceptions account for between-person variability 

in daily relative subjective age in the course of a workweek.  

Hypothesis 3b: Individuals’ daily work-stress perceptions account for within-person 

short-term variability in daily relative subjective age in the course of a workweek.  

 

The workplace is a dynamic setting, confronting employees with a variety of positive 

and negative situations, e.g., the receipt of good feedback from their supervisor (positive work 

event) or an interpersonal conflict with a colleague (negative work event). According to IT 

(Stryker & Burke, 2000) and SIT (Tajfel & Turner, 1986), positive and negative events increase 

the salience of positive/negative information and emotions, thus causing, e.g., positive/negative 

self-evaluations (Brenner et al., 2014; see Gable & Reis, 2010). In alignment with the arguments 

of Dutt and Wahl (2017), positive/negative emotions affect individuals’ relative subjective age. 

The authors find that the experience of negative emotions increases individuals’ relative 
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subjective age, both within- and between-person (Dutt & Wahl, 2017). Therefore, I arrive at 

the following hypotheses:   

Hypothesis 4a: Daily positive work events account for between-person variability in 

(daily) relative subjective age and lead to lower (daily) relative subjective age 

perceptions. 

Hypothesis 4b: Daily positive work events account for within-person short-term 

variability in (daily) relative subjective age in the course of a workweek and lead to 

lower (daily) relative subjective age perceptions. 

Hypothesis 5a: Daily negative work events account for between-person variability in 

(daily) relative subjective age and lead to higher (daily) relative subjective age 

perceptions. 

Hypothesis 5b: Daily negative work events account for within-person short-term 

variability in (daily) relative subjective age in the course of a workweek and lead to 

higher (daily) relative subjective age perceptions. 

 

2.3 Methods 

2.3.1 Sample and Procedure 

I recruited my US online sample from the platform Amazon Mechanical Turk (MTurk) 

in seven waves over a period of two weeks. I ran seven survey waves on this platform, including 

one pre-survey and one general survey, followed by five surveys from Monday to Friday.   

In the first pre-survey wave (N = 460), I selected participants according to my selection 

criteria: Employees should be employed with a minimum of 30 hours per week (see, e.g., Barber 

& Jenkins, 2014) and work a maximum of one-third of their working hours from home. 

Individuals who met these criteria (N = 221) received my second survey (general survey), 

consisting of several general measures (demographics, employment situation, subjective health 

and well-being, etc.). Two hundred nine individuals fully completed this survey and therefore 
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got access to the subsequent daily surveys from Monday to Friday designed to capture 

employees’ evaluations of their workday as well as several subjective health- and well-being 

measures, including daily relative subjective age measures. I opened the daily surveys from 

5pm EST until 6am EST the next day to ensure that individuals reflect on their workday and 

offer a certain amount of time flexibility for the participants. I sent out daily reminders and 

rewarded participants on a daily basis. Participants accessed all surveys from the MTurk 

website, which redirected them to the survey platform questback. Participants received 0.50 

USD for participating in the pre-survey, 2.00 USD for the general second survey and 1.00 USD 

for each completed daily survey. In order to motivate participants to complete all surveys and 

reduce the dropout, I comply with the common practice in MTurk studies to reward reliable 

participation (Boynton & Richman, 2014; Paolacci et al., 2010) and offered a 2.00 USD bonus 

when participants completed all surveys. From Monday until Friday, the sample size ranged 

from 146 (response rate: 66%) to 168 (response rate: 74%) participants per day. Overall, 

participants could gain a maximum of 9.50 USD for full participation. I present the overall 

study design and data collection points in Figure 2. 

Following the recommendations of Ployhart and Vandenberg (2010), I excluded all 

participants that completed less than three daily surveys, resulting in a final sample size of 168 

(76%). One hundred nine individuals (49%) participated in all surveys. The final sample (N = 

168) consisted of 54.5% male participants with an average age of 38.85 years (SD = 10.89). 

The sample included 83.2% Caucasian American, 6.0% Asian/Pacific American, 5.4% Black 

or African American, and 2.4% Hispanic or Latino. One-point-two percent held a doctoral 

degree, 18.6% a Master’s degree, and 42.5% a Bachelor’s degree. Six percent held a technical 

degree, 15.6% attended some college, 10.8% finished high school and 4.8% took some graduate 

courses. As to the employment structure, 59.3% worked in the private sector while 39.5% 

worked in the public sector, and 1.2% worked in multiple organisations.  
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Figure 2 Study design and data collection points 

 

2.3.2 Measures 

For my study, I used data from the five daily surveys9 from Monday to Friday (see 

Figure 2) as well as gender and chronological age information from the general survey. In the 

analysis of daily relative subjective age stability (Hypothesis 2), I used time (linear and 

quadratic term) and the dependent variable relative subjective age. For the identification of 

potential drivers of daily relative subjective age, I investigated daily work stress (Hypothesis 

3a, Hypothesis 3b), daily positive work events (Hypothesis 4a, Hypothesis 4b), and daily 

negative work events (Hypothesis 5a, Hypothesis 5b), including the eight control variables 

(chronological age, gender, daily subjective physical and mental health, daily pain, daily 

positive and negative affect, daily life satisfaction). I list all variables including controls in 

Table 2.1. Because I was interested in the daily fluctuations of relative subjective age and 

potential daily predictors, I framed all measurements as day-specific items, in case they were 

not daily measures by origin. For example, I adapted the original feel-age item of Kastenbaum 

et al. (1972) to “Today, I feel as though I am .... years old.” (for similar adaption method, see 

Kotter-Gruehn, Neupert, et al., 2015). Since Gable and Reis (2010) suggest that daily 

assessments should not exceed five to seven minutes in total, I followed the recommendations 

                                                            
9 For the construct analysis (Hypothesis 1), I tested relative subjective age construct validity for each day 
separately. As I found no significant differences, I present only Monday survey analysis. For the analyses of 
relative subjective age stability (Hypothesis 2) and potential work-specific predictors (Hypothesis 3a, Hypothesis 
3b, Hypothesis 4a, Hypothesis 4b, Hypothesis 5a, Hypothesis 5b), I included variables from all five days. 
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of Ohly and Schmitt (2015) and for some of the variables I chose single-item or reduced-item 

measures, which origin from established scales and find application in other studies. I 

summarise all measures of this study in Appendix A.  

Core Variables 

Daily Relative Subjective Age. I measured daily subjective age by adapting the 

multidimensional or multifaceted measurement from Kastenbaum et al. (1972; for similar 

adaption method, see Kotter-Gruehn, Neupert, et al., 2015). The four-item measurement 

represents four facets of subjective age: the feel-age (“Today, I feel as though I am .... years 

old.”), the look-age (“Today, I look as though I am .... years old.”), the do-age (“Today, I do 

most things as though I were .... years old.”), and the interest age (“Today, my interests are 

mostly those of a person that is .... years old.”). From of the four items, I constructed one overall 

daily relative subjective age score (difference between each daily relative subjective age item 

and chronological age) in line with Teuscher (2009; also see Stephan et al., 2011).10 The 

reliability values for the daily relative subjective age measurement from Monday to Friday 

ranged between α = .83 and α = .88.  

Time. Time represents the five assessment points from Monday to Friday. Following 

the recommendation of Kotter-Gruehn, Neupert, et al. (2015), I assigned the numbers 0 to 4 to 

the five measurement times to reflect the time order of the survey assessments with the first 

survey as zero point.  

Work-specific Variables 

Daily Work Stress. I asked participants to rate their daily stress at work according to the 

following statement: “My past work day had been stressful.” (1 = “Strongly disagree” to 5 = 

“Strongly agree”; Bono et al., 2013). 

                                                            
10 Negative values (low daily relative subjective age) indicate the number of years that a person feels younger 
than the chronological age at a specific day, while positive values indicate the number of years that a person 
feels older than the chronological age at a specific day. 
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Daily Positive Work Events. I measured daily positive and negative events at work 

according to Bono et al. (2013) by asking participants, “How often did the following 

events/situations occur during your past work day?” (1 = “Did not occur” to 4 = “Occurred a 

lot”). Daily positive events at work consisted of five items, for example: “Did you accomplish 

what you hoped to?” Cronbach’s alphas ranged between α = .69 and α = .78 (Monday to Friday).  

Daily Negative Work Events. I asked participants how often a certain event occurred 

during the past workday to measure daily negative events at work (1= “Did not occur” to 4= 

“Occurred a lot”; Bono et al. (2013). The daily negative work events scale consisted of four 

items (Cronbach’s alphas between α = .72 and α = .89); an example item asked, “Did you 

receive information that negatively affected your work schedule, duties or pay?”. 

Controls  

Because several researchers find different effects of (relative) subjective age for young 

and old individuals (Galambos et al., 2005), I asked employees to report their chronological 

age with their exact date of birth. I then translated this information in years (numbers with two 

decimal places). Women and men significantly differ in (relative) subjective age perceptions 

based on their social roles (Barrett, 2005; Sato et al., 1997). Therefore, I controlled for gender 

when testing for Hypotheses 3a to 5b. Gender was a dummy variable: Employees indicated if 

they were male (0) or female (1). For the investigation of the work-specific predictors 

(Hypothesis 3a, Hypothesis 3b, Hypothesis 4a, Hypothesis 4b, Hypothesis 5a, Hypothesis 5b), 

chronological age, gender, daily subjective physical and mental health, daily pain, daily 

positive affect, daily negative affect, and daily life satisfaction served as control variables 

because I want to show the effects of work-specific predictors beyond health- and affect-related 

variables.  

Daily Subjective Physical Health. To measure employees’ daily subjective physical 

health, I adapted the one-item general self-rated health (GSRH) measurement (DeSalvo et al., 
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2006). Participants rated the question, “Today, would you say your physical health is…?” (1= 

“Excellent”, 2= “Very good”, 3= “Good”, 4= “Fair”, 5= “Poor”). 

Daily Subjective Mental Health. I assessed daily subjective mental health, adapting the 

measurement of the Canadian Community Health Survey (CCHS; Statistics Canada, 2015). I 

asked participants “Today, would you say your mental health is...?” (1= “Excellent”, 2= “Very 

good”, 3= “Good”, 4= “Fair”, 5= “Poor”). 

Daily Pain. In line with Zautra, Smith, Affleck, and Tennen (2001), participants 

indicated their level of perceived pain, replying to the following question: “What number 

between 0 (no pain) and 100 (unbearably heavy pain) best describes your average level of bodily 

pain during the past work-day?”  

Daily Positive/Negative Affect. I measured daily positive and negative affect using a 

short-version of the PANAS (Positive Affect/Negative Affect Scale; Watson, Clark, & 

Tellegen, 1988); for further applications, see Bono et al., 2013; Kotter-Gruehn, Neupert, et al., 

2015), consisting of 10 positive affective states and 10 negative affective states. I asked 

participants to rate the 20 emotions (“How much did you feel this way today?”) on a five-point 

scale (1= “Very slightly or not at all” to 5= “Extremely”). Daily positive affect contained, e.g., 

the adjectives “Enthusiastic” (Item 1) and “Interested” (Item 2), while I measured negative 

affect with, e.g., the adjectives “Upset” (Item 13) and “Distressed” (Item 14). In my analysis, I 

excluded two items in the daily positive affect scale (Item 4 “Excited” and Item 5 “Inspired”), 

as their errors highly correlated with the errors of Item 1 (“Enthusiastic”). I furthermore 

excluded two negative affect items (Item 11 “Scared” and Item 19 “Irritable”), because their 

errors correlated 
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Table 2.1 Descriptive statistics and correlations 

Variable Average inter-

individual M 
SD 

Average intra-

individual SD
1  2  3  4   5  6  7  8  9  10  11  12   

1 Chronological age 38.85 10.89 .00                                       

2 Gender 1.45 .50 .00 .00                                      

3 Daily subjective age 34.93 8.57 2.42 .80 *** .03                                   

4 Daily relative subjective age -3.94 6.46 2.42 -.61 *** .01   -.02                                

5 Daily positive work events 9.38 2.21 1.84 .04   .06   -.09   -.17 *                          

6 Daily negative work events 6.88 2.06 1.50 -.12   .15 * -.06   .10   -.09 ***                       

7 Daily work stress 2.66 .90 .90 -.05   .10   .15 * .29 *** -.30   .41 ***                   

8 Daily subjective physical health  2.47 .85 .29 .04   -.04   .23 ** .24 *** -.31 *** -.10   .21 **                 

9 Daily subjective mental health  2.16 .88 .37 -.17 * .05 ** .05   .35 *** -.44 *** .04   .33 *** .58 ***              

10 Daily pain 14.12 16.07 7.42 .05   .06   .29 *** .29 *** -.15 * .13   .40 *** .49 *** .33 ***           

13 Daily positive affect (PANAS positive) 3.27 .80 .43 .10   .09   -.08   -.27 *** .54 *** -.02   -.29 *** -.50 *** -.62 *** -.20 **        

14 Daily negative affect (PANAS negative) 1.31 .46 .19 -.14   .09   -.04   .18 * -.19 ** .46 *** .46 *** .10   .29 *** .33 *** -.26 ***     

15 Daily life satisfaction 5.29 1.34 .48 .02   .01   -.04   -.08   .45 *** -.13   -.25 *** -.43 *** -.54 *** .30 *** .60 *** -.40 *** 

Note: N = 168; Means and SDs are presented at the between-person level; * p≤.05; ** p≤.01; *** p≤.001; values are based on two-sided significance testing. Average intra-individual means and standard deviations 
represent person-level average scores and deviation scores over the five measurement occasions. Intercorrelations refer to correlations between average intra-individual means; M = mean; SD = standard deviation. 
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substantially with Items 12 (“Afraid”) and 16 (“Nervous”). Thus, for consistency reason, I 

calculated average scores for daily positive affect (PA) and daily negative affect (NA) based on 

the reduced scales. The reduced scales evinced a better model fit than the full scale (∆² (72) = 

488.39, p ≤ .001; ∆AIC = 500.39). The Cronbach’s alpha values for the corrected daily positive 

affect scale (PA) ranged between α = .91 and α = .95 (Monday to Friday) and between α = .86 

and α = .92 (Monday to Friday) for the corrected daily negative affect scale (NA). 

Daily Life Satisfaction. I measured daily life satisfaction with an adapted version of one 

item from Diener, Emmons, Larsen, and Griffin, (1985). Participants evaluated their agreement 

to the following statement: “Today, I am satisfied with my life.” (1 = “Strongly disagree” to 7 

= “Strongly agree”). 

 

2.4 Analyses 

The complexity and longitudinal character of my data require prior analysis to check for 

data quality and ensure interpretability of the findings (e.g., test for systematic dropout). Thus, 

I present first my pre-analyses in the next paragraph before proceeding to my main analysis, in 

which I test all hypotheses and explain my analysis strategies.  

 

2.4.1 Pre-Analyses     

To ensure that systematic dropouts (Eibach et al., 2010) did not affect my results, I 

analysed if my missing data was completely at-random (missing data at random, MAR). To test 

this assumption, I ran T-tests between the participants who participated three times (N3: 

Minimal inclusion criteria) and those who participated five times (N5: Maximal participation 

option). I do not find any significant differences for chronological age (N3: M = 36.93, t = -.87 

; N5: M = 39.62; t = -.83; F = .12, n.s.; CI [-8.86 ; 3.47]), nor for daily relative subjective age 

(N3: M = -2.09, t = .33 ; N5: M = -2.84; t = .57; F = 2.43, n.s.; CI [-3.73 ; 5.23]), indicating that 

I do not have systematic dropout and I can assume my missing data to be MAR.  
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Additionally, in alignment with other daily-diary studies (e.g., Sonnentag & Kuehnel, 

2016), I tested if the time of survey completion (participants had 13 hours to complete the 

survey) had an influence on the results. Therefore, I ran a regression analysis for the Monday 

survey data indicating that time of completion does not affect the dependent variable (daily 

relative subjective age; B = 1.03; n.s.; 95% CI [.00 ; .00])11.  

Since some researchers note the need to discriminate subjective age from other related 

concepts (Dutt & Wahl, 2017; Hubley & Russell, 2009), I tested in my pre-analyses if subjective 

age is distinct from health-, affect- and work-related variables included in my study.12 With 

respect to health variables, I differentiated the four-item subjective age measure towards 

subjective physical health, subjective mental health, and pain. As affect variables, I tested 

positive and negative affect (PANAS; Positive Affect Negative Affect Scale; Watson et al., 

1988) as well as life satisfaction. I chose these variables as a few subjective age researchers 

argue for a strong overlap of health- and affect-related variables (Spuling, Miche, Wurm, & 

Wahl, 2013; Stephan, Demulier, & Terracciano, 2012). Furthermore, I differentiated subjective 

age towards positive and negative events at work and work stress, in order to discriminate the 

core variables of my study. I ran explorative factor analyses (EFAs) and confirmatory factor 

analyses (CFAs) to test the distinctiveness of the subjective age concept. All results clearly 

indicate that relative subjective age is related to, but significantly different from, all health-, 

affect-, and work-related variables in my study. I present detailed model tests in Appendix B.  

 

2.4.2 Main Analyses     

Table 2.1 illustrates descriptive and correlation results of all measures, including inter- 

and intra-individual standard deviation (SD). As expected, chronological age shows strong 

                                                            
11 I find the same non-significant effect of completion time for all days. In order to ensure efficient reporting, I 
only report the Monday results.  
12 For these analyses, I used the Monday data. I also tested relative subjective age construct validity for each day 
separately, but as I did not detect significant differences, I report only results from the Monday data.   
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correlations with daily subjective age (r = .80; p ≤ .001) and daily relative subjective age (r = -

.61; p ≤ .001). Beyond a significant correlation with daily subjective mental health (r = -.17; p 

≤ .05), chronological age does not show significant correlations with the involved variables. 

Contrastingly, daily relative subjective age is highly correlated with daily work stress (r = .29; 

p ≤ .001) and daily subjective physical (r = .24; p ≤ .001) and mental (r = .35; p ≤ .001) health, 

as well as daily pain (r = -.29; p ≤ .001) and daily positive affect (r = -.27; p ≤ .001). 

Furthermore, daily relative subjective age significantly correlates with daily positive work 

events (r = -.17; p ≤ .05) and daily negative affect (r = .18; p ≤ .05). 

According to my three main research contributions, I divided the analyses into three 

main parts. In the first part, I analysed the construct reliability and validity of relative subjective 

age (Hypothesis 1): I tested the multifaceted structure of relative subjective age, running a 

confirmatory factor analysis (CFA)13 with AMOS 24. Thereby, I discriminate subjective age 

towards other related concepts. In the second part, I investigated the daily relative subjective 

age trajectories of employees in the course of one workweek (Hypothesis 2): I tested an 

intercept-only model including only daily relative subjective age and calculated the within- and 

between-person variance with intra-class correlations for multi-level models (Raudenbush & 

Bryk, 2002). Further, I applied growth curve modelling using random-coefficient modelling 

(Bryk & Raudenbush, 1992; Rabe-Hesketh & Skrondal, 2008) with a multi-level approach 

(time nested in person) in STATA 14. Third, I applied multilevel random coefficient modelling 

to identify between- and within-person drivers of daily relative subjective age, running separate 

analyses for the three variables (Hypothesis 3a, Hypothesis 3b: daily work stress; Hypothesis 4a, 

Hypothesis 4b: daily positive work events; Hypothesis 5a, Hypothesis 5b: daily negative work 

                                                            
13 For the model fit indices, I chose one incremental fit index (CFI: Comparative fit index; Bentler, 1990; Bentler 
& Bonett, 1980) as it is not vulnerable for underestimation of fit in small samples (Bentler & Bonett, 1980; 
Byrne, 2013). Additionally, I used SRMR (Standardised-Root-Mean Squared Residual) as an absolute fit index 
(Hooper, Coughlan, & Mullen, 2008), and the AIC (Akaike Information Criterion; Akaike, 1974), which adjusts 
for sample size and is particularly useful for model comparison (Hooper et al., 2008). 
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events). I treated the within-person variables as first-level predictors and the between-person 

variables as second-level predictors. I included four control variables in all analyses to detect 

effects beyond chronological age, gender, health-variables (daily subjective physical and 

mental health, pain), and affect-related variables (daily positive and negative affect, daily life 

satisfaction).  

 

2.5 Results of Main Analyses 

2.5.1 Construct Validity of Relative Subjective Age 

In this paper, I want to show that relative subjective age is a valid concept specifically 

in the workplace setting. To that end, I test with a confirmatory factor analysis (CFA), whether 

the relative subjective age measure shows a good model fit (Hypothesis 1). The CFA of the 

four-item relative subjective age measure shows good model fit (² (2) = 1.45; CFI = 1.00; IFI= 

1.00; SRMR = .01; AIC = 25.45) and thus support that the four facets of the relative subjective 

age can be translated into one overall relative subjective age score.14 The standardised loadings 

of the four items (one path fixed to 1) range between r = .72 and r = .94. As I explain in the pre-

analyses, I test the discriminant validity of subjective age towards other constructs. I report the 

results in Appendix B.  

 

2.5.2 Relative Subjective Age Stability and Drivers 

To assess Hypothesis 2, I test the stability of relative subjective age in the course of a 

workweek. I first estimate an intercept-only model (Model 1, Table 2.2) to identify the within- 

and between-person variances of relative subjective age with intra-class correlations (ICC) for 

multi-level models (Raudenbush & Bryk, 2002). The ICC for daily relative subjective age is 

.76, indicating that 76% of the variance in relative subjective age variance is due to between-  

                                                            
14 An EFA shows that the Kaiser-criterion and the loading matrix suggest a one-factor-structure. 
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Table 2.2 Intercept-only model and growth curve models including between-person predictors 
  Daily relative subjective age 

  Model 1: Intercept only Model 2: Random interaction  Model 3: Random coefficient 

  Predictors Estimate SE z 95% CI Estimate SE z 95% CI Estimate SE z 95% CI 

 Fixed effects Intercept -4.21 .49 -8.65 *** [ -5.16 ; -3.25 ] 13.29 1.85 7.18 *** [ 9.66 ; 16.91 ] 12.89 1.85 6.98 *** [ 9.27 ; 16.51 ]

  Linear time trend (LTT)       -.70 .27 -2.61 ** [ -1.23 ; -.17 ] -.70 .26 -2.75 ** [ -1.21 ; -.20 ]

  Quadratic time trend (QTT)       .16 .06 2.54 * [ .04 ; .29 ] .16 .06 2.77 ** [ .05 ; .28 ]

  Chronological age       -.35 .03 -10.70 *** [ -.41 ; -.28 ] -.35 .03 -10.71 *** [ -.41 ; -.28 ]

  Gender       .17 .69 .24 [ -1.19 ; 1.52 ] .17 .69 .24 [ -1.19 ; 1.52 ]

  Daily subjective physical health       .56 .26 2.17 * [ .05 ; 1.07 ] .53 .26 2.08 * [ .03 ; 1.04 ]

  Daily subjective mental health       .55 .24 2.35 * [ .09 ; 1.01 ] .62 .23 2.64 ** [ .16 ; 1.07 ]

  Daily pain       .07 .01 5.77 *** [ .04 ; .09 ] .07 .01 5.88 *** [ .04 ; .09 ]

  Daily positive affect (PANAS positive)       -1.24 .27 -4.66 *** [ -1.76 ; -.72 ] -1.12 .26 -4.28 *** [ -1.63 ; -.60 ]

  Daily negative affect (PANAS negative)       .22 .41 .52 [ -.59 ; 1.02 ] .28 .41 .69 [ -.52 ; 1.09 ]

  Daily life satisfaction       .04 .17 .24 [ -.30 ; .38 ] .03 .17 .15 [ -.30 ; .36 ]

  Daily work stress       .45 .15 3.05 ** [ .16 ; .73 ] .40 .14 2.81 ** [ .12 ; .68 ]

  Daily positive work events       -.13 .06 -2.18 * [ -.25 ; -.01 ] -.15 .06 -2.60 ** [ -.26 ; -.04 ]

  Daily negative work events        -.07 .06 -1.12 [ -.19 ; .05 ] -.05 .06 -.79 [ -.17 ; .07 ]

Random effects Intercept 6.09 .35  [ 5.43 ; 6.83 ] 4.22 .26  [ 3.74 ; 4.77 ] 4.69 .32  [ 4.10 ; 5.36 ]

 Linear time trend (LTT)      .76 .10  [ .59 ; .99 ]

 Residual 3.41 .10  [ 3.22 ; 3.61 ] 2.84 .08  [ 2.69 ; 3.01 ] 2.58 .09  [ 2.42 ; 2.76 ]

                

 ICC .76 .02  [ .82 ; .89 ]         

 loglikelihood -2233.33        -2063.15   -2051.56       

 df 3        16   18       

 AIC 4472.67        4158.31   4139.11       

 Note: N Observations = 758, N Groups = 168; * p ≤.05; ** p ≤.01; *** p ≤.001; † p ≤.10; values are based on two-sided significance testing; SE = standard error; z = z-score for standard deviation; CI = confidence 
interval.   
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person differences, while 24% of variance lies within-persons.15 These numbers justify my 

multi-level growth curve modelling approach and the consideration of between- and within-

person variance in my analyses. 

Work-specific Drivers of Daily Relative Subjective Age 

To investigate how daily work stress (Hypothesis 3a, Hypothesis 3b), daily positive work 

events (Hypothesis 4a, Hypothesis 4b), and daily negative work events (Hypothesis 5a, Hypothesis 

5b) affect daily relative subjective age, I apply multilevel random coefficient modelling, 

according to the recommendations made by Raudenbush and Bryk (2002) and similar to those 

by Kotter-Gruehn, Neupert, et al. (2015). I report the findings for the between-person work-

specific predictors (see Table 2.2) before I present the within-person work-specific predictors 

of daily relative subjective age in the course of a workweek (see Table 2.3).  

Between-Person Drivers of Relative Subjective Age 

I identify between-person predictors of relative subjective age with random coefficient 

modelling,16 including daily positive work events, daily negative work events, and daily work 

stress as work-specific predictors, with chronological age, gender, daily subjective physical and 

mental health, daily pain, daily positive and negative affect, and daily life satisfaction as 

controls (see Model 3, Table 2.2). According to Hypothesis 3a, daily work stress is a significant 

between-person predictor of daily relative subjective age with an observable significant 

coefficient (µ = .40; SE = .14; p ≤ .01). I find similar results for daily positive work events (µ 

= -.15; SE = .06; p ≤ .01, supporting Hypothesis 4a. On the other hand, the daily negative work 

events coefficient (µ = -.05; SE = .06; n.s.) is not significant and thus does not support  

                                                            
15 To understand the within- and between-person variance, I estimate one model with the linear- and one model 
adding the quadratic time coefficient. Results show that the quadratic time coefficient is significant (µ = .24; p≤ 
.001) and shows better model fit (log likelihood (5) = -2226.18; AIC= 4462.37) compared to the model, 
including only the linear time coefficient (log likelihood (4) = -2231.10; AIC = 4470.20; ∆likelihood-ratio ² (1) 
= 9.84, p ≤ 01; ∆AIC = 7.). Therefore, I run all further analyses with the quadratic time coefficient. 
16 I test if the random-coefficient model (Model 3, Table 2.2) is superior to the random-intercept model (Model 
2, Table 2.2) with a significant model improvement (∆lr ² (2) = 23.20; ∆AIC = 19.20; p≤ .001). Consequently, I 
apply random coefficient modeling for all further analysis.  
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Table 2.3 Growth curve models including between- and within-person predictors 
  Daily relative subjective age 

  Model 1: Interaction stress Model 2: Interaction positive work event Model 3: Interaction negative work event 

  Predictors Estimate SE z 95% CI Estimate SE z 95% CI Estimate SE z 95% CI 

 Fixed effects Intercept 12.86 1.85 6.96 *** [ 9.24 ; 16.48 ] 12.86 1.85 6.95 *** [ 9.24 ; 16.49 ] 12.60 1.85 6.81 *** [ 8.97 ; 16.23 ] 

  Linear time trend (LTT) -.68 .26 -2.60 ** [ -1.19 ; -.17 ] -.70 .26 -2.75 ** [ -1.21 ; -.20 ] -.76 .26 -2.96 ** [ -1.26 ; -.26 ] 

  Quadratic time trend (QTT) .16 .06 2.65 ** [ .04 ; .28 ] .16 .06 2.78 ** [ .05 ; .28 ] .17 .06 2.94 ** [ .06 ; .29 ] 

  Chronological age -.35 .03 -10.72 *** [ -.41 ; -.28 ] -.35 .03 -10.69 *** [ -.41 ; -.28 ] -.35 .03 -10.66 *** [ -.41 ; -.28 ] 

  Gender .17 .69 .24   [ -1.19 ; 1.52 ] .17 .69 .25   [ -1.18 ; 1.53 ] .15 .69 .22   [ -1.20 ; 1.51 ] 

  Daily subjective physical health .53 .26 2.08 * [ .03 ; 1.04 ] .54 .26 2.09 * [ .03 ; 1.04 ] .51 .26 2.00 * [ .01 ; 1.01 ] 

  Daily subjective mental health .62 .23 2.65 ** [ .16 ; 1.07 ] .61 .23 2.63 ** [ .16 ; 1.07 ] .63 .23 2.72 ** [ .18 ; 1.09 ] 

  Daily pain .07 .01 5.87 *** [ .04 ; .09 ] .07 .01 5.86 *** [ .04 ; .09 ] .07 .01 5.85 *** [ .04 ; .09 ] 

  Daily positive affect (PANAS positive) -1.10 .26 -4.22 *** [ -1.62 ; -.59 ] -1.12 .26 -4.31 *** [ -1.64 ; -.61 ] -1.12 .26 -4.29 *** [ -1.63 ; -.61 ] 

  Daily negative affect (PANAS negative) .28 .41 .68   [ -.53 ; 1.09 ] .30 .41 .73   [ -.51 ; 1.11 ] .38 .41 .92   [ -.43 ; 1.19 ] 

  Daily life satisfaction .02 .17 .13   [ -.31 ; .35 ] .03 .17 .18   [ -.30 ; .36 ] .06 .17 .34   [ -.27 ; .39 ] 

  Daily work stress .50 .24 2.09 * [ .03 ; .97 ] .41 .14 2.86 ** [ .13 ; .69 ] .37 .14 2.57 ** [ .09 ; .65 ] 

  Daily positive work events -.15 .06 -2.59 ** [ -.26 ; -.04 ] -.11 .10 -1.09   [ -.30 ; .09 ] -.15 .06 -2.65 ** [ -.26 ; -.04 ] 

  Daily negative work events  -.05 .06 -.75   [ -.16 ; .07 ] -.05 .06 -.85   [ -.17 ; .07 ] -.23 .11 -2.19 * [ -.44 ; -.02 ] 

Interaction Terms Interaction with LTT -.13 .22 -.59   [ -.56 ; .30 ] -.07 .10 -.73   [ -.26 ; .12 ] -.20 .10 1.96  † [ .00 ; .40 ] 

  Interaction with QTT .03 .05 .55   [ -.07 ; .13 ] .02 .02 .77   [ -.03 ; .06 ] -.04 .02 -1.57   [ -.09 ; .01 ] 

 Random effects Intercept 4.67 .32    [ 4.08 ; 5.34 ] 4.69 .32    [ 4.10 ; 5.36 ] 4.66 .32    [ 4.07 ; 5.33 ] 

  Linear time trend (LTT) .76 .10    [ .59 ; .99 ] .76 .10    [ .58 ; .99 ] .75 .10    [ .58 ; .98 ] 

  Residual 2.58 .09    [ 2.41 ; 2.76 ] 2.58 .09    [ 2.41 ; 2.76 ] 2.58 .09    [ 2.41 ; 2.75 ] 

               

  loglikelihood -2051.38         -2051.38      -2049.28          

  df 20     20      20      

  AIC 4142.76           4142.76      4138.55          

 Note: N Observations = 758, N Groups = 168; * p ≤.05; ** p ≤.01; *** p ≤.001; † p ≤.10; values are based on two-sided significance testing; SE = standard error; z = z-score for standard deviation; CI = confidence 
interval.  
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Hypothesis 5a. I present the detailed results in Model 3, Table 2.2.17 Results indicate that 

employees who experience more positive work events and less work stress feel younger compared 

to employees experiencing less positive work events and more work stress. 

Within-Person Drivers of Relative Subjective Age 

I test within-person predictors of daily relative subjective age including interaction terms 

(linear and quadratic time trend x predictor) for each of the three predictors (daily positive work 

events, daily negative work events, daily work stress) separately (see Table 2.3). First, I add the 

interaction-terms between the linear time trend and (daily) work stress as well as the quadratic 

time trend and (daily) work stress (Model 1, Table 2.3). None of the interaction terms is significant 

(see Model 1, Table 2.3). Since daily work stress does not function as a within-person driver of 

daily relative subjective age in the course of a workweek, I cannot support Hypothesis 3b. Second, 

I include the daily positive work events interaction terms (linear and quadratic) in Model 2 (Table 

2.3). My results show that the quadratic interaction term for daily positive work events was not 

significant (µ = -.07; SE = .10; n.s.; CI = [-.26 ; .12]), indicating that (daily) positive work events 

are not a within-person predictor of (daily) relative subjective age, not supporting Hypothesis 4b. 

Third, I include the linear and quadratic interaction terms with daily negative work events in Model 

3 (Table 2.3). I find a marginally significant linear interaction term (µ = -.20; SE = .10; p ≤ .10; 

CI = [.00; .40]) and a non-significant quadratic interaction term (µ = -.04; SE = .02; n.s.; CI = [-

.09; .01]), suggesting that (daily) negative work events might account for (daily) relative subjective 

age variability in the course of a workweek. These findings indicate that, on days with more 

negative work-experience, employees feel older than on days with fewer negative work events. 

Because the linear interaction is only marginally significant, I have to interpret the support for 

Hypothesis 5b carefully.  

                                                            
17 Robustness checks indicate that findings are consistent when calculating with or without control variables 
(chronological age, gender, daily subjective physical health, daily subjective mental health, daily pain, daily positive 
affect, daily negative affect, daily life satisfaction). Results are available upon request. 
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2.6 Discussion 

In my study, I investigate the role of (daily) relative subjective age in the workplace. My 

results indicate that in line with Hypothesis 1, relative subjective age is a multifaceted construct in 

the organisational context that conceptually differs from health- and affect-related variables. Thus, 

my results indicate that subjective age shows sufficient discriminatory validity and is a reliable 

measure. For Hypothesis 2, I investigate the stability of relative subjective age within a workweek; 

I demonstrate that 76% of relative subjective age variance originates from between-person 

variance, while 24% leads back to within-person variance. Consequently, relative subjective age 

is not an immutable, stable construct, but reflects a partially time- and situation-dependent 

construct. Regarding Hypotheses 3a to 5b, I identify that work-specific variables can serve as both 

between-person and within-person daily predictors of relative subjective age in the course of the 

workweek. While daily positive work events and daily work stress are between-level predictors of 

daily relative subjective age, I find a marginal significance for daily negative work events as 

within-person predictor. I demonstrate these effects beyond chronological age, gender, daily 

subjective physical and mental health, daily pain, daily positive and negative affect and daily life 

satisfaction.  

 

2.6.1 Theoretical Contributions 

With this paper, I contribute to the subjective age research in at least three ways: First, I 

show that the four facets of relative subjective age load on one common factor and shows sufficient 

reliability in a worker sample. Thus, it is acceptable to build one overall relative subjective age 

score when applying the four-facet subjective age measure in organisational research. Beyond the 

subjective feel-component applied for single-item measures, the three other facets represent two 

behaviour-focused facets (do-age, interest age) and one component of outward appearance (look-

age). Therefore, I argue in line with Kotter-Gruehn, Kornadt, et al. (2015) that the four-facet 

conceptualisation of relative subjective age allows a more complex investigation of relative 
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subjective age relationships. It might have the potential to predict complex outcomes, such as 

employee behaviour and performance. Furthermore, I differentiate the four facets and the overall 

subjective age score from other health- and affect-related variables and thus represent a unique 

standalone concept. Overall, with my conceptual investigations of relative subjective age, I 

facilitate and encourage the use of the multifaceted relative subjective age measurement, 

particularly in the organisational behaviour research.  

Second, I investigate the stability of relative subjective age and offer a theoretical 

explanation for daily relative subjective age fluctuations integrating IT (Stryker & Burke, 2000) 

and SIT (Tajfel & Turner, 1986). In support of Hypothesis 2, my results reveal that relative 

subjective age varies both between- and within-person. This result is consistent with IT (Stryker 

& Burke, 2000) and SIT (Tajfel & Turner, 1986), assuming that a person holds multiple identities 

or roles, which activate depending on their relevance and salience in a specific context (Stryker & 

Burke, 2000; Tajfel & Turner, 1986). Applied to the concept of relative subjective age, both 

theories suggest that one’s relative subjective age perception (also called age identity) is a variable 

concept, as it is more salient and relevant in some situations than others (Stryker & Burke, 2000; 

Tajfel & Turner, 1986). Indeed, the support for my second Hypothesis shows that the self-

perception of aging is not stable; it varies on a daily basis within a workweek. Aligning with early 

studies investigating daily relative subjective age fluctuation in an old gerontological sample 

(Kotter-Gruehn, Neupert, et al., 2015), my findings contribute to the current debate on (daily) 

relative subjective age stability, particularly in the work context. Demonstrating that employees’ 

relative subjective age perceptions vary on a daily basis indicates that research should transform 

the traditional view of (relative) subjective age as a stable characteristic. This might call for a 

revaluation of many subjective age studies, most of which conceptualise (relative) subjective age 

as a relatively stable variable (see, e.g., Barak & Stern, 1986; Stephan et al., 2011). If relative 

subjective age fluctuates over conditions and time, cross-sectional (relative) subjective age studies 

are limited to the study conditions and thus represent only an excerpt of (relative) subjective age 
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perceptions. With my results, I stress that future research should consider the methodological needs 

of studying (relative) subjective age and take the value of short-term perspectives into account. 

This approach allows a more accurate understanding of the role of (daily) relative subjective age 

for potential antecedents or outcomes. 

With my third contribution, considering between- and within-person predictors of relative 

subjective age in the workplace, I show that, besides demographic (chronological age, gender), 

health-related (Kotter-Gruehn, Neupert, et al., 2015), and affect-related (Dutt & Wahl, 2017; 

Miche et al., 2014) variables, work-specific circumstances cause between-person variability in 

(daily) relative subjective age perception and therefore serve as drivers/ antecedents of (daily) 

relative subjective age. I contribute to the current theoretical debate on relative subjective age, 

combining IT (Stryker & Burke, 2000) and SIT (Tajfel & Turner, 1986) as potential mechanisms 

behind fluctuating (daily) relative subjective age perceptions. I propose, in line with IT (Stryker & 

Burke, 2000) and SIT (Tajfel & Turner, 1986), that the self-perception of one’s age varies with 

the salience and relevance of age in different (work-related) situations or settings (Brenner et al., 

2014). Accordingly, certain events at work (daily work stress, daily positive work events, daily 

negative work events) render employees’ age more or less salient and relevant. Consequently, 

when gauging one’s age perception (subjective age), the prior experience of (daily) negative work 

events or high stress increases the daily relative subjective age perceptions, while (daily) positive 

work events lower employees’ daily relative subjective age perceptions. This process occurs for 

both between- and within-person changes in relative subjective age. My empirical findings 

establish that employees who are exposed to higher stress levels and who experience less positive 

events at work feel older than individuals experiencing less stress and more positive events at work 

(between-person predictors). On the other hand, when an employee is confronted with more 

negative work events in one day, they feel older than on days when experiencing no or less negative 

work events (within-person predictor). My theoretical assumptions find partial support in my 

empirical results and align with previous theoretical concepts of subjective age. For example, 
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Montepare’s (2009) framework postulates that certain distal cues (e.g., general health status, 

disabilities) and proximal cues (e.g., birthday, current health state) influence (relative) subjective 

age perceptions. Additionally, Diehl et al.’s (2014) conceptualisation of the awareness of age 

constructs demonstrates that distal and proximal events or conditions make age and aging 

salient/relevant to a person and thus create age awareness, which triggers self-perceptions and 

evaluations (e.g., subjective age perceptions) as well as behaviour (Diehl & Wahl, 2010). Several 

empirical findings support the idea that specific events, situations, or conditions increase or 

decrease employees’ (relative) subjective age perceptions. For example, Montepare (1996b) 

demonstrates that the closer the birthday, the older individuals feel. Furthermore, Eibach et al. 

(2010) increase individuals’ (relative) subjective age, confronting them with negative age 

stereotypes.  

My study is the first to investigate work-specific between- and within-person drivers of 

daily relative subjective age in the workplace. I identify daily work stress and daily positive work 

events as between-person predictors, and daily negative work events as within-person predictors, 

of relative subjective age. Nevertheless, I assume that further work-specific variables are relevant 

in this context. Thus, I encourage organisational researchers to investigate other work-related 

aspects that might trigger employees’ (daily) relative subjective age perceptions. With this study, 

I offer a theoretical mechanism underlying the relative subjective age variability in a workweek as 

well as a valuable methodological approach for investigating between- and within-person drivers 

of relative subjective age in the work context.  

 

2.6.2 Practical Contributions 

Apart from the theoretical implications, my findings offer several interesting insights for 

practitioners in public and private organisations. First, I demonstrate the relevance of the relative 

subjective age concept in the organisational context (Hypotheses 1): Relative subjective age can 

be a valuable source of information for management functions because it has prediction power 
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beyond chronological age (e.g., Kunze et al., 2015) and might better predict complex behavioural 

outcomes and performance. 

Additionally, my findings (Hypothesis 2) show that employees’ (daily) relative subjective 

age perceptions vary in the course of a workweek. This finding should be of particular interest to 

organisations as it shows that (daily) relative subjective age (and related consequences/outcomes) 

is not pre-determined. Rather, it is modifiable through organisational and managerial interventions.  

In Hypotheses 3 (a, b), 4 (a, b) and 5 (a, b), I test three potential between- and within-person 

predictors of (daily) relative subjective age: daily work stress, daily positive work events, and daily 

negative work events. My findings demonstrate that individuals who experience less stress 

(Hypothesis 3a) and more positive work events (Hypothesis 4a) feel younger (between-person 

predictors). Furthermore, day-to-day variability of relative subjective age results from the daily 

experience of negative events at work (Hypothesis 5b; within-person predictor). The variations 

and the differing relative subjective age trajectories between- and within-persons shows that 

organisations could decrease the daily relative subjective age of their employees through active 

management and interventions. I identify daily work stress and daily positive work events as 

between-person-predictors, and I find a distinct suggestion that daily negative work events might 

function as within-person predictors of daily relative subjective age. Therefore, organisations 

might, e.g., establish regular positive events at work, such as short social events (item 4 daily 

positive work events scale; e.g., common coffee break; free ice cream dessert), to positively 

influence daily relative subjective age perceptions. Additionally, good organisational stress-

management initiatives could reduce employees’ work stress levels, thus lowering their relative 

subjective age. To decrease employees’ daily relative subjective age, organisations should 

primarily reduce the occurrence of (daily) negative events in the course of a workweek, such as 

receiving negative feedback (item 5 negative event scale), being treated disrespectfully (item 8 

negative event scale), or experiencing work-related conflicts (item 9 negative event scale). In so 

doing, organisations could strengthen the mutual appreciation between employees and encourage 
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leaders to offer regular positive feedback or praise to their subordinates (item 3 daily positive work 

events scale). Through the implementation of such policies, organisations could make their 

employees feel younger, and the potential positive outcomes of lowering employees’ (daily) 

relative subjective age, like increased physical (Spuling et al., 2013; Stephan, Chalabaev, Kotter-

Gruehn, & Jaconelli, 2013) or cognitive performance (Brothers, Miche, Wahl, & Diehl, 2015; 

Stephan et al., 2014), should yield greater profits. Overall, these kinds of initiatives could lead to 

an overall lower (relative) subjective age in the company, which, as has been shown, correlates to 

organisational performance (Kunze et al., 2015), thus contributing to overall organisational 

success. 

 

2.6.3 Limitations and Future Research Perspectives 

My study design and data has several strengths, e.g., the daily-diary approach with five 

measurement points. Nevertheless, I want to mention some limitations resulting from my sampling 

approach and discuss some potential biases in the data. First, my data stems from an Mturk sample 

and therefore might not be representative for the overall US workforce population.18 According to 

the Bureau of Labour Statistics (2015), 57.7% of the US working population is male, with a median 

age of 42.3 years (occupational and industry sector). Seventy-nine percent of the US labour 

population is White (including Caucasian and Hispanics), 12.0% is African American, 6.0% Asian 

American, 1.0% American Indian and Alaska Natives, and 1.0% Hawaiian/Pacific Islander. 

Specifically, my sample has a higher percentage of White workers (83.2% Caucasian American, 

2.4% Hispanics or Latinos.) and a lower percentage of Black or African American workers (5.4%). 

Furthermore, my sample is slightly younger (38.85 years) than the average US working population. 

                                                            
18 MTurk is an efficient and cost-saving tool to get access to a large number of potential participants and it got 
increasing attention in the last decade for empirical research (Berinsky et al., 2012; Buhrmester et al., 2011; 
Goodman et al., 2013). I chose this platform because it offers a reliable sample of the US workforce population, 
independent from organisational affiliation. Buhrmester et al. (2011) characterise MTurk as more representative as 
normal online samples, offering reliable results comparable to results from tradition assessment methods (Goodman 
et al., 2013; Paolacci et al., 2010). 
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This comparison shows that my sample is not perfectly representative, but neither does it strongly 

differ from the actual demographics. Consequently, I do not expect strong biases in my sample 

caused by the lack of rigid representativeness. 

Second, I have to take into account that my data is solely based on self-reports and therefore 

suffers from the same-source bias. Although I have no opportunity to mirror the participants 

responses with external reports (e.g., colleagues, managers, family), I argue that the nature of my 

research goal allows and requires self-reported data. My approach is in line with other daily-diary 

studies relying on self-reports (see, e.g., Conway & Briner, 2002; Miche et al., 2014). 

Nevertheless, future research might investigate how external age evaluations perceptions change 

based on external factors such as seniority, tenure, or authority within an organisation. 

Furthermore, objective-outcome variables like performance ratings might offer an interesting basis 

to understand the effects of (relative) subjective age in organisations.  

Third, I access some of the constructs in my survey with established short-scales and one-

item measures. Thus, I do not measure all variables with the complete item battery from the 

original studies. Nevertheless, I try to compensate this limitation, basing my survey measures on 

validated short-scales and established one-item measures.19 The item-reduction was necessary for 

my survey as several experienced researchers recommended to limit the amount of items (and thus 

the duration of the survey) in order to relieve the workload for the participants and avoid high 

dropout rates.  

Forth, I want to note in respect to Hypothesis 1 that the conceptualisation of subjective age 

according to Kastenbaum et al. (1972) underlies the limitation that the four facets (that 

Kastenbaum et al., 1972 call dimensions) consist of one item each. The constitution of a dimension 

by just one item is criticised and involves methodological problems, e.g., it is not possible to test 

the reliability of single-item dimensions (Kotter-Gruehn, Kornadt, et al., 2015). Although Kotter-

                                                            
19 I present all survey measures in Appendix A. 
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Gruehn, Kornadt, et al. (2015) accept the term multidimensional according to Kastenbaum et al. 

(1972), the authors support the idea to summarise the four dimensions as facets of one overall 

(relative) subjective age score. In my paper, I prefer to use the term facets. Nonetheless, both terms 

refer to the same four items of subjective age (feel-age, look-age, do-age, interest-age). Kotter-

Gruehn, Kornadt, et al. (2015) call to investigate the reliability and validity of these four facets 

into this one overall score. I reply to this call with the first part of my paper, testing the reliability 

and discriminatory validity of the four facets. Nevertheless, my study does not test the explanatory 

validity nor the external validity. Future studies should address this limitation and take a more 

complex look at the validity of the four-facet (relative) subjective age measure.  

Fifth, as it is not a purpose of this paper, I do not focus explicitly on the mechanisms 

underlying the predictor/relative subjective age relationship. I extend the idea that, besides distal 

cues, proximal cues influence (daily) relative subjective age perceptions (Montepare, 2009) to the 

assumption that daily cues trigger daily variability in relative subjective age perceptions (Kotter-

Gruehn, Neupert, et al., 2015). Nevertheless, I do not measure the cognitive mechanisms that might 

underlie the connection between daily cue and daily relative subjective age perception (e.g., 

intense elaboration of age-related introspection, stronger awareness for age-related self-

information, etc.). As cognitive mechanisms are very difficult to study through online surveys, I 

would like to encourage experimental researchers to take a deeper look, in a laboratory context, 

into the cognitive mechanisms that bridge cues and relative subjective age perceptions.  

Furthermore, I see strong potential in the investigation of relative subjective age over even smaller 

time intervals than on a daily basis. Measuring relative subjective age in immediate time-closeness 

to these cues might allow us to understand the immediate self-evaluation processes underlying the 

formation of the relative subjective age a bit better.  
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2.7 Conclusion 

My paper offers conceptual clarifications on the concept of relative subjective age and 

addresses several methodological and structural gaps in the current debate on aging. I investigate 

short-term variability and potential within- and between-person predictors and demonstrate the 

relevance of daily-diary approaches in subjective age research. My findings show that relative 

subjective age is a valid construct, and I identify both between- and within-person predictors of 

(daily) relative subjective age in the course of a workweek. In doing so, I emphasise the relevance 

of relative subjective age in the organisational context. New organisational perspectives on aging 

not only have the potential to keep an aging workforce healthy and productive, but also to 

contribute to more sustainable societal approaches to the demographic-change debate. I encourage 

researchers to consider relative subjective age in order to gain a more holistic understanding about 

its nature and its role in both daily well-being and performance, as well as the general risks and 

potential gains for societies.   
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3 Paper 2 - The Contextual Role of Subjective Age in the Chronological 

Age/ Absenteeism Relationship in Blue and White Collar Teams20 

 

3.1 Introduction 

The ageing and shrinking of populations, often labelled as demographic change, poses 

challenges to public welfare systems and labour markets, especially in Western countries (OECD, 

2008). In Germany, for example, one-third of the population will be over 64 years old in 2060 

(Bundesministerium des Inneren, 2011). This causes not only an increasing number of ageing 

employees in organisations (Boersch-Supan & Wilke, 2009; Poetzsch & Roessger, 2015) but will 

also lead to a dramatic reduction of the overall workforce of about 8 million people by 2030 

(Bundesministerium des Inneren, 2011). In the public debate, older employees are often assumed 

to have an increased risk of health and absenteeism (The Economist, 2014; Manyika et al., 2015). 

Sick absence and general absenteeism are a core cost factor for private and public organisations as 

well as social security systems (e.g., absenteeism costs the US health system about $580 billion 

annually; Greenwell, 2015). These trends clearly call for a better understanding of whether and 

how ageing workforce structures affect employees’ health and absenteeism rates.  

The existing research has predominantly addressed the role of chronological age in 

individual employees’ health and absenteeism, with inconclusive results. Studies and meta-

analyses report positive (e.g., Badura et al., 2014; Frick & Malo, 2008) and negative (e.g., 

Kristensen et al., 2006; Nielsen, 2008) relationships between chronological age and absenteeism. 

The current debate on the chronological age/ absenteeism relationship thus far does not offer a 

sufficient explanation for these contradictory results and has three obvious shortcomings.  

                                                            
20 I wrote this paper in co-authorship with my first supervisor, Prof. Dr. Florian Kunze. The paper is already 
published in the European Journal of Work and Organizational Psychology under the reference Goecke, T. F. E., & 
Kunze, F. (2018). The contextual role of subjective age in the chronological age/ absenteeism relationship in blue 
and white collar teams. European Journal of Work and Organizational Psychology, 27(4), 1-15. doi: 10.1080/13594 
32X. 2018 .1485651. 



66 
 

First, current absenteeism research has neglected a more holistic conceptualisation of 

ageing in the workplace by considering, almost exclusively, chronological age as a driver of 

absenteeism. In particular, thus far, to the best of our knowledge, the literature has not considered 

the role of subjective age perceptions, i.e., “how young or old individuals experience themselves 

to be, (. . .)” (Montepare, 2009, p. 42), although subjective age plays an important role in a person’s 

health and well-being (Barak & Stern, 1986; Kotter-Gruehn, Kornadt, et al., 2015). Even in the 

organisational context, subjective age is a relevant indicator of employee’ health (i.e., stress; 

Barnes-Farrell & Piotrowski, 1989; Barnes-Farrell et al., 2002) and may even drive organisational 

performance (Kunze et al., 2015).  

Second, only a few studies consider absenteeism processes at the team-level of analysis, as 

the majority of studies take an individual perspective on absenteeism (Ng & Feldman, 2008). This 

is surprising, as teamwork and structures are getting more prominent in organisations (Wuchty, 

Jones, & Uzzi, 2007), and first researchers start to treat absenteeism as a unit- or team-level 

property, considering contagion effects and absence cultures as potential mechanisms (e.g., 

Martocchio, 1994; Nicholson & Johns, 1985). In particular, how team age structures affect team 

processes and overall team absenteeism behaviour did not, to the best of our knowledge, received 

any research attention. 

Third, we know that employees’ work conditions and strains affect the sick absence of blue 

and white collar employees differently (Pousette & Hanse, 2002). Furthermore, studies indicate 

that blue and white collar employees have varying work (Hackman & Oldham, 1976) and career 

motives (Schreurs et al., 2011). Nevertheless, no effort was done to investigate the age/ 

absenteeism relationship between white and blue collar employees explicitly, considering their 

different work and career motives. This seems to be particularly relevant for voluntary short-term 

absenteeism behaviour, which is assumed to be driven by motivational rather than health 

impairments (Johns & Al Hajj, 2016). 
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With our study, we try to address these three relevant research gaps and contribute to the 

current age and absenteeism literature in three ways. First, we investigate the interactive effect of 

average chronological age and average subjective age on average short-term absenteeism within 

teams. We use the life-stage concept of SST (Socioemotional Selectivity Theory; Carstensen, 

Isaacowitz, & Charles, 1999), which proposes changing motive structures over the life-course to 

conceptualise how short-term (i.e., less than 3 days) team-level absenteeism behaviours relate to 

the interaction of chronological and subjective team age structures. Thereby we add, as our second 

contribution, to the literature that considers both absenteeism behaviours (Martocchio, 1989) and 

subjective age identities (Kunze et al., 2015) as collective phenomenon, by conceptualising and 

investigating how subjective and chronological age structures relate to team-level absenteeism. 

Third, in line with the applied life-stage motivational concept of SST (Carstensen et al., 1999), we 

assume varying effects of the interaction of average subjective and average chronological age 

structures in white collar compared with blue collar teams. In particular, we argue that the differing 

motives for job and career development trigger short-term absenteeism behaviour differently for 

teams with mostly office tasks with open career perspectives (white collar) even for more 

experienced workers, compared with more routine and physical demanding tasks that often offer 

far less career perspectives (blue collar).  

In sum, our paper aims to enrich theoretical debates in both the absenteeism and 

(subjective) age literature and offers value for practitioners in companies that might want to tailor 

interventions for ageing teams depending on their job profiles. We test our theoretical predictions 

in a large-scale time-lagged data set comprising of 1,015 teams with 12,926 employees.  

 

3.2 Theory and Hypotheses 

3.2.1 Absenteeism as a Team-Level Construct  

Employee absenteeism rates are a core performance indicator for many companies and can 

cause large business costs for firms or even whole economies (Greenwell, 2015). Therefore, it is 
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not surprising that absenteeism has a long research tradition in the field of management and 

organisational behaviour (Darr & Johns, 2008). The vast majority of studies in this field 

conceptualise and investigate absenteeism as an individual-level factor and looked how, for 

example, health (Vargas-Prada et al., 2016; Weng, Ali, & Leonardi-Bee, 2013), age (Martocchio, 

1989), or organisational factors (Farrell & Stamm, 1988) affect perceived or objective absenteeism 

behaviours of employees. Only in the last decade has this perspective partly shifted, and 

researchers have started to consider absenteeism also as a collective construct that can emerge in 

collective entities such as teams (Nielsen, 2008; Rousseau & Aubé, 2013) and work units 

(Hausknecht, Hiller, & Vance, 2008; Kristensen et al., 2006). There is increasing empirical 

evidence that absenteeism within the same organisation is characterised by systematic team-level 

variance, indicating that work teams vary in their average absenteeism level (e.g., Markham & 

McKee, 1995; Mason & Griffin, 2003). Potential explanations for these findings are that team 

members are confronted with similar work environments and events (e.g., they have similar tasks, 

team leaders, or current stress levels) and tend to interact and communicate about similar issues, 

which leads to shared cognitions and related behaviours (Hausknecht et al., 2008). Furthermore, 

teams also tend to develop a specific absenteeism culture (Nicholson & Johns, 1985; Reijenga, 

2006). In consequence, we deem it reasonable and relevant to assess absenteeism behaviours at 

the team level.  

Furthermore, there is a common distinction in the literature between short- and long-term 

absenteeism behaviours (e.g., Hackett, 1990; Martocchio, 1989). While the latter is referring to 

absenteeism for longer time periods (i.e., more than 3 days), which is often caused by serious 

health-issued for which a medical certificate is needed, the former is measuring short absenteeism 

periods (i.e., less than 3 days). This means that short-term absenteeism behaviours are more under 

the motivational control of the employees (Hackett, 1990; Johns & Al Hajj, 2016). In consequence, 

as we are interested in how motivational team processes are affected by team age structures, we 

focus on average team short-term absenteeism behaviours as outcome variables in this study.  
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3.2.2 Average Chronological Age and Average Short-Term Team Absenteeism 

Again, most of the existing research on chronological age and absenteeism take place on 

the individual level of analysis. The empirical evidence as well as theoretical rationales are rather 

mixed. The gerontological ageing literature, for example, postulates that ageing involves both 

losses and gains, and that, while information-processing capacities decrease while ageing, 

information-based reasoning is expected to increase until reaching an older age (Horn & Cattell, 

1967). Further studies find that older individuals are better in regulating their emotions and coping 

with stress (Scheibe & Blanchard-Fields, 2009; Scheibe & Zacher, 2013). On the other hand, high 

chronological age is related to lower physical fitness (Johnson et al., 2009), higher risk of 

cardiovascular diseases (Hawkley et al., 2010), reduced motoric skills (Vieluf et al., 2012), and 

overall clinical health indicators (Ng & Feldman, 2013). Several of these physical declines already 

start during the working life at around 30 years and might affect employees’ physical strength and 

physical flexibility (Faulkner, Larkin, Claflin, & Brooks, 2007). Accordingly, some studies and 

reviews on ageing in the workplace show that increasing age might negatively affect health- and 

performance-related aspects at work (Badura et al., 2014; De Zwart, Frings-Dresen, & Van 

Duivenbooden, 1999). A recent study based on a large sample of employees in Germany, for 

example, shows that, with increasing age, employees perceive more physical and psychological 

strain, experience more accidents at work, and report more work-related health problems (Badura 

et al., 2014).  

Overall, it seems that the chronological age/performance relationship is much more 

complex than being only positive or negative; some researchers even find no relationship between 

chronological age and performance (Ng & Feldman, 2008, 2010). Particularly, absenteeism 

researchers find mixed and even contradictory results for the relationship between chronological 

age and absenteeism (Harrison & Martocchio, 1998; Martocchio, 1989). While some researchers 

(Badura et al., 2014; Bierla et al., 2013) find a positive relationship between chronological age and 

absenteeism, several researchers show negative relationships (Johns & Al Hajj, 2016; Kristensen 
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et al., 2006; Nielsen, 2008) or even no relationship (Hackett, 1990). Meta-analyses on this issue 

do not clarify this question, suggesting that the type of absenteeism (e.g., in terms of frequency 

versus duration; short-term versus long-term absenteeism; absenteeism versus presenteeism) 

might affect the chronological age/ absenteeism relationship (Johns & Al Hajj, 2016; Martocchio, 

1989). Absenteeism researchers postulate that long-term absenteeism is a form of involuntary and 

sickness absence as employees prove it with a doctor certificate (see, e.g., Vahtera et al., 2004). 

Short-term absenteeism in contrast represents voluntary absenteeism, which is related to 

motivational factors rather than severe illness (Thomson, Griffiths, & Davison, 2000; Vahtera et 

al., 2004). Current research state indicates that chronological age is negatively related to short-

term absenteeism (Boeckerman & Laukkanen, 2010; Chadwick-Jones, Nicholson, & Brown, 1982; 

Dillingham, 1981). On the other hand, researchers find a positive relationship between 

chronological age and long-term absenteeism (Charatan, 1984; Ferris, Bergin, & Wayne, 1988; 

Frick & Malo, 2008; Vahtera, Pentti, & Uutela, 1996). The potential explanations for these 

differing empirical results for short- versus long-term absenteeism varies; Dillingham (1981) for 

example assumes that younger employees experience more frequent injuries at work, while other 

researchers argue that older employees show higher commitment to their job and employer 

(Rhodes, 1983; Steers & Rhodes, 1978). The meta-analysis of Martocchio (1989) indicates an even 

more complex relationship between chronological age and short- and long-term absenteeism, as it 

cannot support the abovementioned pattern for chronological age effects on short- (negative) 

versus long-term (positive) absenteeism. In line with the idea that the age/ absenteeism relationship 

requires a more complex perspective, Ahlburg and Kimmel (1986) propose that rather than 

commitment, career ambitions and competition might drive short-term absenteeism behaviour.  

Considering the same effect patterns at the team level of analysis, we expect to find similar 

inconclusive and complex effects, as Nielsen (2008) and Kristensen et al. (2006) mirror individual-

level effects at the unit level and find negative relationships between chronological age and 

absenteeism. In addition, in teams, it seems unlikely that collective short-term absenteeism 
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behaviour is purely affected by the average chronological age of team members. We propose that 

it is rather the collective perception of the subjective age of team members that can explain if a 

team’s average chronological age is positively related to short-term absenteeism behaviour or not. 

 

3.2.3 The Interactive Role of Average Subjective Age for Team-Level Short-Term 

Absenteeism 

As previously explained, we do not expect to find the main effect for average chronological 

age and team-level short-term absenteeism but rather propose that this relationship is contingent 

upon average subjective age perceptions of team members, as these perceptions should be a key 

team process motivating team members to show higher or lower levels of short-term absenteeism 

behaviours. Subjective age has become a variable of interest in recent research approaches on 

ageing (Kotter-Gruehn, Kornadt, et al., 2015; Stephan et al, 2015a). At the individual level of 

analysis, it is related to better physical (e.g., Stephan et al., 2013) and mental health (e.g., Mock & 

Eibach, 2011) as well as to longevity (Westerhof et al., 2014).  

Subjective age shows relationships to individuals’ motivation for self-enhancement 

(Teuscher, 2009) and even affects behavioural outcomes (e.g., Galambos, Albrecht, & Jansson, 

2009; Galambos & Tilton-Weaver, 2000). In the past decades, organisational researchers 

increasingly apply the concept of subjective age in the work context and find that employee’ 

subjective age is related to strain perceptions at work (Barnes-Farrell & Piotrowski, 1991; Barnes-

Farrell et al., 2002). Furthermore, studies show that subjective age relates to employees’ work 

motivation (Akkermans et al., 2016; Kooij et al., 2011) as well as to their motivation to work 

beyond retirement (Kooij et al., 2008). Kunze et al. (2015) even investigate subjective age at the 

organisational level and show that the average organisational subjective age drives organisational 

performance.  

Therefore, and similar to our argumentation for collective team absenteeism behaviours, 

we assume that subjective age perceptions can be treated as collective team phenomenon based on 
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two processes. First, in line with engagement (Harvey & Kou, 2013), absenteeism (Hausknecht et 

al., 2008), and emotion (Knight, Menges, & Bruch, 2017) research, we assume that, within teams, 

adaption and assimilation processes occur that align individual cognitions, such as subjective age, 

with the collective. We assume that collective sense-making (Maitlis & Christianson, 2014) social 

comparison (Greenberg, Ashton-James, & Ashkanasy, 2007) processes occur within teams 

aligning the collective subjective age perceptions. These rationales are in line with recent findings 

in the literature that reported collective (i.e., organisational) consequences of the subjective age 

perceptions of employees (Kunze et al., 2015). Second, the attraction–selection–attrition concept 

(Bretz, Ash, & Dreher, 1989; Schneider, Smith, & Goldstein, 2000) postulates that teams 

experience self-selection, in the sense that employees whose perceptions, attitudes, and behaviour 

are in line with the team stay, while employees who do not share basic attitudes and behaviour are 

more likely to leave. In consequence, we assume a self-selection process through which employees 

with similar subjective age perceptions (low or high) are more likely to group together as a team. 

Conceptually, we base our argumentation for the contextual effect of a team’s average 

subjective age on the socioemotional selectivity theory (SST; Carstensen, 1995; Carstensen et al., 

1999). In general, SST (Carstensen et al., 1999) as a life-stage theory proposes that young 

individuals hold an open-ended future-time perspective (FTP), which makes them strive for long-

term instrumental goals, such as knowledge acquisition and instrumental career goals (Carstensen, 

1993, 1995). Contrary, older individuals have a limited FTP and thus strive for short-term 

rewarding goals, such as good personal relationships, which are emotionally rewarding 

(Carstensen, 1993, 1995; Carstensen et al., 1999). Although the SST (Carstensen et al., 1999) does 

not explicitly address subjective age, as a factor for individual motivation, SST researchers 

(Carstensen, 1995; Carstensen et al., 1999) highlight the subjective nature of their concept on goal 

setting and motivational regulation. Following this perspective of Carstensen et al. (1999), we thus 

assume that subjective age perceptions (i.e., how old a person feels independent from his/her 
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chronological age; Kunze et al., 2015) are relevant to explain, if a team’s chronological age is 

related to short-term absenteeism behaviours.  

In particular, we argue that, in teams with a low average subjective age, employees have 

an open FTP (Carstensen & Lang, 1996) and thus keep a promotion focus for their job and career-

motivation, even if they are chronologically old. On the other hand, teams who feel older on 

average (high-average subjective age) hold a limited perspective on their future time and shift their 

focus to emotional and short-term rewarding goals, such as personal relationships and private life 

(Carstensen, 1993; Carstensen et al., 1999) at the expense of work and career-related goals. Such 

a motivational context role of collective subjective age perceptions should be particularly relevant 

for a team’s short-term absenteeism behaviour, which is highly influenced by individual and team 

motivational states (Johns & Al Hajj, 2016). This assumption is in line with that of Akkermans et 

al. (2016), who show that an open life-time and opportunity perspective is related to higher 

intrinsic and extrinsic motivation as well as motivation to continue working (Carstensen, 2006). 

Summarising our argumentation, we propose that subjective age as a collective team 

property functions as a boundary condition for the relation between average chronological age and 

the rather motivational-oriented short-term absenteeism behaviours within a team. More 

specifically, teams with older members and, hence, a relative high-average chronological age 

should only show increased levels of collective short-term absenteeism behaviours, when they 

also, on average, feel old. Based on SST (Carstensen et al., 1999), feeling older creates an overall 

limited FTP in the team that collectively reduces its motivation to show limited short-term 

absenteeism behaviours in order to reach future work and career goals. In contrast, teams that have 

a relative high-average chronological age, but feel subjectively young, should not show increased 

levels of absenteeism behaviours, as the team members share a rather open-ended time perspective 

that should increase their motivation to prevent short-term absenteeism in order to reach future 

work and career goals. In summary, we propose the following first hypothesis: 
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Hypothesis 1: A team’s average subjective age moderates the relationship between a 

team’s average chronological age and average absenteeism such that the relationship is 

non-significant when average subjective age is low and positive when the average 

subjective age is high. 

 

3.2.4 Differing Effect for Blue and White Collar Teams 

In the final step of our argumentation, we propose that the abovementioned moderation 

effect differs between white and blue collar teams, based on varying motivational and general job 

conditions. We argue, in line with SST (Carstensen et al., 1999), that job motivation and career 

ambitions affect short-term absenteeism behaviour and that this motivation is a result of an open 

or limited time perspective (Lang & Carstensen, 2002). 

In Hypothesis 1, we propose that, rather than the average chronological age, the interaction 

between average chronological and average subjective age drives the time perspective and 

motivational forces of team members and thus affects short-term absenteeism behaviour in teams. 

Now we extend this assumption, postulating that the job type of the team (white collar versus blue 

collar jobs) affects the interactive effect of average chronological and average subjective age on 

average short-term absenteeism because of the different job and career opportunities in these teams 

(Thomas, 1989). We build our hypothesis based on the idea that, compared with white collar jobs, 

blue collar jobs have, on average, less growth and development perspectives (Hackman & Oldham, 

1976; Mustosmaeki, Oinas, & Anttila, 2017) and less ambitions to develop their full potential 

(Lips-Wiersma, Wright, & Dik, 2016). We assume similar conditions in our sample, as the 

observed blue collar teams performed routine sorting and delivery tasks, with limited vertical 

career opportunities, whereas white collar teams had back-office and management tasks in a 

company’s headquarters with multiple growth and career opportunities.  

These assumptions are also supported in the retirement entry research, which show that 

blue collar jobs have higher early retirement rates compared with those of white collar jobs, in 
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which employees often chose bridge employment opportunities (Schreurs et al., 2011), indicating 

a differing motivation and development perspective between white and blue collar employees. 

Furthermore, Pousette and Hanse (2002) show that, in blue collar jobs, the actual workload is the 

critical factor for employee’ health and absenteeism, while in white collar jobs, primary cognitive 

aspects (i.e., job satisfaction) affect absenteeism behaviour.  

Following this rationale, we assume that, in blue collar teams, an adaption of the collective 

subjective age has less potential to affect short-term absenteeism behaviours of chronologically 

ageing team members, as an altering of the FTP cannot affect the non-existent career perspectives 

and related behaviours, such as short-term absenteeism. In consequence, we expect that the 

proposed interactive effect of average chronological age and average subjective age is not present 

in blue collar teams, indicated by non-significant simple slopes for neither high nor low levels of 

average subjective age.  

In contrast, in white collar teams, we expect to find even increasing effects of an altered 

average subjective age on the relationship between average chronological age and short-term 

absenteeism. Based on our prior argumentation with SST (Carstensen et al., 1999), we assume that 

white collar team members should perceive relative large career and growth potentials throughout 

their whole work-life. As such, adapting their FTP through a higher or lower average subjective 

age should have a relatively strong impact on the short-term absenteeism behaviours of ageing 

team members. In line with Hypothesis 1, we would expect that, in these white collar teams, a 

high-average subjective age leads to a positive and significant relationship between average 

chronological age and short-term absenteeism. The explanation is that these subjectively older 

teams should have a limited FTP, which should affect the team member’s career-related 

behaviours, such as short-term absenteeism behaviours. For white collar teams with a low average 

subjective age, we would expect to see a buffering effect, leading to a non-significant slope 

between average chronological age and short-term absenteeism, as an altered FTP should motivate 

team members to show less absenteeism behaviours to preserve their career potentials.  
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In sum, and based on the abovementioned arguments, we assume a three-way interactive 

effect of average chronological age, average subjective age, and job type on average short-term 

absenteeism. Consequently, we propose the following second hypothesis:  

Hypothesis 2: The moderating effect of average subjective age on the average 

chronological age/ average absenteeism relationship is more pronounced for white collar 

teams than for blue collar teams. In white collar teams, with an average high subjective 

age, average chronological age is related to higher average short-term absenteeism, while 

for white collar teams with an average low subjective age, average chronological age is 

unrelated to average short-term absenteeism. For blue collar teams, there is neither a 

relationship between chronological age and short-term absenteeism for high-average 

subjective age nor for low average subjective age.  

 

3.3 Methods 

3.3.1 Sample 

The sample for this study consisted of data from overall 1,01521 work teams based on 

12,926 employees of a large Swiss service company, offering logistic services as well as 

distribution operation services. In particular, we gathered data from three departments with 

different functions: the administration department, the department for sorting service, and the 

delivery service department. The company provided data about its work teams based on three data 

sources across two measurement points. First, objective archival data were collected from the 

company’s employee records at Time Point 1 (T1, 2014) and Time Point 2 (T2, 2015) with a 12-

month time lag. As a second data source, we used data from a general employee survey (Survey 

1) at T1. The third data source was a specific health survey (Survey 2) at T1. Both surveys were 

based on employee self-reports. From the archival data of T1, we used demographic information 

                                                            
21 For some variables, more information was available. For most of the control variables, 1,015 teams were 
available, while we had data from 1,045 teams for the outcome variable. 
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(average chronological age, average tenure, average team size, average percentage of female 

employees, chronological age diversity, average short-term absenteeism T1), while from the 

archive data set from T2, we used only teams’ average short-term absenteeism records. Information 

on average subjective age and multiple controls was collected from the general employee survey 

and the health survey at T1. We also control for a general absenteeism measure at T1 to account 

for the change of the absenteeism behaviour in the covered time period, and thus establish the 

temporal order of our effects.22  

Overall, the work teams consisted of 14.7823 employees on average (SD = 7.54) with an 

average chronological age of 46.59 years (SD = 4.57) and mostly male team members (56.5%) 

(see Table 3.1). An average, the subjective age of 42.61 (SD = 5.47) indicated that employees felt 

3.98 years younger compared with their chronological age. On average, we received complete data 

of the general employee survey from 10.86 employees per team, and 9.82 employees completed 

the health survey per team. For our hypotheses and theoretical considerations, we assigned the 

1,015 teams from the three departments (administration, sorting service, delivery service) into 

white collar (administration: 60 teams) and blue collar teams (sorting service, delivery service: 

95524 teams); white collar teams had an average size of 9.12 (SD = 4.68), with an average 

chronological age of 42.93 years (SD = 5.47), mostly male employees (76.5%), and felt on average 

3.94 years younger, with an average subjective age of 38.99 (SD = 6.39). Blue collar teams 

consisted of on average 15.14 (SD = 4.04) employees with on average 44.2% female workers, had 

an average chronological age of 46.82 years (SD = 4.41) and felt 3.98 years younger (SD = 3.64), 

with an average subjective age of 42.84 (SD = 5.33).  

                                                            
22 We tested a model controlling only for average short-term absenteeism T1 and a model controlling for both short-
term T1 and long-term absenteeism T1 separately. Results show that the three-way interaction stays significant in 
both cases. This strengthen our results and justify our control variables choice. 
23 For internal anonymity reasons of the company, teams with less than seven employees or less than seven survey 
results were excluded from all team data sets. 
24 For most of the control variables, 958 teams were available, while we had data from 980 teams for the outcome 
variable. 
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Table 3.1 Descriptive statistics and correlations 
Variable M SD 1 2 3  4 5 6 7 8 9  

1 Average short-term absenteeism T2  .49 .33                             

2 Average chronological age T1 46.59 4.57 -.16 ***                          

3 Average subjective age T1 42.61 5.47 -.11 *** .70 ***                       

4 Job type T1 .06 .24 .29 *** -.20 *** -.17 ***                    

5 Average tenure T1 12.70 .09 -.27 *** .50 *** .45 *** -.16 ***                 

6 Average team size T1 14.78 .14 -.08 ** .06   .03   -.33 *** .07 *              

7 Average percentage of female employees T1 .44 .01 .05 .10 ** -.02   -.13 *** -.30 *** .19 ***           

8 Average subjective physical health T1 73.02 .24 -.10 *** -.18 *** -.39 *** .12 *** -.17 *** .05   .00          

9 Average subjective psychological health T1 76.11 .25 -.03   -.04   -.31 *** .03   -.11 *** .02   .10 ** .63 ***     

10 Average job satisfaction T1 75.64 .24 -.04   .05   -.13 *** .10 ** -.06   .04   .22 *** .36 *** .47 *** 

11 Average organisational identification T1 81.56 .23 .04   .08 * -.13 *** .09 ** -.08 * -.04   .17 *** .32 *** .42 *** 

12 Average turnover intention T1 80.78 .29 .07 * .03   -.17 *** .10 *** -.19 *** -.01 .24 *** .27 *** .39 *** 

13 Average engagement T1 86.52 .23 .02   .11 *** .05   .10 ** -.01   -.08 ** .18 *** .29 *** .35 *** 

14 Average job sense-making T1 83.65 .20 -.15 *** .12 *** .00   -.01   .04   -.02   .08 * .31 *** .36 *** 

15 Average perceived participation T1 75.44 .23 -.02   .03   -.13 *** .17 *** .03   -.10 ** .08 ** .34 *** .44 *** 

16 Average perceived leadership support T1 78.87 .31 -.10 ** .07 * .06   .02   .01   .03   .07 * .26 *** .36 *** 

17 Average perceived team support T1 77.91 .33 .05   .01   -.07 * .09 ** -.02   .12 *** .06   .28 *** .35 *** 

18 Average development opportunities T1 68.08 .28 .09 ** -.11 *** -.24 *** .28 *** -.18 *** -.14 *** .09 ** .35 *** .36 *** 

19 Chronological age diversity T1 9.46 .09 .02   -.38 *** -.21 *** -.08 ** -.10 *** .06   -.05   .04   -.02   

20 Subjective age diversity T1 11.35 .12 .02   -.08 ** .20 *** -.13 *** .04   .09 ** -.09 ** -.16 *** -.15 *** 

21 Average total absenteeism T1 .05 .04 .15 *** .02   .05   -.11 *** .00   .18 *** .09 ** -.22 *** -.10   

Note: N = 1,015; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing; reliability values are in parentheses. All variables represent average team values. Turnover Intention is measured with 
reverse-coded items; positive values indicate intentions to stay; M = mean; SD = standard deviation; T1 = Time 1; T2 = Time 2. 
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Table 3. 1 Descriptive statistics and correlations (continued) 

 Variable 10 11 12 13 14 15 16 17 18 19  20 

1 Average short-term absenteeism T2                               

2 Average chronological age T1                              

3 Average subjective age T1                              

4 Job type T1                              

5 Average tenure T1                              

6 Average team size T1                              

7 Average percentage of female employees T1                              

8 Average subjective physical health T1                              

9 Average subjective psychological health T1                              

10 Average job satisfaction T1 (.91)                             

11 Average organisational identification T1 .77 *** (.89)                          

12 Average turnover intention T1 .70 *** .74 *** (.80)                       

13 Average engagement T1 .64 *** .60 *** .62 *** (.91)                     

14 Average job sense-making T1 .59 *** .63 *** .48 *** .55 *** (.76)                 

15 Average perceived participation T1 .71 *** .53 *** .52 *** .52 *** .61 *** (.84)              

16 Average perceived leadership support T1 .58 *** .48 *** .41 *** .42 *** .45 *** .63 *** (.95)           

17 Average perceived team support T1 .52 *** .47 ** .36 *** .41 *** .43 *** .57 *** .67 *** (.91)         

18 Average development opportunities T1 .56 *** .58 *** .54 *** .48 *** .42 *** .59 *** .40 *** .36 ***     

19 Chronological age diversity T1 -.09 ** -.11 *** -.14 *** -.11 *** -.07 * .58   -.07 * -.06 * .00     

20 Subjective age diversity T1 -.19 *** -.19 *** -.16 *** -.16 *** -.16 *** -.20 *** -.12 *** -.14 *** -.15 *** .35 ***   

21 Average total absenteeism T1 -.12 *** -.06   -.05  -.09 ** -.08 ** -.08 * -.12 *** -.11 *** -.05 *** .02   .05 

Note: N = 1,015; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing; reliability values are in parentheses. All variables represent average team values. Turnover Intention is measured with 
reverse-coded items; positive values indicate intentions to stay; T1 = Time 1; T2 = Time 2. 
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3.3.2 Measures 

The archival data from T1 and T2 contained information from all employees of the three 

departments. Thus, we had objective, valid, and reliable quantitative information for our 

independent variable (average chronological age), our dependent variable (average short-term 

absenteeism), and some of the control variables (average percentage of female employees, 

average team size, average tenure, chronological age diversity). The data from the two 

employee surveys were based on employee self-reports and included our moderator variable 

(average subjective age) and some control variables.25 As Switzerland has three official 

languages, the company distributed the surveys in German, French, and Italian. The company 

collected the employee survey data (survey 1 and 2) at the individual level and subsequently 

aggregated the data to the team level.26 Most survey items were measured on a 6-point 

agreement scale (1 = “I do not agree at all” to 6 = “I fully agree”). Table 3.1 presents all 

variables, their mean scores, standard deviations, and Cronbach’s alphas. In the following, we 

describe all variables in more detail.  

Average chronological age (T1). The company provided birth dates for each full-time 

employee of the three departments, allowing us to calculate the exact chronological age (for 

data handling reasons, rounded to full months) for each employee at the time of data gathering. 

This measurement is more exact than simply asking individuals to disclose their age in years 

(e.g., 46 years old). We aggregated this information to capture the average chronological age 

per team. 

                                                            
25 Because an external service company is responsible for the construction and data management of the employee 
survey, not all measures origin from scentific sources. Nevertheless, the questions are very similar to established 
items. For example, one item from the organisational identification measure in my study is “I am proud to work 
for [my company]”. This item is very similar to the item “I am proud to work in this organisation.” from 
Cheney’s (1982) Organisational Identification Questionnaire.  
26 I received the employee survey data solely at the team level. Thus, the aggregation statistics are not available 
for this data. Nevertheless, I received standard deviations and means for all variables and items. 
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Average short-term absenteeism (T2). Similar to chronological age, absenteeism data 

were available at an individual employee level, but, for our analyses, we aggregated them to 

the team level. We obtained data from the company records that summarise absenteeism for a 

period of 12 months preceding measurement point T2. Thus, short-term absenteeism represents 

the percentage of the amount of target hours that team members did not work because of short-

term absenteeism during those 12 months.  

Average subjective age (T1). We retrieved the average subjective age data from the 

employee health survey, and we assessed it using a well-established and frequently applied one-

item measurement (Barnes-Farrell & Piotrowski, 1989; Kunze et al., 2015). Employees 

answered the question: “Independent from your actual (chronological) age, how old do you 

feel?” We received the subjective age data in the form of aggregated team scores at the team 

level (mean scores).  

Job type (T1). In our sample, we differentiated between blue collar (delivery and sorting 

functions) and white collar (administration functions) jobs. According to company job 

descriptions as well as confirmed by responsible HR managers, employees in the sorting and 

delivery departments had a mainly physically demanding job (blue collar), while employees in 

the administrative functions experience primarily psychological demands (white collar).27 We 

coded the variable job type as a dummy variable based on the data from the company data 

system (blue collar = 0; white collar = 1).  

Control variables (T1). I retrieved the data for the control variables from the company 

archive and from the employee surveys provided by an external service company. We included 

17 control variables in our analyses, which have shown relationships with absenteeism or 

                                                            
27 To ensure that we correctly allocate blue collar leaders to the blue collar job type, we gathered information 
about the job characteristics of blue collar leaders. Based on interviews with HR managers, we know that blue 
collar leaders do the same job as their subordinates with the additional task to organise team meetings and work 
plans as well as manage internal communications. Thus, we justify the classification of blue collar leaders to the 
blue collar job type. 
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chronological age effects in other studies. First, we included the average team tenure as a 

control in our analysis because interactive psychology approaches reason that employees with 

high tenure show less absenteeism (Johns & Al Hajj, 2016). Second, we included average team 

size, as we assume that it affects team short-term absenteeism in the sense that, in smaller teams, 

fewer employee resources are available to compensate absenteeism, which might reduce short-

term absenteeism behaviour. Third, as several studies find a significant gender difference for 

the age–absenteeism relationship (Martocchio, 1989), we controlled for the average 

percentage of female workers within each team. Fourth and fifth, we controlled for both 

average subjective physical health and average subjective psychological health with two 

one-item measurements (“All in all, how would you rate your health status? In general, my 

physiological/ psychological health is. . .” 1 = bad to 5 = excellent), as both show to explain a 

large amount of variance in absenteeism (Darr & Johns, 2008). Sixth, as employees who are 

not satisfied with their current job show significantly more absenteeism than do satisfied 

employees (Diestel, Wegge, & Schmidt, 2014), we controlled for the average job satisfaction 

with a two-item scale (sample item: “Overall, how satisfied are you with your current job 

situation?”; Cronbach’s alpha α = .91). Seventh, we included average organisational 

identification with two items (sample item: “I am proud to work for [my company]”; 

Cronbach’s alpha α = .89), as employees’ identification with an organisation is related to their 

withdrawal and absenteeism behaviour (Van Knippenberg, Van Dick, & Tavares, 2007). We 

used average turnover intention as the eighth control variable with two reverse-coded items 

(Cronbach’s alpha α = .79), asking employees, for example, if they would still like to work for 

their company in 2 years (Farrell & Stamm, 1988) because meta-analytical results show strong 

positive correlations between employee’ turnover and absenteeism (Mitra, Jenkins, & Gupta, 

1992). Ninth, we assessed average work engagement with two items (sample question: “I am 

willing to show above-average performance for my department”; Cronbach’s alpha α = .91), as 

employees who are more engaged in their job are less likely to miss their job obligations and 
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be absent (Schaufeli, Bakker, & Van Rhenen, 2009). Tenth, we captured average job sense-

making with two items (sample item: “If I come home after work, I feel that I have done 

something meaningful”; Cronbach’s alpha α = .76), as meta-analytical results suggest that 

perceiving one’s own work as important and relevant is negatively related to employee 

absenteeism (Farrell & Stamm, 1988). The job demands resource model (Demerouti et al., 

2001) assumes that the participation in job relevant decisions is a resource to prevent work-

related health issues. Thus, we next measured the average perceived participation with three 

items (sample item: “I can contribute my perspective if it comes to decisions that are relevant 

for my work”; Cronbach’s alpha α = .84). Twelfth, we measured average perceived leadership 

support with a four-item measure, e.g., asking employees to rate if their supervisor offers 

constructive feedback about their work (Cronbach’s alpha α = .95), as meta-analyses review 

supervisory support is an impact factor on employee’ absenteeism (Frooman, Mendelson, & 

Murphy, 2012). Additionally, Schaufeli et al. (2009) underline the role of social support for 

employee engagement and absenteeism. Thus, average perceived team support functioned as 

our thirteenth control variable with two items, e.g., “In my team, we support each other at work” 

(Cronbach’s alpha α = .91). Furthermore, we inserted average development opportunities as 

the fourteenth control (two-item measure; sample item: “I am willing to develop my career even 

if I have to put extra effort on it” Cronbach’s alpha α = .77) because learning and development 

opportunities have shown to be indirectly related to absenteeism (Schaufeli et al., 2009). The 

last three variables functioned as statistical control variables. We included average total 

absenteeism from T1 (2014), as both types of prior absenteeism behaviours (long-term and 

short-term) should be main drivers of current absenteeism behaviour. Furthermore, we 

controlled for the standard deviation of chronological age (chronological age diversity) and 

subjective age (subjective age diversity) in the teams in order to ensure that the variability 

within the teams does not affect or bias our findings. Including these three controls strengthens 

our interpretation of the results.  
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3.3.3 Analytical Approach 

To answer the proposed research question and test the outlined hypotheses, we 

conducted regression analysis in SPSS 24. Prior to the analytical procedures, we standardised 

the independent variables, the moderator, and the control variables except job type (dummy). 

As our dependent measure (short-term absenteeism) violates the normality distribution 

assumption, we ran all our regression analysis based on robust standardised residual errors with 

the RLM package (Darlington & Hayes, 2016) to increase the robustness and reliability of our 

results. We split the analyses into three main steps to test our hypotheses. In the first step, we 

tested the direct effect of average chronological age, average subjective age, and job type on 

average short-term absenteeism (dependent variable) with a regression analysis, including all 

control variables. Second, we added the interaction of average subjective and average 

chronological age to test Hypothesis 1 and plotted the interaction graph as recommended by 

Aiken and West (1991). Subsequently, we calculated simple slope tests for the interaction 

between average chronological age and average subjective age (according to Aiken & West, 

1991; Jaccard & Turrisi, 2003) for high (−1 SD) and low (+1 SD) values of the moderator 

(average subjective age). We ran separate slope tests for the high and low expression of average 

subjective age. A significant main effect (of average chronological age) confirms a significant 

slope testing, indicating that the slope under high or low average subjective age is significant. 

In the third step, we tested the three-way interaction among average chronological age, average 

subjective age, and job type (white collar versus blue collar) on average short-term absenteeism. 

Therefore, we created all two-way interaction terms between the three variables as well as the 

three-way interaction (average chronological age × average subjective age × job type). We 

inserted all interactions in our regression analysis, including all control variables. For a detailed 

understanding of the three-way interaction, we plotted the slope graphs. Additionally, we ran 

slope tests to show slope significances for all combinations of high (−1 SD; feeling old) and 
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low (+1 SD; feeling young) average subjective age and high (−1 SD; white collar) and low (+1 

SD; blue collar) job type.  

To show the robustness of our results, we ran all analysis without control variables. We 

also ran the same three-way interaction model as a simple ordinary least square (OLS) 

regression. We observe that OLS regression results show similar effects for the proposed 

relationships. Furthermore, we tested if the exclusion of potential absenteeism outliers (> 2 SD) 

would change the results.28  

 

3.4 Results 

We present inter-correlations for all considered variables in Table 3.1. The results show 

a significant small and negative correlation between average chronological age and average 

short-term absenteeism (r = −.16; p ≤ .001). The correlation between average subjective age 

and average short-term absenteeism is significant but weak (r = −.11; p ≤ .001). As expected, 

average chronological and average subjective age are highly correlated (r = .70; p ≤ .001). 

We calculate all variance inflation factor (VIF) values to test for multicollinearity and 

find that all VIF values for the main effects are lower than five (VIFs < 5).29 We observe the 

only higher VIF value for the two-way interaction between average chronological age and job 

type (VIF = 8.99). As this value is still in an acceptable range (VIF < 10), particularly for 

interaction terms, we assume that we can neglect multicollinearity as a potential biasing factor. 

Overall, our further robustness-tests make us confident about the strength and reliability of our 

results.  

Model 1 in Table 3.2 shows that average chronological age is not related to average 

short-term absenteeism (t = −1.46; B = −.03; ns). This suggests that teams with higher average 

                                                            
28 All results of these robustness-tests are available upon request from the first author. 
29 To reach the VIF values, we replicate our results with OLS regression techniques leading to similar regression 
coefficients as our main analyses, thus increasing the confidence in the robustness of our results. 
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Table 3.2 Regressions on average short-term absenteeism T2 
  Daily relative subjective age 
  Model 1: Interaction stress Model 2: Interaction positive work event Model 3: Interaction negative work event 
  Predictors Estimate SE 95% CI Estimate SE 95% CI Estimate SE 95% CI 

  Intercept .47 .01 *** [ .45 ; .49 ] .43 .01 *** [ .41 ; .46 ] .45 .01 *** [ .42 ; .47 ] 
 Control variables Average tenure T1 -.08 .02 *** [ -.11 ; -.05 ] -.08 .01 *** [ -.11 ; -.05 ] -.07 .01 *** [ -.09 ; -.04 ] 
  Average team size T1 -.01 .01 *** [ -.04 ; .01 ] -.01 .01 *** [ -.03 ; .02 ] -.01 .01 *** [ -.04 ; .01 ] 
  Average percentage of female employees T1 .00 .01   [ -.03 ; .02 ] .00 .01   [ -.03 ; .02 ] .00 .01   [ -.03 ; .02 ] 
  Average subjective physical health T1 -.06 .01 *** [ -.08 ; -.03 ] -.06 .01 *** [ -.08 ; -.03 ] -.06 .01 *** [ -.08 ; -.03 ] 
  Average subjective psychological health T1 .03 .01 * [ .00 ; .06 ] .03 .01 * [ .00 ; .05 ] .03 .01 * [ .01 ; .06 ] 
  Average job satisfaction T1 -.03 .02   [ -.07 ; .01 ] -.03 .02   [ -.07 ; .00 ] -.03 .02   [ -.07 ; .01 ] 
  Average organisational identification T1 .05 .02 * [ .00 ; .09 ] .04 .02   [ .00 ; .08 ] .04 .02 * [ .00 ; .09 ] 
  Average turnover intention T1 .01 .02   [ -.03 ; .04 ] .01 .02   [ -.02 ; .05 ] .02 .02   [ -.02 ; .05 ] 
  Average work engagement T1 .02 .01   [ .00 ; .05 ] .03 .01   [ .00 ; .06 ] .02 .01   [ -.01 ; .05 ] 
  Average job sense-making T1 -.06 .02 *** [ -.09 ; -.03 ] -.05 .02 *** [ -.08 ; -.02 ] -.05 .02 *** [ -.08 ; -.02 ] 
  Average perceived participation T1 .01 .02 [ -.02 ; .04 ] .01 .02   [ -.03 ; .04 ] .01 .02   [ -.02 ; .04 ] 
 Average perceived leadership support T1 -.02 .02   [ -.05 ; .01 ] -.02 .02   [ -.05 ; .01 ] -.02 .02   [ -.05 ; .01 ] 
 Average perceived team support T1 .00 .02   [ -.03 ; .03 ] .00 .02   [ -.03 ; .03 ] -.01 .02   [ -.04 ; .02 ] 
 Average development opportunities T1 .01 .01   [ -.02 ; .04 ] .01 .01   [ -.02 ; .04 ] .01 .01   [ -.02 ; .03 ] 
 Chronological age diversity T1 -.01 .01   [ -.04 ; .01 ] .00 .01   [ -.02 ; .03 ] .01 .01   [ -.02 ; .03 ] 
 Subjective age diversity T1 .00 .01   [ -.02 ; .02 ] .01 .01   [ -.01 ; .03 ] .01 .01   [ -.01 ; .03 ] 
 Average short-term absenteeism T1 .05 .01 *** [ .03 ; .07 ] .05 .01 *** [ .03 ; .06 ] .04 .01 *** [ .03 ; .06 ] 
Main effects Average chronological age (ACA) T1  -.03 .02   [ -.06 ; .01 ] -.01 .02   [ -.04 ; .03 ] .00 .02   [ -.04 ; .03 ] 
 Average subjective age (ASA) T1  .02 .02   [ -.01 ; .05 ] .01 .02   [ -.03 ; .04 ] .01 .02   [ -.02 ; .04 ] 
 Job type T1 .33 .07 *** [ .19 ; .46 ] .31 .06 *** [ .19 ; .43 ] .19 .07 ** [ .06 ; .31 ] 
Interaction Terms Interaction ACA*ASA      .04 .01 *** [ .02 ; .07 ] .02 .01 * [ .00 ; 04 ] 
 Interaction ACA*job type            .11 .10   [ -.09 ; .30 ] 
  Interaction ASA*job type            .05 .08   [ -.10 ; .20 ] 
  Interaction ACA*ASA*job type            .17 .05 *** [ .08 ; .25 ] 
  Adjusted R² .20  ***      .23  ***  .26  ***        
  ∆ R²    .03   *** .03   ***   

 Note: N = 1,015; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing. All independent variables are z-standardised; SE = standard error; CI = confidence interval; T1 = Time 1; T2 = 
Time 2. 
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chronological age do not necessarily show increased short-term absenteeism and are in line 

with our theoretical predictions, where we do not propose a main effect of average 

chronological age on team absenteeism behaviours. Results show that white and blue collar 

teams differ in terms of short-term absenteeism, indicating that white collar teams show on 

average higher short-term absenteeism rates than do blue collar teams (t = 4.88; B = .33; p ≤ 

.001; Model 1, Table 3.2) 

Furthermore, we investigate the interactive effect of average chronological and average 

subjective age on average short-term absenteeism (Hypothesis 1). The interaction term turn out 

to be significant (t = 3.90; B = .04; p ≤ .001; Model 2, Table 3.2), indicating that average 

subjective age functions as a moderator in the average chronological age/ average short-term 

absenteeism relationship. For a better understanding of the moderating effect, we plot the 

proposed relationships (see Figure 3.1).  

 

 

Figure 3.1 Two-way interaction between average chronological age T1 and average subjective 

age T1 on average short-term absenteeism T2 
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The graphs in Figure 3.1 suggests that teams feeling older increases the relationship 

between average chronological age and collective short-term absenteeism behaviours, whereas 

for teams feeling younger reduces the relationship between average chronological age and 

collective short-term absenteeism behaviours. Additionally, we run simple slope tests to 

understand if the two slopes are significant. Results indicate that Slope 1 (Figure 3.1), under 

the condition of high-average subjective age (average chronological age: t = 1.79; B = .04; ns), 

is not significant; but Slope 2, under the condition of low average subjective age (average 

chronological age: t = −2.54; B = −.05; p ≤ .05), is significant. Thus, our data only partly support 

Hypothesis 1; while, as expected, the two-way interaction between average chronological age 

and average subjective age is significant, and graphic illustration and simple slope testing 

indicate that feeling younger significantly decreases the relationship between a team’s 

chronological average age and short-term absenteeism, feeling older has no significant effect 

on the relationship between average chronological age and team-level short-term absenteeism, 

which is contrary to our expectations.  

For Hypothesis 2, we test if the direction and strength of the interactive effect of average 

chronological and average subjective age on average short-term absenteeism depends on the 

job type (white collar versus blue collar). The three-way interaction is significant with t = 3.66, 

B = .17 and p ≤ .001 (Model 3, Table 3.2), suggesting that the interaction effect between average 

chronological and average subjective age on average short-term absenteeism differs between 

white collar and blue collar teams. Following the recommendation of Jaccard and Turrisi 

(2003), we plot the three-way interaction to understand the form of the interactions (see Figure 

3.2).  

Figure 3.2 shows that, for the condition of low average subjective age, there neither 

seems to be a relevant relationship between average chronological age and short-term 

absenteeism for white collar teams (Slope 3) nor for blue collar teams (Slope 4). In contrast, 

Figure 3.2 shows that, for the high average subjective age condition, the relationship between 
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average chronological age and short-term absenteeism is positive for white collar teams (Slope 

1) and negative for blue collar teams (Slope 2). We strengthen this observation by simple slope 

testing of each individual slope, showing that neither Slope 3 (low average subjective age/white 

collar teams; t = −1.04; B = −.09; ns) nor Slope 4 (low average subjective age/blue collar teams; 

t = .35; B = .03; ns) are significant. Furthermore, Slope 2 (high-average subjective age/blue 

collar teams; t = −1.90; B = −.25; ns) is not significant, and only Slope 1 (high-average 

subjective age/white collar teams; t = 2.29; B = .29 and p ≤ .05) has a significant effect, for our 

hypothesised relationship between average chronological age and average short-term 

absenteeism. In summary, this indicates that, based on the three-way interaction tests, we only 

see a statistical significant and positive relationship between average chronological age for 

teams that feel older and perform white collar tasks; whereas, for the other three conditions, 

there is no statistical relationship between average chronological age and short-term 

absenteeism, which offers partial support for Hypothesis 2. 

 

 

Figure 3.2 Three-way interaction between average chronological age T1, average subjective 

age T1, and job type T1 on average short-term absenteeism T2  
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3.5 Discussion 

Overall, our results support most of our hypotheses (partial support for Hypothesis 1 

and Hypothesis 2), which show that the chronological age/ absenteeism relationship in teams 

depends on two aspects: the average team’s subjective age and the job type. In line with our 

assumptions, we do not see a significant main effect for average chronological age and average 

subjective age but a significant interactive effect of the two variables on average short-term 

absenteeism within teams (Hypothesis 1). Furthermore, as proposed in Hypothesis 2, this 

interaction differs between white and blue collar teams, as indicated by a significant three-way 

interaction effect among average chronological age, average subjective age, and job type on 

average short-term absenteeism. This suggests that high chronological age only leads to higher 

absenteeism among white collar teams with an average high subjective age. This effect appears 

neither for white collar teams that feel young on average nor for blue collar teams with an on 

average high and low subjective age.  

 

3.5.1 Theoretical Contributions  

Our findings extend and integrate the (subjective) ageing and absenteeism literature in 

several ways. First, we add a team perspective to the research on the age/ absenteeism 

relationship (Ng & Feldman, 2008) and show that it is the interaction of average chronological 

age and average subjective age rather than the pure chronological age of team members that 

drives team-level absenteeism behaviours. As such, we see similarities to research on the 

individual level that also report small and often inconsistent direct effects of chronological age 

and absenteeism behaviours (Martocchio, 1989).  

In doing so, we also integrate, as our second contribution, the life-stage approach of SST 

(Carstensen et al., 1999) as a factor to explain the boundary effects of collective subjective age 

perception in teams for the average age/ absenteeism relationship. In line with our theoretical 

predictions, a team’s chronological age is unrelated to short-term team absenteeism behaviours, 



 
 

91 
 

when the average subjective age is high and significantly negatively related to short-term 

absenteeism behaviours, when the average subjective age is low. This indicates that teams 

might even be able to show decreased absenteeism behaviours, when they have higher average 

chronological age, by lowering their collective subjective age perceptions, whereas having a 

higher collective subjective age does not affect absenteeism behaviours for ageing teams. As 

mentioned earlier, we do not find a significant interaction slope for average high subjective age 

(Slope 1). Nevertheless, we see in Figure 3.1 the trend that in on average young teams, a high-

average subjective age might reduce even average short-term absenteeism (Slope 2). 

Our findings are in line with our theoretical assumptions that subjective age perceptions 

can be taken as a proxy for differing career ambitions based on differing goal-setting strategies 

(SST; Carstensen et al., 1999) within teams. Building on the idea of Carstensen et al. (1999), 

we postulate that team members with an average high subjective age have a limited career 

perspective and thus invest in fewer resources, time, and effort in development and career goals 

(Lips-Wiersma et al., 2016). Short-term absenteeism, often referred to as voluntary 

absenteeism, results from motivational forces rather than from the actual health status (Johns & 

Al Hajj, 2016; Vahtera et al., 2004) and is thus likely to be affected by motivational differences 

within teams, such as average subjective age perceptions. Interestingly, the collective adoptions 

of subjective age perceptions and related different motives seem to create an environment that 

allows chronological older teams to show even fewer short-term-related absenteeism 

behaviours than younger teams. Thus, the application of life-stage theories of SST (Carstensen 

et al., 1999) allows us to understand the differing effects of average chronological age in teams 

with a collectively old versus young subjective age identity that is shaped by processes of 

adaption and assimilation, collective sense-making (Maitlis & Christianson, 2014), and the 

attraction–selection–attrition concept (Bretz et al., 1989; Schneider et al., 2000). Thereby, we 

also add to the emerging literature that considers subjective age as collective phenomenon 

(Kunze et al., 2015).  
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Third, we further fine-grain our empirical findings and conceptual contribution by 

extending our argumentation on subjectively younger versus older teams to the different task 

structure of teams. In particular, we assume and find that, in jobs, where career and development 

opportunities are limited, i.e., blue collar teams (Lips-Wiersma et al., 2016; Mustosmaeki et al., 

2017), the interactive effect of average chronological and average subjective age on short-term 

absenteeism is not as strong (and even insignificant) as in white collar teams, which have more 

potential for development and career opportunities (Mustosmaeki et al., 2017). In particular, 

only white collar teams, which feel older, demonstrate a positive relationship between average 

chronological age and short-term absenteeism behaviours; whereas, for white collar teams, who 

feel young, and all blue collar teams, the relationship between average chronological age and 

short-term absenteeism is non-significant. These finding are also in line with the life-stage and 

career perspective, which would be proposed based on the SST (Carstensen et al., 1999). 

Furthermore, they alter FTP of subjective age only in settings that offer potential for career 

progress, such as white collar jobs. In contrast, in blue collar teams, we do not see such 

relationships. Even more surprisingly, in blue collar teams, we observe an almost significant 

negative relationship between average chronological age and team absenteeism behaviours, 

who feel subjectively young (on p ≤ .10 one-sided; Slope 4 in Figure 3.2; p. 85). In light of our 

theoretical framework (based on SST), we speculate that members of blue collar teams, who 

feel young and motivated, but still see no possibilities for career advancement and progress by 

showing positive behaviours (i.e., being less short-term absent) due to the restricted job design, 

might get frustrated over time and hence reverse their behaviours to results in more short-term 

absenteeism. As we do not have panel data to test these time-dependent developments, we 

would encourage future researchers to do so.  
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3.5.2 Practical Implications 

We think that, beyond our contribution to the current research debate, our study also has 

some interesting implications for practitioners and might help to meet the challenges arising 

from an increasingly ageing workforce. First, our results suggest that an increasing 

chronological age in teams does not necessarily lead to higher team absenteeism, and 

chronological age alone is not a good indicator for team absenteeism rates. Moreover, we find 

that, on average, older teams only show higher absenteeism if the team is doing a white collar 

job and feels old (on average). Arguing that this effect is based on limited growth and career 

perspectives, we suggest, as a second recommendation, that organisations should pay particular 

attention to their career and development options in teams with a higher chronological age. 

Offering these teams more growth opportunities or flexible work arrangements at the end of 

their careers might have a positive effect on their work-life and career perspectives and motivate 

these teams to show more career-striving behaviour and thus less absenteeism that is not due to 

serious health complaints. This suggestion is particularly relevant for white collar teams 

compared to blue collar teams, as these teams seem to be more sensitive for motivation-related 

mechanism. Third, we recommend practitioners to broaden their perspective on age from 

simply chronological age to broader conceptualisations of age and particularly consider 

subjective age constructs, as they can capture age as a more complex concept that shows 

relevant correlations in the organisational research context (Kunze et al., 2015). Capturing 

subjective age at the team level (as well as at the individual level) might offer organisations 

interesting indicators for the motivational structure of their work teams and point them to 

potential positive and problematic future developments within their organisations. Fourth and 

finally, we want to emphasise that subjective age offers a promising future direction for HR 

practices. Although we cannot avoid that our working population is ageing, our results give an 

optimistic statement about ageing in the workplace. We cannot influence the chronological age 

of individuals, but, as supported by several studies on subjective age, we know that subjective 
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age is not a determined and unchangeable personal characteristic. Montepare (1996b), for 

example, show that certain events (e.g., birthday) influence how old we feel, and Kotter-Gruehn 

and Hess (2012) show that the confrontation with negative stereotypes changes individuals’ 

subjective age and makes them feel older. We see great potential in the idea that further work-

related aspects influence individuals’ subjective age perceptions. This mechanism can buffer 

potential negative chronological age effects, as we show in our results. Our findings should 

encourage HR practitioners and managers to dissolve the determined understanding of ageing 

and see the chances to create a work environment in which employees feel younger and keep 

their motivation and potentials. 

 

3.5.3 Limitations and Future Research Perspectives 

Our paper has many strengths in that it utilises a large multisource data set with two 

measurement points that allow us to test for a time-lagged relationship of the proposed 

hypotheses at the team level. Nevertheless, we want to discuss our limitations for a balanced 

interpretation of our results, before we suggest some future research ideas to study the concepts 

and mechanisms that we investigate in our paper. The first limitation is that we investigate our 

research question within only one large company in Switzerland’s service sector. Thus, our 

results might not be applicable to other organisations in other countries or branches or to 

organisations of other sizes. However, we differentiate between white collar and blue collar 

jobs, thus facilitating the transfer of findings to other branches and countries. Second, I received 

all data from an external service provider who creates the employee survey and manages the 

data. Thus, the wording of some survey questions is not identical to established measurements. 

Obviously, this is a limitation of my study and potentially restricts the quality of my data. 

Nevertheless, the questions are complementary to items from established studies. I calculated 

Cronbach’s alpha values for all variables with more than one item and find sufficient reliability 

for all measures. Thus, I assume that my results are not significantly biased by the variable 
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construction and that my interpretations and conclusions are meaningful. A further consequence 

of the fact that an external service company provided the data is that I received solely team-

level data. Thus, it was not possible to calculate and report aggregation statistics for the team 

scores. I try to address this limitation by reporting the standard deviations of all variables in 

order to gain a rough insight into within-team variabilities. Nevertheless, the lack of aggregation 

statistics limits my results; future research should include and report these indicators. A third 

limitation is the unbalanced data set in terms of sample size for the white (60 teams) and blue 

collar teams (955 teams). Nevertheless, we are able to identify a significant three-way 

interaction effect between the two subsamples, indicating that our sample is large enough for a 

sufficient data interpretation, considering that we analyse the data at the team level.  

Regarding our theoretical argumentation, the main and fourth limitation of our study is 

that we do not directly test the proposed theoretical mechanism. Although our empirical results 

support our assumptions, we do not explicitly test the underlying processes, e.g., future 

occupational life perspective (Zacher & Frese, 2009) within teams, work motivation 

(Akkermans et al., 2016; Kooij et al., 2008), contagion effects, or absenteeism culture 

(Nicholson & Johns, 1985; Nielsen, 2008). Thus, we cannot ultimately prove that our proposed 

mechanism is responsible for the observed findings. Future research should consider this issue, 

including these constructs in either survey or experimental research, to test our proposed 

mechanism directly. Additionally, referring to our fifth limitation, we offer a team-level 

argumentation for our proposed effects and, consequently, use a team-level data set to test our 

hypotheses. Nevertheless, it would be interesting to investigate how the proposed relationships 

function at the individual level of analysis or in a multilevel setting (i.e., team age structures 

affecting individual outcomes) This might also contribute to a better understanding on the 

within-person mechanism of subjective age, investigating it to individual work motivation, 

future (occupational) time perspective, chronological age, and short-term absenteeism. An 

interesting aspect for future studies would be to apply our theoretical assumptions in respect to 
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further outcomes, as our research is limited to one specific outcome (short-term absenteeism). 

As Ng and Feldman (2008) show, the relationship between chronological age and performance 

indicators show weak or mixed results (also see Ng & Feldman, 2010); thus, investigating 

subjective age as interaction variable in these relationships might contribute to understand the 

complex mechanism behind the age/performance relations.  

In addition to the limitations, we also want to discuss some interesting trends that we 

observe for the plots of our two and three-way interactions (see Figures 3.1 and 3.2, p. 85). 

These trends (although not empirically significant) might question intuitive assumptions and 

common research findings on subjective age and thereby offer interesting potential for further 

research investigations.  

Figure 3.1 (p. 87) shows the interaction effects of average chronological and average 

subjective age on short-term absenteeism. Although slope tests indicate that the relationship is 

insignificant for high-average subjective age (Slope 1, Figure 3.1, p. 87), the graph indicates 

that there might be a trend that a high-average subjective age might even have positive effects 

on short-term absenteeism among on average young teams. Those teams (low chronological 

age, high-average subjective age) show even lower short-term absenteeism than teams with low 

average chronological age and low average subjective age. This quite surprising and points out 

that high and low average subjective age might have a different meaning for young versus old 

teams. One might assume that in younger years, feeling old is more associated with reliability 

and commitment than to a limited or open FTP. In respect to chronological age, similar 

arguments are already applied in studies showing lower short-term absenteeism rates for older 

employees (Boeckerman & Laukkanen, 2010) and organisational units (Kristensen et al., 2006; 

Nielsen, 2008) compared to younger employees/organisational units. Furthermore, we would 

speculate that teams feeling young on average show more risky behaviour, such as private 

sports activities or extensive drinking, which might cause more short-term absenteeism. 

Complementary, Dillingham (1981) proposes the argument on higher risk-seeking behaviour 
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among chronologically young employees to explain increased short-term absenteeism in this 

group. Similar as high chronological age is not linearly related to higher absenteeism, 

contradiction intuitive assumptions, we would hypothesise that also a high subjective is not 

necessarily increasing absenteeism. Also for the results of Hypothesis 2 we can observe some 

unexpected trends, as illustrated in Figure 3.2 (p. 85), where we observe that a low average 

subjective age leads to higher short absenteeism in younger teams than in older teams (for both 

blue and white collar teams). Furthermore, the slope for high-average subjective age indicates 

that those teams who are and feel old on average have lower absenteeism that those who are 

young and feel old; but this accounts only for blue collar teams (Slope 4). For white collar teams 

the trend is opposite and significant (Slope 3). These (insignificant) trends creates several 

interesting questions that might be worth to consider in future research efforts. In line with our 

key findings in this paper, they further indicate how important it might be to differentiate 

between certain job types (blue versus white collar) when studying chronological and subjective 

age effects in organisations. We would therefore like to encourage future research on possible 

positive effects of both high chronological and high subjective age in work teams and among 

employees of different occupations.  

Overall, we see a strong need to test the proposed theoretical framework empirically at 

both the team level and the individual level. We hope that our empirical findings and theoretical 

approach will motivate researchers to investigate the evolution, underlying processes, and 

conceptual mechanism of (average) subjective age to gain a better understanding of the 

subjective age construct and its individual, team, and organisational effects in the workplace. 

 

3.6 Conclusion  

With this paper, we take an interesting and new approach on ageing in the workplace, 

thus showing the interactive effects of chronological age, subjective age, and job type on short-

term absenteeism in teams. Indeed, our results show a significant three-way interaction effect, 
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indicating that a high chronological age in teams only cause higher short-term absenteeism, if 

teams feel old on average and perform white collar jobs. We hope our findings thereby enrich 

the understanding about ageing effects in organisations and broaden researcher and 

practitioners’ perspectives on the challenges and potentials arising from the demographic 

change. We consider subjective age as a possible mechanism to understand and buffer negative 

effects of an overall ageing society. At the same time, subjective age offers a positive 

perspective to the ageing phenomenon and might help researchers and practitioners to manage 

the increasingly ageing workforce successfully, to retain a healthy and productive ageing 

workforce, and to improve employees’ health and organisational performance. 
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4 Paper 3 - “Feeling Younger Makes You Work Longer”: How 

Subjective Age Moderates the Effect of Work Stress on Retirement 

Preference/ Planning30 

 

4.1 Introduction 

After politics in many European countries fostered early retirement as an answer to high 

unemployment rates in the 1980s, nowadays, an opposite trend shows that politicians and 

entrepreneurs advocate for postponed retirement (Ebbinghaus, 2006; International Labour 

Office, 2011). Increasingly aging societies and low fertility rates cause an overall workforce 

shrinkage and scarcity of young skilled workers, which endangers overall workforce 

sustainability (Gruber & Wise, 1999; International Labour Office, 2011). Germany, 

particularly, as a country with many strong industries, relies on skilled workers to maintain its 

productivity and growth. The institute for German economy (IW) projects that the expected 

workforce shrinkage might create costs of 30 billion euro in Germany (Groemling, 2017a, 

2017b; Institut der deutschen Wirtschaft, 2017). Furthermore, social security systems (e.g., 

pension funds and the public health system) come under pressure if the number of pension-

seekers increases dramatically, while the pension-paying active workforce decreases (OECD, 

2017a; Poetzsch & Roessger, 2015). In the United States, similar trends are projected, even if 

they arise delayed (OECD, 2017c, 2018a, 2018b). 

Beyond immigration and continued integration of women into the labour market, one 

political strategy to tackle shrinking workforces is to prolong employment (Gruber & Wise, 

1999; International Labour Office, 2011). Nevertheless, the overall trend of early retirement in 

almost all European countries (OECD, 2016b, 2017a, 2017c) becomes apparent. This trend 

raises the discussion on how to attract older employees (in particular skilled workers) to stay in 

                                                            
30 I wrote this paper as single-author. 
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their jobs until retirement age and even longer (Obermeier, 2014; Bundesministerium für Arbeit 

und Soziales, 2011). Organisational behaviour research took up this debate, trying to understand 

which factors affect employees in their decision to retire (see, e.g., Dal Bianco et al., 2015; 

Topa et al., 2009). In this paper, I want to extent the current literature on retirement preference/ 

planning31 with two main hypotheses. My hypotheses are based on the resource framework of 

Wang, Henkens, et al. (2011) from the retirement adjustment research,32 which I translate to 

retirement preference/ planning research. In the following, I outline this framework and apply 

it to my hypotheses.  

A decent amount of studies already tested factors for retirement preference/ planning 

(e.g., Beehr et al., 2000; Dal Bianco et al., 2015), and several theories are applied to explain 

retirement processes (e.g., Beehr et al., 2000). For example, role theory (Ashforth, 2001), 

continuity theory (Robert, 1989), stage theory (Gall et al., 1997), and the life course perspective 

(e.g., Settersten, 2003) represent worthy theories to explain effects of singular variables on 

retirement adjustment (for a review, see Wang, Henkens, et al., 2011). Nevertheless, Wang, 

Henkens, et al. (2011) demonstrate concern about a lack of a holistic approach, exploring the 

mode of action underlying the effects (also see Kooij et al., 2008). Following, Wang, Henkens, 

et al. (2011) propose a resource-based dynamic perspective on retirement adjustment. The 

authors explain that how a person adjusts to retirement depends on certain conditions (e.g., 

organisational conditions, job-level conditions, household conditions) and his or her available 

resources (e.g., biological, cognitive, financial, social, emotional, motivational) over time 

(Wang, Henkens, et al., 2011). I assume that the consideration of employees’ resources (in the 

                                                            
31 Retirement preference indicates the age at which individuals want to retire, while retirement planning indicates 
the age at which individuals plan to retire (Beehr, 1986). Both definitions differ from retirement age (actual age 
of retirement) and the official retirement age (age at which individuals can retire without reductions of their 
pension). 
32 Retirement adjustment research tries to identify factors (demographics, psychological and physical factors, 
etc.; for deeper insights into the retirement adjustment research, see, e.g., Wang, Henkens, et al., 2011), affecting 
how retirees deal with retirement entry. Among other topics, retirement adjustment investigates why some 
individuals show a decrease in their mental health status when entering in retirement, while others do not. 
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sense of Wang, Henkens, et al., 2011) is a meaningful perspective on retirement preference and 

planning. In line with other retirement researchers (see, e.g., Bidewell et al., 2006; Dal Bianco 

et al., 2015), I assume that certain job strains (e.g., physical strain, work stress) lower 

employees’ retirement preference/ planning, meaning that employees want or plan to retire 

earlier. Following Wang, Henkens, et al.’s (2011) resource framework, I postulate that 

employees’ resources (e.g., subjective age) can buffer these negative effects on retirement 

preferences/ plannning and prevent early retirement. Subjective age indicates how old a person 

feels independent from his or her chronological age (Montepare, 2009) and is a relevant concept 

in aging (Kotter-Gruehn, Kornadt, et al., 2015; Montepare, 2009) and organisational behaviour 

research (Barnes-Farrell & Piotrowski, 1991; Kunze et al., 2015). Based on my theoretical 

considerations, I build my two contributions, which I outline in the following paragraphs.  

Overall, a decent body of literature exists on the impact factors of retirement preference 

and planning, which cover a variety of life domains, reaching from demographics (e.g., Beehr 

et al., 2000), health aspects (e.g., Bahrami, 2001; Negrini, 2007), family-related variables 

(Calasanti, 1996; Wang, Henkens, et al., 2011), financial variables (e.g., Dal Bianco et al., 2015; 

Kim & Feldman, 2000; Zhan et al., 2013) and personality-related variables (Taylor & Shore, 

1995), over psychological variables (Evans et al., 1985; Taylor & Shore, 1995) to work-related 

factors (Bidewell et al., 2006; Dal Bianco et al., 2015). Research has previously identified 

several work-related factors affecting retirement timing. Although work and role centrality 

(Adams & Beehr, 1998), along with job satisfaction and commitment (Bidewell et al., 2006; 

Van Solinge & Henkens, 2008), seem to be related to retirement preference/ planning, the role 

of work stress is less clear. In the retirement literature, work stress is predominantly assessed 

via broad and unspecific instruments (negative work conditions, work time quality; Bidewell et 

al., 2006; Lim & Feldman, 2003; also see Topa et al., 2009) or measured by the difference score 

between physical stress and rewards at work (Bidewell et al., 2006; Dal Bianco et al., 2015). 

As stress is one of the most prominent and frequent reasons for serious physical and 
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psychological health problems (e.g., anxiety, fatigue, depression, burnout; see, e.g., Demerouti 

et al., 2001; Rose et al., 2017) and causes a large amount of employee absenteeism as well as 

turnover (Adams & Beehr, 1998; Lee & Ashforth, 1996), it is plausible that work stress also 

plays a role for retirement preference and planning (Bidewell et al., 2006; Dal Bianco et al., 

2015). Thus, as the first contribution of my third paper, I investigate the effect of work stress 

(in terms of perceived stress at work) on retirement preference and planning. 

My second contribution takes a more holistic view on the role of aging in the retirement 

research and integrates subjective age (how old a person feels independent from the 

chronological age; e.g., Kunze et al., 2015; Montepare, 2009) in the debate on retirement 

preference and planning. Although the role of chronological age for retirement preference/ 

planning is undisputable, retirement research mostly ignores alternative aging concepts (see 

Kooij et al., 2008), which become more and more relevant in aging and organisational 

behaviour research (Barnes-Farrell & Piotrowski, 1989; Kunze et al., 2015). Although Kooij et 

al. (2008) reviews the literature on alternative age concepts, the authors do not find studies 

investigating subjective age in terms of felt age. At the same time, gerontology and aging 

researchers created a decent body of literature on subjective age, showing that subjective age 

relates to many health-relevant variables (Kotter-Gruehn, Kornadt, et al., 2015), e.g., physical 

(Stephan et al., 2013) and cognitive (Stephan et al., 2014) performance as well as longevity 

(Levy, Slade, Kunkel, & Kasl, 2002; Westerhof et al., 2014) and social embeddedness 

(Carstensen, 1993; Lang & Carstensen, 2002). Over the past decades, organisational behaviour 

researchers took up the concept of subjective age and demonstrated its relevance in the 

organisational context, e.g., studies find that it is related to employees’ stress perception 

(Barnes-Farrell & Piotrowski, 1991; Barnes-Farrell et al., 2002), organisational performance 

(Kunze et al., 2015), and team absenteeism (Goecke & Kunze, 2018). Integrating the concept 

of subjective age into my resource-focused framework of retirement preference and planning 

(based on Wang, Henkens, et al., 2011), I assume that subjective age can function as a positive 
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resource for employees to resist negative effects of work stress on retirement preference/ 

planning. This assumption postulates that feeling younger can buffer the effect that high work 

stress makes employees prefer and plan to retire earlier. Subjective age, thus, functions as a 

protective or buffer variable for the relationship between work stress and retirement preference/ 

planning. Research on subjective age finds that feeling younger is related to lower stress 

perception at work (Barnes-Farrell & Piotrowski, 1991; Barnes-Farrell et al., 2002). 

Additionally, Goecke and Kunze (2018) show that subjective age can be a buffer variable, thus 

preventing high absenteeism rates for older employees at the team level. Overall, I contribute 

to the retirement literature as well as the subjective age research, integrating both literatures 

based on Wang, Henkens, et al.’s (2011) theoretical resource-focused framework and 

investigating the potential buffer function of subjective age in the retirement preference/ 

planning debate.  

 

4.2 Theoretical Outline 

Retirement entry includes, according to Beehr’s (1986) retirement process model, three 

steps: retirement preference/ planning, retirement decision, and the actual act of retirement. 

Although the steps are conceptually different, they are strongly related (Adams & Beehr, 1998; 

Taylor & Shore, 1995). In this paper, I investigate how work stress, subjective age, and their 

interplay affect employees’ retirement preference and planning, indicating the age at which a 

person would like to enter into retirement. With this focus, I enqueuer in a line of other 

researchers who study antecedents of retirement (see, e.g., Bidewell et al., 2006; Lim & 

Feldman, 2003). As my theoretical frame, I translate the resource-based approach from the 

retirement adjustment research (see Wang, Henkens, et al., 2011) to the retirement preference/ 

planning research. Wang, Henkens, et al. (2011) base their resource concept on Hobfoll’s 

(1989) conservation of resource theory (COR), defining a resource as the “total capability an 

individual has to fulfil his/her centrally valued needs” (Wang, Henkens, et al., 2011, p. 206). 
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These resources stem from various domains and include, e.g., personal, physical, family-

related, financial, and work-related resources. Wang, Henkens, et al. (2011) assume that the 

lack and loss of resources lead to stress perception and thus has detrimental effects on the 

individual (see Hobfoll, 1989; Hobfoll, 2002). In line with Wang, Henkens, et al.’s (2011) 

proposal that the presence or absence of resources affect how retirees adjust themselves to 

retirement (Wang, 2007; Wang, Henkens, et al., 2011), I assume that resources affect the when 

individuals plan and want to retire.  

 

4.2.1  Work Stress and Retirement Preference/ Planning 

Work stress is one of the most relevant variables for employees’ physical health (Wells, 

2013) and shows relevant effects on organisational success and performance variables (see, e.g., 

Cohen-Callow et al., 2009; Lahelma et al., 2012). In the resource-based framework (based on 

Wang, Henkens, et al., 2011), it represents a negative job condition and therefore has a general 

negative effect on retirement, i.e., employees want and plan to retire earlier (see, e.g., Dal 

Bianco et al., 2015). This assumption is supported by decades of stress research and theories 

(e.g., job demand’s resource model; Demerouti et al., 2001), suggesting that stress has 

detrimental effects on employees (see, e.g., Demerouti et al., 2001; Schaufeli et al., 2009; 

Schaufeli & Buunk, 2003). Recent studies highlight that work stress impairs employees’ mental 

health (Sawhney, Jennings, Britt, & Sliter, 2017), increases employees’ fatigue, and affects 

their health behaviours and depression risk (Rose et al., 2017). Beyond health, organisational 

behaviour studies find that work stress increases employee’ withdrawal behaviour (Cohen-

Callow et al., 2009) and suggest a strong association between negative work conditions (i.e., 

poor work quality) and retirement (see Siegrist et al., 2007). 

A decent amount of studies investigate the relationship between retirement entry and 

various work conditions (e.g., negative job conditions, and work stress; Bidewell et al., 2006; 

Dal Bianco et al., 2015; for a meta-analysis, see Topa et al., 2009), showing that negative work 



 
 

105 
 

conditions increase the risk for early retirement (Blekesaune & Solem, 2005; Mein et al., 2000). 

Nevertheless, not all these findings are consistent. For example, Bidewell et al. (2006) find a 

positive relationship between negative work conditions and retirement decision, while the 

results of Lim and Feldman (2003) suggest a negative relationship (also see Topa et al., 2009). 

These inconsistencies might be a result of the diverse measurements applied for these variables. 

For example, work stress is partially measured by job demands (Karasek et al., 1998), work 

fatigue (Bidewell et al., 2006), work time quality (Lim & Feldman, 2003; Mutran, Reitzes, 

Bratton, & Fernandez, 1997) or with the effort-reward stress measures (Siegrist et al., 2007). I 

found no study, which directly measure work stress from the subjective employee perspective 

(i.e., which amount of strain the employee perceives in the work context). Thus, the strain 

perspective (subjective evaluation of work stress) is of high relevance, particularly in the 

retirement preference/ planning research, because it offers direct insight into the employees’ 

evaluation and thus might be a good predictor for retirement preference/ planning. Therefore, I 

investigate work stress effects on retirement preference/ planning. According to this intend, I 

propose the following hypothesis:  

Hypothesis 1: Perceived work stress is negatively related to retirement preference/ 

planning, in the sense that high work stress decreases the preferred/ planned time for 

retirement entry.  

 

4.2.2 Interaction Effect of Work Stress and Subjective Age on Retirement Preference/ 

Planning 

Undoubtedly, a person’s chronological age plays an important role when studying 

retirement motives (Kooij et al., 2008; Kooij et al., 2011). Nevertheless, Kooij et al. (2008) 

stress the relevance of alternative age concepts for employees’ motivation to continue working 

in their literature review (for empirical studies, see Higgs, Mein, Ferrie, Hyde, & Nazroo, 2003; 

Saba & Guerin, 2005). Aging research itself increases its interest in alternative age concepts, 
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considering, for example, subjective age concepts (Kotter-Gruehn, Kleinspehn-Ammerlahn, 

Gerstorf, & Smith, 2009; Montepare, 2009; Settersten & Mayer, 1997). Subjective age indicates 

how old a person feels independent from his/her chronological age (Kunze et al., 2015; 

Montepare, 2009). Integrating the subjective age with the retirement research to apply them to 

the resource-based theory (based on Wang, Henkens, et al., 2011) offers an interesting new 

perspective on retirement preference/ planning. I assume that subjective age functions as a 

resource that can prevent negative work condition effects on retirement preference/ planning. 

This assumption results from several empirical findings, showing that subjective age is an 

indicator of inter-individual differences in physiological, cognitive, and psychological aging 

(Bergland, Nicolaisen, & Thorsen, 2014; Infurna, Gerstorf, Robertson, Berg, & Zarit, 2010). 

Feeling young seems to be related to better physical (Caudroit et al., 2012; Stephan et al., 2012) 

and cognitive (Stephan et al., 2014) functioning; further researchers report that it is associated 

with higher life satisfaction (Stephan et al., 2011) and longevity (Westerhof et al., 2014). 

Additionally, organisational behaviour literature suggests that employees who feel younger 

(low subjective age) perceive less stress at work (Barnes-Farrell & Piotrowski, 1991; also see 

Iskra-Golec, 2002) and that subjective age is associated to work motivation (Akkermans et al., 

2016). At the team- and organisational level, subjective age is related to employees’ 

absenteeism (Goecke & Kunze, 2018) and organisational performance (Kunze et al., 2015). 

Based on these findings, it is reasonable to conclude that subjective age can be a resource 

for employees in respect to their retirement preference and planning. Particularly, I postulate 

that subjective age functions as a relevant resource that can prevent negative work stress effects 

on retirement preference/ planning. As outlined above, I base my idea on the resource approach 

(Wang, Henkens, et al., 2011) applied to retirement research, assuming that work stress speeds 

up retirement and that a low subjective age can protect employees from these effects and avoid 

early retirement preference/ planning. Several research findings support my reasoning. Recent 

aging studies suggest that a young subjective age slows down negative (chronological) aging 
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effects (Caudroit et al., 2012; Stephan et al., 2015a). Furthermore, researchers identify a 

significant relationship between (work) stress and subjective age (Barnes-Farrell & Piotrowski, 

1991), and Iskra-Golec (2002) shows in her study that employees who feel younger perceive 

less stress and strain at work. Additionally, Cohen-Callow et al. (2009) show that chronological 

age moderates the effect from work stress on employees’ withdrawal behaviours. Assuming 

that subjective age is a better indicator for individual differences in aging (see the argumentation 

of Galambos et al., 2007; Stephan et al., 2011), and that early retirement might represent a kind 

of withdrawal behaviour resulting from high work stress, I expect that subjective age moderates 

the relationship between work stress and retirement preference/ planning, in the sense that work 

stress does not lead to earlier retirement preference/ planning if employees feel young. In line 

with the resource approach (Wang, Henkens, et al., 2011), subjective age strengthens 

employees’ resources to handle negative work stress and, hence, it functions as a 

buffer/resource variable between work stress and retirement preference/ planning; thus, the idea 

of subjective age as a buffer mechanism in the workplace is supported by Goecke and Kunze 

(2018), showing that, at the team level, subjective age can buffer negative chronological age 

effects on absenteeism behaviour (also see Kunze et al., 2015, for subjective age effects on 

organisational performance). In sum, I hypothesise that feeling younger prevents that a high 

level of work stress leads to earlier retirement preference/ planning, while a high subjective age 

cannot buffer work stress effects on early retirement preference/ planning. Thus, Hypothesis 2 

is as follows:  

Hypothesis 2: Relative subjective age moderates the relationship between work stress 

and retirement preference/ planning, such that the relationship is negative under high 

relative subjective age and positive under low subjective age.  
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4.3 Methods and Results Study 3a and Study 3b 

My third paper consists of two separate studies (Study 3a, Study 3b). Study 3a relies on 

an Amazon Mechanical Turk (MTurk) sample from the USA (N = 55); for Study 3b, I use a 

German sample from the federal DEAS (Deutscher Alterssurvey) project (N = 1,068). In both 

studies (3a and 3b), I investigate all my hypotheses, by testing a) the main effect of work stress 

on retirement preference/ planning (Hypothesis 1) and b) the interaction effect of work stress 

and subjective age on retirement preference/ planning (Hypothesis 2). I applied my research 

questions in two distinct samples because of three reasons. First, my first sample (Study 3a) is 

relatively small as it consists of 55 only participants. Running my analysis in a larger sample 

(N= 1,068; Study 3b) can therefore increase the statistical power and external validity of my 

results. Second, I recruited all participants of Study 3a from a US MTurk sample (I present 

more details on the MTurk sample in the description of Study 3a). As the labour market 

conditions and workers’ rights in the USA are different from Europe in several aspects (OECD, 

2017c), I strengthen my results and conclusions by testing my hypotheses in a large federal 

German sample (DEAS). Third, the two studies include a slight difference in the outcome 

measurement (retirement preference and retirement planning). Retirement resaerchers 

investiagte both retirement aspects frequently and even argue for a strong overlap between them 

(e.g., Beehr, 1986; Topa et al., 2009). Overall, retirement research is not consistent about how 

to measurement subjective retirement indicators (e.g., retirement preference, retirement 

planning). For example, Taylor and Shore (1995) prefer to study retirement preference building 

a difference score between preferred retirement age (when an individual wants to retire) and 

expected retirement age (when an individual expects to retire). Others ask their study 

participants at which age they plan to retire (Engstler et al., 2012). Thus, in Study 3a, I measure 

retirement preference with the difference score (preferred retirement age – expected retirement 

age), while in Study 3b, individuals answer the question at which age they plan to retire. Thus, 

Although, the measures of Study 3a and 3b are not identical, I assume to valorize my paper 
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adding a study with a larger sample from a prestigious German data set (Study 3b) to investigate 

the role of relative subjective age for retirement preference and planning. 

The analyses approaches of the two studies are complementary. For both studies, I run 

OLS regressions in SPSS 25. In the following paragraphs, I describe the methodological and 

analyses approach as well as the results for each study separately. Furthermore, I apply the 

relative subjective age score for Study 3a and 3b in order to facilitate result interpretation (in 

line with other researchers, see, e.g., Kotter-Gruehn, Kornadt, et al., 2015; Kunze et al., 2015). 

 

4.4 Study 3a 

4.5 Methods Study 3a 

4.5.1  Sample and Procedure Study 3a 

For Study 3a, I obtained daily-diary data from a US online sample from MTurk33, 

following an employee sample from Sunday (T1) to Friday (T6). For all control variables as 

well as the subjective age measure, I used data from T1 , while I utilised the T6 data for the 

dependent variable to create a lagged analysis design and avoid measuring independent and 

dependent variables at the same point in time (see Bolger, Davis, & Rafaeli, 2003; Ohly, 

Sonnentag, Niessen, & Zapf, 2010). Work stress was measured by asking employees to evaluate 

stress levels from Monday (T2) to Friday (T6), thus creating an average score out of the daily 

work stress scores. This allows for obtaining a more general understanding of an individuals’ 

work stress during a workweek.  

For the sample, I selected only individuals who were active in an employment 

relationship or self-employed and worked for at least 30 hours a week, based on the results of 

an upstream pre-survey (T0) in the sample (for a similar approach, see Barber & Jenkins, 2014). 

In the end, 221 participants (out of 460 who filled out the pre-survey) met these criteria. Out of 

                                                            
33 Participants accessed all surveys from the MTurk website, which redirected them to the survey platform 
questback. 
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these 221 individuals, 146 participants completed all required measures. In order to ensure that 

employees can make a serious statement about their retirement preference, the sample was 

limited to older employees (40 years and older, in line with, e.g., Bourne, 1982; Warr, 2000). 

After this exclusion, Study 3a included 55 participants in the final sample. At T1, all participants 

completed a 10-minute survey containing questions on their demographics, work situation, and 

personality aspects and their subjective age, while the surveys of T2 to T6 included questions 

about the daily workplace experience (e.g., work stress). T6 additionally included the variables 

for retirement preference. Employees received a financial compensation for their participation.  

The final sample (N = 55) consisted of 48.6% male participants with an average age of 50.48 

years (SD=7.34; age range 40–70). The sample included 62.2% married participants; 18.9% 

were single and another 18.9% divorced; 36.5% had no children; 14.9% had one child; and 

48.8% had more than one child. The vast majority (69.8%) hold a university degree, while 

30.2% did not complete a university education.  

 

4.5.2 Measures Study 3a 

Study 3a consisted of six measurement points. In order to avoid a long completion time 

for participants, survey length was reduced, choosing established short-scales or single-item 

measures for some of the variables (see the recommendations of Gable & Reis, 2010; Ohly et 

al., 2010). I present all descriptives and correlates in Table 4.1. 

Subjective age. In line with several other subjective age researchers (e.g., Barnes-Farrell 

& Piotrowski, 1991; Stephan et al., 2014) and in order to facilitate result interpretation (see the 

argumentation of Kotter-Gruehn, Kornadt, et al., 2015), I applied the relative subjective age 

score for Study 3a. Relative subjective age represents the difference between subjective and 

chronological age, such that negative values indicate individuals feeling younger than their 

chronological age (low relative subjective age), while positive values imply that individuals 

feel older than their chronological age (high relative subjective age). Subjective age was 
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measured with the frequently used one-item measurement of subjective age (in line with 

Stephan et al., 2013), asking participants to indicate how old they feel (in years; see Kotter-

Gruehn, Neupert, et al., 2015; Kunze et al., 2015).  

Work stress. I assessed work stress, building average scores of all daily one-item work 

stress measures from Monday (T2) to Friday (T6). Participants rated their daily work stress 

perception completing the following statement: “My past work day had been stressful” (1 = 

“Strongly disagree” to 5 = “Strongly agree”; Bono et al., 2013). To my point of view, an average 

work stress score over the workweek better represents employees’ work stress in the course of 

a workweek than a work stress indicator of only one single day, as it offers a holistic 

perspective.34  

Retirement preference. In line with Taylor and Shore (1995), I accessed both preferred 

and expected retirement age (also see Ekerdt, Bosse, & Mogey, 1980). I defined retirement 

preference as the difference score between preferred retirement age (at what age would you like 

to retire from your main job?) and the expected retirement age (at what age do you think you 

will retire from your main job?). Compared with other researchers who use a dummy variable 

(early retirement preference 0 = No; 1 = Yes) or age ranges (e.g., Taylor & Shore, 1995; lower 

60, 60–63, 64–66, 66–70, over 70), my measure is much more accurate, as participants indicate 

the exact age at which they want/expect to retire. If a person, for example, expects to retire at 

age 65 but would prefer to retire at 55, this person has a retirement preference score of -10. 

Thus, a negative score indicates that an employee prefers to retire before the expected 

retirement age, while a positive score expresses the preference to work longer than expected. 

Controls. I took all control variables from the T1 data, which assessed detailed 

information about participants’ demographics as well as their life and work conditions. I 

included chronological age in decimal numbers (based on their exact date of birth) as a control 

                                                            
34 As not all participants completed all five stress measures, I applied multiple imputation (according to Kenward 
& Carpenter, 2007) for missing data for the perceived stress variable in order to avoid high dropout.  
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variable in my analysis as well as gender (e.g., Zhan, Wang, & Shi, 2015), marital status (e.g., 

Van Solinge & Henkens, 2007), and number of children (e.g., Zhan et al., 2013) to understand 

if family status plays a role in retirement preference (e.g., Zhan et al., 2013). In line with 

researchers who stress the relevance of life satisfaction and leisure time activities for retirement 

preference, I controlled for the effect of life satisfaction (e.g., Dal Bianco et al., 2015), asking 

participants to evaluate their agreement to statement: “In general, I am satisfied with my life.” 

(1 = “Strongly disagree” to 7 = “Strongly agree”; Diener et al., 1985). As several studies discuss 

that educational status affects employees’ willing to retire earlier/later (e.g., Zhan et al., 2013), 

I included educational level in my analysis, capturing participants’ highest degree of education 

(e.g., high school, bachelor degree, etc.). Furthermore, I controlled for financial status on 

retirement preference (e.g., Kim & Feldman, 2000) by inserting participants’ annual salary in 

USD. In line with Zhan et al. (2015), individuals’ health status is a relevant factor for timing of 

retirement preference (also see Topa et al., 2009). Consequently, I controlled for subjective 

health (e.g., Taylor & Shore, 1995), including subjective physical and mental health, in my 

analyses. For subjective physical health, I asked participants to rate the one-item general self-

rated health (GSRH) question, “In general, would you say your physical health is…?” (1 = 

“Excellent” to 5 = “Poor”; DeSalvo et al., 2006). I assessed subjective mental health, adapting 

the measurement of the Canadian Community Health Survey (CCHS; Statistics Canada, 2015), 

asking participants to rate their mental health on a 1 = “Excellent” to 5 = “Poor” scale. As 

Wang, Henkens, et al. (2011) argue that personality aspects might affect retirement decisions 

and evaluations and should therefore be included in future studies, I included the BIG 5 

personality traits (openness, consciousness, extraversion, agreeableness, neuroticism) as 

control variables, using the 10-item measure from Rammstedt and John (2007). Furthermore, I 

considered organisational tenure (in years), job satisfaction (“All in all, how satisfied are you 

with your job?”; Price, 1972), work centrality (Cronbach’s alpha α = .85; sample item: “The 

major satisfaction in my life comes from my job.”, Bal & Kooij, 2011), as well as weekly 
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working hours as potential work-related drivers of retirement preference (Nahum-Shani & 

Bamberger, 2011). I present all measures in Appendix A.  

 

4.5.3 Analyses Study 3a 

In order to investigate my proposed hypotheses (Hypothesis 1, Hypothesis 2), I conducted 

several OLS regression analyses with SPSS 25. I standardised all independent variables prior 

to the analysis. I tested for multicollinearity and inspected the variance inflation factors (VIFs) 

of the involved variables. I observe VIF values between 1.51 and 3.11, and thereby fulfil the 

requirement VIF range of VIF < 10.  

In order to test the moderation hypothesis (Hypothesis 2), I built an interaction term 

between work stress and relative subjective age following the recommendations of Aiken and 

West (1991). As my data shows missing information, I applied multiple imputation for all 

control variables with more than 10% missing data (following the recommendations of Bennett, 

2001). I tested all hypothesis without imputed data, resulting in the same result trends and 

patterns, showing that the imputations did not bias my results.35 I inserted the independent 

variables stepwise in the regression (Aiken & West, 1991), entering only the control variables 

in Step 1 (Model 1, Table 4.2), adding the two independent variables of interest (work stress, 

relative subjective age) in a second step (Model 2, Table 4.2) and the interaction term (work 

stress x relative subjective age) in Step 3 (Model 3, Table 4.2). In order to understand the 

direction and significance of the proposed interaction between work stress and relative 

subjective age, I plotted the interaction graph (see Figure 4.1) and ran simple slope tests for the 

interaction (according to Aiken & West, 1991).  

                                                            
35 The results are available upon request to the author.  



114 
 

Table 4.1 Descriptive statistics and correlations MTurk sample, Study 3a 
Variable M SD 1 2 3 4  5 6 7 8 9  10  

1 Retirement preference -4.36 4.77                           

2 Relative subjective age -9.00 11.67 -.15                          

3 Work stress 2.58 .92 -.06   .12                        

4 Chronological age 50.48 7.34 .25 † -.19   0                      

5 Gender 1.51 .50 .06   .03   .17   -.21 †                    

6 Educational level .70 .46 .07   .16   .07   -.12   .05                   

7 Number of children 1.36 1.28 .12   -.11   -.19   -.05   .26 * -.06                

8 Marital status 2.19 .96 .04   .03   .08   .11   -.01   -.21 † .32 **           

9 Annual salary 4.08 1.08 .07   -.17   .19   .09   -.28 * .18   -.02   -.04          

10 Subjective physical health 2.45 1.01 .06   .25 * .08   .04   -.05   -.07   -.25 * .11   -.18       

11 Subjective mental health 2.03 .91 .01   .24 * .15   -.27 * .21 † -.05   -.04   -.01   -.32 ** .56 *** 

12 Big 5 openness 3.61 1.00 -.17   .08   -.20   .15   -.02   .07   -.12   -.12   -.16   .02   

13 Big 5 neuroticism 2.30 1.06 -.10   .03   .08   -.24 * .23 * .03   -.02   -.02   -.22 † .15   

14 Big 5 extraversion 2.86 1.04 -.11   .17   -.08   -.06   .00   -.05   -.03   .00   .13   -.09   

15 Big 5 agreeableness 3.72 .90 .18   -.02   -.19   .05   -.05   -.17   .32 ** .00   .16   -.31 ** 

16 Big 5 consciousness 4.21 .71 .05   -.15   -.36 * .12   .04   -.09   .19   -.07   .08   -.51 *** 

17 Life satisfaction 5.09 1.62 .10   -.03   .02   -.08   -.09   .04   .13   -.12   .32 ** -.44 *** 

18 Organisational tenure 11.18 8.58 .16   -.10   .00   .37 *** -.10   .09   .07   .14   .41 *** .13   

19 Number of weekly working hours 41.61 5.74 -.01   -.18   .24   -.01   -.22 † -.17   .10   -.15   .31 ** -.21 † 

20 Job satisfaction 3.72 1.20 .14   -.27 * -.22   .01   .04   .08   .41 *** .06   .31 ** -.25 * 

21 Work centrality 2.24 .84 .24 † -.32 ** -.18   .22 † -.03   -.02   .12   .10   .20 † .01   

22 Subjective age 41.49 12.59 .00   .82 *** .11   .41 *** -.10   .09   -.13   .09   -.10   .25 * 

Note: N = 55; * p ≤.05; ** p ≤.01; *** p ≤.001; † p ≤.05; values are based on two-sided significance testing. 
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Table 4.1 Descriptive statistics and correlations MTurk sample, Study 3a (continued) 
Variable 11 12 13 14 15  16 17 18 19 20 21  

1 Retirement preference                              

2 Relative subjective age                              

3 Work stress                               

4 Chronological age                               

5 Gender                                    

6 Educational level                                    

7 Number of children                                    

8 Marital status                                    

9 Annual salary                                    

10 Subjective physical health                                    

11 Subjective mental health                                    

12 Big 5 openness -.03                                  

13 Big 5 neuroticism .51 *** .03                               

14 Big 5 extraversion -.16   .00   -.38 ***                          

15 Big 5 agreeableness -.26 * -.04   -.38 *** -.05                         

16 Big 5 consciousness -.43 *** .00   -.24 * .25 * .33 **                    

17 Life satisfaction -.35 ** -.19 † -.40 *** .13   .44 *** .33 **                 

18 Organisational tenure -.16   -.10   -.30 ** .03   .09   .13   .13                

19 Number of weekly working hours -.18 *** .04   -.16   -.01   .12   .13   .28 * .24 *           

20 Job satisfaction -.28 * -.15   -.27 * .11   .33 ** .30 ** .36 ** .30 ** .24 *        

21 Work centrality -.13   -.10   -.10   .13   .05   .15   .12   .39 *** .24 † .36 **     

22 Subjective age .07 *** .16  -.11   .12   .01   -.07   -.07   .12   -.17   -.24 * -.17   

Note: N = 55; * p ≤.05; ** p ≤.01; *** p ≤.001; † p ≤.05; values are based on two-sided significance testing. 

11
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4.5.4 Results Study 3a 

Table 4.1 offers the descriptive statistics on all variables as well as their correlations. I 

observe that participants, on average, prefer to retire about four years before their planned 

retirement age (M = -4.36; SD = 4.77). Retirement preference shows a weak and marginally 

significant correlation with chronological age (r = .25; p ≤ .10) and work centrality (r = .24; p 

≤ .10) and a nonsignificant correlation with relative subjective age (r = -.15; n.s.) and work 

stress (r = -.06; n.s.). Chronological age is significantly related to subjective age (r = .41; p ≤ 

.001) but not with relative subjective age (r = -.19; n.s.). Relative subjective age is related to 

subjective physical (r = .25; p ≤ .05) and mental health (r = .24; p ≤ .05), as well as job 

satisfaction (r = -.27; p ≤ .05), and work centrality (r = -.32; p ≤ .01).  

With respect to Hypothesis 1, I test the main effect of work stress on retirement 

preference. Model 2 (Table 4.2) shows that work stress (B = -.12; n.s.) does not significantly 

affect participants’ retirement preference. This does not support Hypothesis 1. In contrast and 

according to Hypothesis 2, I find a significant interaction effect (B = -3.39; p ≤ .01) between 

work stress and relative subjective age on retirement preference (see Model 2, Table 4.2).36 The 

interaction term shows ∆R² = .12, indicating that the interaction term explains about additional 

12% of the variance in retirement preference (see Table 4.2). In the simple slope tests, I analyse 

the slope significance under a) low relative subjective age (+1 SD) and b) high relative 

subjective age (-1 SD). Results (see Figure 4.1) demonstrate that participants who experience 

high work stress want to retire earlier when they feel older (high relative subjective age; B = -

6.47; p ≤ .05). When employees experience high work stress but feel younger (low relative 

subjective age), they do not show a preference for earlier retirement (B = .31; n.s.). 

Consequently, my findings of Study 3a partially support Hypothesis 2, as the moderator relative 

                                                            
36 To address concerns about the relative subjective age difference scores, I additionally run an analysis, 
investigating the interaction effect of chronological age and subjective age on retirement preference. I find a 
marginal significance for the interaction term B = 1.21; p ≤ .10). 
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subjective age is only significant under high expression of the variable (feeling older) but not 

under the low expression (feeling younger).37 These findings suggest that feeling older can have 

a detrimental effect on employees’ retirement preference, i.e., make them prefer earlier 

retirement. Overall, I interpret the results of Study 3a in the sense that feeling young can 

function as a buffer resource to prevent negative effects of work stress on retirement preference 

and, thus, avoid early retirement aspirations.  

 

 

Figure 4.1 Two-way interaction between work stress and relative subjective age on retirement 

preference in the MTurk sample, Study 3a 

 

4.5.5 Discussion Study 3a 

Retirement preference research states that, when people work under negative conditions, 

they are more likely to prefer earlier retirement (Dal Bianco et al., 2015; Topa et al., 2009). My 

results cannot support this finding, testing it for employees’ work stress perceptions. Contrary 

                                                            
37 To test the robustness of the results, I analyse a model without control variables, showing similar results as the 
complete model (Model 3, Table 4.2). Furthermore, I test Model 3 based on robust standardised residual errors 
with the RLM package of Darlington and Hayes (2016). I find similar interaction effects and results (B = -4.12; p 
≤. 01) compared with the OLS interaction (see Model 3, Table 4.2), suggesting that my findings are robust and 
reliable. Detailed robustness test results are available upon request. 
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Table 4.2 Regressions on retirement preference MTurk sample, Study 3a 
  Retirement preference 
  Model 1 Model 2 Model 3 
  Predictors Estimate SE t 95% CI Estimate SE t 95% CI Estimate SE t 95% CI 

  Constant -6.81 1.57 -4.34 *** [ -9.89 ; -3.74 ] -6.84 1.67 -4.09 *** [ -10.12 ; -3.57 ] -5.42 1.64 -3.31   [ -8.64 ; -2.21 ] 
 Control variables Chronological age 2.14 1.25 1.71  † [ -.32 ; 4.59 ] 2.02 1.39 1.45   [ -.71 ; 4.75 ] 1.53 1.30 1.18   [ -1.02 ; 4.08 ] 
  Gender .59 .80 .74   [ -.97 ; 2.15 ] .56 .91 .62   [ -1.22 ; 2.35 ] 1.02 .86 1.18   [ -.66 ; 2.70 ] 
  Educational level .43 .87 .50   [ -1.29 ; 2.16 ] .48 .94 .51   [ -1.39 ; 2.35 ] .86 .89 .97   [ -.91 ; 2.63 ] 
  Number of children .16 .91 .17   [ -1.63 ; 1.95 ] .17 .99 .17   [ -1.78 ; 2.11 ] -.65 .99 -.66   [ -2.60 ; 1.30 ] 
  Marital status -.27 .80 -.34   [ -1.85 ; 1.30 ] -.27 .87 -.31   [ -1.98 ; 1.43 ] .17 .83 .20   [ -1.46 ; 1.80 ] 
  Annual salary .55 1.02 .54   [ -1.44 ; 2.55 ] .54 1.07 .51   [ -1.55 ; 2.64 ] .36 .99 .36   [ -1.59 ; 2.31 ] 
  Subjective physical health 1.18 1.07 1.10   [ -.92 ; 3.28 ] 1.24 1.13 1.10   [ -.97 ; 3.44 ] .49 1.07 .45   [ -1.61 ; 2.58 ] 
  Subjective mental health .05 1.28 .04   [ -2.45 ; 2.54 ] .19 1.36 .14   [ -2.48 ; 2.86 ] .14 1.26 .11   [ -2.33 ; 2.62 ] 
  Big 5 openness -.93 .80 -1.17   [ 2.49 ; .63 ] -.86 .85 -1.01   [ -2.52 ; .81 ] -.79 .78 -1.01   [ -2.32 ; .75 ] 
  Big 5 neuroticism -.43 1.04 -.41   [ -2.46 ; 1.61 ] -.39 1.08 -.36   [ -2.51 ; 1.73 ] -.90 1.01 -.89   [ -2.88 ; 1.08 ] 
  Big 5 extraversion -.31 .88 -.36   [ -2.03 ; 1.40 ] -.15 1.00 -.15   [ -2.10 ; 1.80 ] -.62 .94 -.67   [ -2.46 ; 1.21 ] 
 Big 5 agreeableness .90 1.00 .91   [ -1.05 ; 2.86 ] .96 1.04 .92   [ -1.09 ; 3.00 ] 1.12 .96 1.17   [ -.76 ; 3.00 ] 
 Big 5 consciousness .14 1.24 .12   [ -2.28 ; 2.57 ] .24 1.33 .18   [ -2.38 ; 2.85 ] .14 1.22 .11   [ -2.26 ; 2.53 ] 
 Life satisfaction .46 .86 .53   [ -1.23 ; 2.14 ] .52 .90 .58   [ -1.25 ; 2.29 ] .12 .85 .14   [ -1.54 ; 1.77 ] 
 Organisational tenure -.35 .75 -.47   [ -1.81 ; 1.11 ] -.30 .80 -.38   [ -1.87 ; 1.27 ] -.72 .75 -.95   [ -2.19 ; .76 ] 
 Number of weekly working hours .45 1.17 .38   [ 1.84 ; 2.74 ] .30 1.48 .20   [ -2.60 ; 3.20 ] 1.32 1.42 .93   [ -1.46 ; 4.10 ] 
 Job satisfaction .32 .83 .38   [ -1.31 ; 1.95 ] .28 .89 .31   [ -1.47 ; 2.02 ] -.10 .83 -.12  [ -1.72 ; 1.52 ] 
 Work centrality .73 .85 .86   [ -.94 ; 2.40 ] .65 .94 .69   [ -1.19 ; 2.49 ] 1.41 .91 1.56  [ -2.87 ; 3.10 ] 
Main effects Work stress   .12 1.52 .08   [ -2.87 ; 3.10 ] -3.08 1.89 -1.63   [ -.37 ; 3.19 ] 
 Relative subjective age (RSA)    . -.29 .75 -.38   [ -1.77 ; 1.19 ] .36 .73 .48   [ -6.79 ; .63 ] 
Interaction terms RSA x work stress          -3.39 1.30 -2.61 ** [ -1.08 ; 1.79 ] 
               [ -5.94 ; .84 ] 
  R² .24      .24     .36     
  ∆R² .02      .00       .12 **     
 Note: N = 55; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing. All independent variables are z-standardised; SE = standard error; t = t-test value; CI = confidence interval. 
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to Hypothesis 1, I do not find a significant main effect of work stress on retirement preference, 

although I suppose it to be more simple and direct compared to other measures, e.g., assessing 

employees’ job conditions as a stress–reward balance (see, e.g., Siegrist et al., 2007). 

Considering that my sample in this study is quite small (N = 55), it might be that I do not find 

a significant work stress effect because of a lack of statistical power. Additionally, my sample 

only includes US online participants from the MTurk platform. According to the argumentation 

of Topa et al. (2009) and Hershey, Henkens, and Van Dalen (2007), cultural differences as well 

as differences in social security systems (i.e. retirement entry flexibility, amount of public or 

private pension savings, OECD, 2017c) might play a role in employees’ retirement preferences 

and actual retirement entry. To translate my findings to a broader population and have greater 

statistical power for my analyses, I want to test my hypothesis in a German sample with pubic 

data from the DEAS project in a larger sample (N = 1,068).  

My results support Hypothesis 2, showing that relative subjective age moderates the 

work stress/retirement preference relationship (see Model 3, Table 4.2, Study 3a), while 

controlling for the above-mentioned variables (see Chapter 4.5.2). Overall, Study 3a suggests 

that applying the theoretical resource-based approach to retirement preference research (based 

on Wang, Henkens, et al., 2011) is a valuable perspective to study when employees want to 

retire. In line with my proposed resource framework (based on Wang, Henkens, et al., 2011), I 

postulate that (relative) subjective age functions as a resource (in the sense of Hobfoll, 1989), 

which buffers negative work stress effects on retirement preference. The assumption of a 

protective function of subjective age matches with previous research, showing that subjective 

age is related to lower stress perception (Barnes-Farrell & Piotrowski, 1991) and is in line with 

recent studies that postulate subjective age as a buffer variable to prevent high absenteeism in 

older teams (Goecke & Kunze, 2018). I explain the method and results of Study 3b in the 

following chapters and discuss my findings thereafter.  
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4.6 Study 3b 

4.7 Methods Study 3b 

4.7.1 Sample and Procedure Study 3b 

For Study 3b, I used data (year 2011) from the DEAS (Deutscher Alterssurvey), a 

German national database. In general, the survey investigates the life, work, and retirement 

conditions of individuals in their second half of life (40 years and older) and among other 

variables assessed at which age individuals plan like to retire. The DEAS data are open access 

data, collected by the Infas (Institute for Applied Social Science GmbH) and available through 

the DZS (Deutsches Zentrum für Altersfragen; www.dza.de). The data assessment method in 

2011 consisted of face-to-face interviews and CAPI (computer-supported interviews) lead by 

experienced interviewers. Complementary to Study 3a, I selected those individuals who had an 

active employment status, out of the total sample. As the DEAS includes only participants being 

40 years and older, I did not need to restrict the sample by age. Thus, I investigated the effect 

of work stress on retirement planning (Hypothesis 1) and interaction effect between work stress 

and relative subjective age on retirement planning (Hypothesis 2) in a sample of N = 1,068.38  

The study sample consisted of German employees with 48.9% male participants, with 

an average age of 53.66 years (SD = 5.50; age range 42–83); 77.5% of the participants were 

married; 8.3% were single; 10.8% were divorced and 3.4% widowed; 13.9% of the participants 

did not have children; 22.2% had one child; and 63.90% had more than one child. In regard to 

number of grandchildren, 72.3% had no grandchildren, 10.40% had one grandchild, and 17.3% 

had two or more grandchildren. I present all means and standard deviations in Table 4.3. 

 

 

                                                            
38 Like in Study 3a, I applied multiple imputation for missing values for all control variables with more that 10% 
missing data (Bennett, 2001). I repeated all analyses without imputed data and found no relevant differences in 
result trends.  



 
 

121 
 

4.7.2 Measures Study 3b 

The 2011 DEAS survey applied a broad range of established sociographic and 

psychological measurement as well as some physiological measures and tests. The surveys 

included questions on family situation, social embeddedness, financial and social status, health, 

living, life quality, work, and retirement as well as personal attitudes, norms, and values. The 

DEAS instruments consisted of established research instruments or passed through intensive 

pretesting and inspection by several highly experienced researchers (see Engstler et al., 2012). 

In the following, I give a short overview about the main variables and point out the differences 

to Study 3a. Details on all measures of the 2011 DEAS survey are available in Engstler et al. 

(2012) and at the DEAS Website (www.dza.de/forschung/deas/erhebungsinstrumente.html). I 

present a more detailed overview of all measures that I applied in Study 3b in Appendix A.  

Relative Subjective Age. As in Study 3a, I computed a relative subjective age score to 

investigate employees’ subjective age relative to their chronological age (difference score). In 

the same logic as in Study 3a, negative values indicate individuals feeling younger than their 

chronological age (low relative subjective age), and positive values stand for feeling younger 

than one’s chronological age (high relative subjective age).  

Work Stress. Similar to Study 3a, perceived stress at work was captured, asking 

participants “To what extent are you stressed by pressure to complete heavy workloads or meet 

tight deadlines, nervous tension?” (1 = very stressed to 5 = not at all stressed; Engstler et al., 

2012).  

Retirement Planning. In the DEAS survey participants answered to the question, at 

which age they plan to retire (Engstler et al., 2012). In opposite to Study 3a, I do not build a 

difference score between preferred and expected retirement age. Thus, the interpretation of 

retirement planning values from Study 3b follow the trend: The lower the retirement planning 

age, the earlier participants plan to retire; the higher the retirement planning age, the later 

participants plan to retire.  
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Controls. In Study 3b, I control for the same concepts as in Study 3a, except from 

organisational tenure, subjective physical health, and the BIG 5 personality measure, as the 

DEAS did not contain these instruments. Instead, I included number of grandchildren, 

grandchildren care activity, physical functioning, optimism and self-efficacy (in line with 

Warner, Ziegelmann, Schuez, Wurm, & Schwarzer, 2011), as these concepts are discussed in 

the context of resource accumulation in retirement research (Topa & Pra, 2017). In contrast to 

Study 3a, financial status was measured by annual household income and mental health was 

assessed with a depression scale (for more details, see Engstler et al., 2012).  

 

4.7.3 Analyses Study 3b 

I applied the same analyses procedure for Study 3b as for Study 3a (following the 

recommendations of Aiken and West, 1991).39 I ran stepwise regression analyses (using SPSS 

25) on retirement planning with a) only control variables (see Model 1, Table 4.4), b) controls 

and main effects (see Model 2, Table 4.4), and c) all controls, main effects, and the interaction 

between relative subjective age and work stress (see Model 3, Table 4.3; the approach is 

according to Aiken & West, 1991). Furthermore, according to Study 3a, I plotted the interaction 

graph (see Figure 4.2) and ran simple slope tests for the interaction (Aiken & West, 1991; 

Jaccard & Turrisi, 2003). As in Study 3a, I tested for multicollinearity; the VIF values for the 

variables ranged from 1.11 to 2.29 (VIFs < 10), indicating that my results are not biased by 

multicollinearity.  

 

                                                            
39 Like in Study 3a, I applied multiple imputation for missing values for all control variables with more that 10% 
missing data (Bennett, 2001). I repeated all analyses without imputed data and found no relevant differences in 
result trends. 
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Table 4.3 Descriptive statistics and correlations DEAS sample, Study 3b 
Variable M SD 1 2 3 4  5 6 7 8 9  10  

1 Retirement planning 63.93 3.16                                

2 Relative subjective age -6.38 6.70 -.08 **                             

3 Work stress 2.79 1.29 .10 *** -.08 ***                          

4 Chronological age 53.66 5.50 .09 *** -.12 *** .05 *                       

5 Gender 1.51 .50 -.11 *** -.05 * .06 * -.08 ***                    

6 Educational level 2.79 .96 .13 *** -.01   -.81 *** .04 † -.10 ***                 

7 Number of children 1.80 1.12 .04   0   .03   .05 † .03   .05 †             

8 Number of grandchildren .62 1.26 .00   -.03   .06 * .32 *** .06 * -.08 ** .34 ***           

9 Marital status 1.67 1.28 .07 ** -.03   .02   -.06 * .05 * -.01   -.31 *** -.10 ***        

10 Grandchildren care activity .11 .31 -.02   -.03   .05 † .19 *** .08 *** -.11 *** .16 *** .46 *** -.09 ***     

11 Household income 3542.02 2668.71 .02   -.02   -.03   .00   -.11 *** .26 *** .08 ** -.10 *** -.19 *** -.06 * 

12 Physical functioning 91.88 12.84 .10 *** -.23 *** .04 † -.08 ** -.12 *** .10 *** -.02   -.06 * -.02   -.10 *** 

13 Subjective physical health 2.31 .76 -.11 *** .31 *** -.14 *** .03   .01   -.11 *** .00   .01   .01   .03   

14 Depression  6.03 5.85 -.07 ** .19 *** -.15 *** -.03 * .11 *** -.10 *** -.01   .01   .08 ** .01   

15 Optimism 3.04 .53 .05 † -.22 *** ## *** -.02   -.02   .09 *** .06 * -.01   -.07 * .00   

16 Self-efficacy 3.07 .41 .04   -.16 *** .05 † -.03 * -.05 † .06 * .02   .03   -.04 -.01   

17 Life satisfaction 3.80 .69 -.01   -.19 *** .05 † .05 † .02   .11 *** .05 † .03   -.14 *** .02   

18 Number of weekly working hours 38.20 13.63 .11 *** .02   -.27 *** -.03   -.44 *** .12 *** -.08 ** -.02   .03   -.05 * 

19 Job satisfaction 1.85 .78 -.08 ** .15 *** -.21 *** -.08 ** .00   -.06 * -.01   -.03   .02   -.03   

20 Work centrality 4.37 1.32 .04   -.07 ** -.08 *** -.07 ** -.03   .05 * -.01   -.01   -.01   -.02   

21 Subjective age 47.25 8.14 .00   .75 *** -.04 *** .58 *** -.11 *** .03   .01   .19 *** -.06 * .11 *** 

Note: N = 1,068; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing; M = mean; SD = standard deviation. 
  

12
3 
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Table 4.3 Descriptive statistics and correlations DEAS sample, Study 3b (continued) 
Variable 11 12 13 14 15  16 17 18 19 20

1 Retirement planning                               

2 Relative subjective age                               

3 Work stress                               

4 Chronological age                               

5 Gender                                

6 Educational level                                

7 Number of children                                

8 Number of grandchildren                                

9 Marital status                                

10 Grandchildren care activity                                

11 Household income                                

12 Physical functioning .12 ***                            

13 Subjective physical health -.12 *** -.47 ***                         

14 Depression  -.12 *** -.31 *** .36 ***                      

15 Optimism .22 *** .26 *** -.27 *** -.38 ***                   

16 Self-efficacy .16 *** .20 *** -.22 *** -.27 *** .58 ***                

17 Life satisfaction .21 *** .23 *** -.26 *** -.37 *** .63 *** .54 ***             

18 Number of weekly working hours .14 *** .11 *** -.02   -.06 * .10 *** .19 *** .08 **          

19 Job satisfaction -.11 *** -.11 *** .21 *** .24 *** -.26 *** -.25 *** -.28 *** -.03         

20 Work centrality .06 * .08 *** -.09 *** -.09 *** .10 *** .15 *** .11 *** .23 *** -.18 ***    

21 Subjective age -.01   -.24 *** .28 *** .13 *** -.19 *** -.15 *** -.11 *** .00   .07 *** -.11 *** 

Note: N = 1,068; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing. 
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4.7.4 Results Study 3b 

Table 4.3 shows that participants, on average, would like to retire with 63.93 years (SD = 3.16). 

I find a significant correlation between retirement planning and chronological age (r = .09; p ≤ 

.001) as well as with relative subjective age (r = -.08; p ≤ .01) and work stress (r = .10; p ≤ 

.001). Furthermore, relative subjective age is significantly related to work stress (r = -.08; p ≤ 

.001) and chronological age (r = -.12; p ≤ .001). I present all correlations and descriptive 

information in Table 4.3. I investigated Hypothesis 1, focusing on the main effects of work 

stress on retirement planning in a model, including all control variables (Model 2, Table 4.4). 

Table 4.4 shows that work stress (B = .39; p ≤ .001) influences retirement planning, which 

supports Hypothesis 1. In line with the results of Study 3a, I additionally find a significant 

interaction effect between work stress and relative subjective age (B = -.21; p ≤ .05) on 

retirement planning (Model 3, Table 4.4).40 Model 3 explains about 10% of the variance in 

retirement planning (R² = .10) and for the interaction, I observe a significant ∆R² = .003 (see 

Table 4.4). The slope tests show that, under the condition of high relative subjective age, the 

slope is not significant (B = .18; n.s.), indicating that, when employees feel old, work stress 

does not affect retirement planning. Contrary, the slope under the condition of low relative 

subjective age is significant (B = .60; p ≤ .001). Thus, high work stress increases retirement 

planning when employees feel younger (see Figure 4.2). This is in line with parts of Hypothesis 

2 and indicates that low relative subjective age can positively influence work stress effects on 

retirement planning. Thus, my results suggest that high work stress can even delay retirement 

when employees feel young. 

 

                                                            
40 Like in Study 3a, I run an analysis, investigating the interaction effect of chronological age and subjective age 
on retirement planning and I do not find significant interaction term (B = .02; n.s.).  
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Table 4.4 Regressions on retirement planning DEAS sample, Study 3b 
  Retirement planning 
  Model 1 Model 2 Model 3 
  Predictors Estimate SE t 95% CI Estimate SE t 95% CI Estimate SE t 95% CI 

  Constant 63.93 .09 701.74 *** [ 63.7
5 ; 64.11 ] 63.93 .09 705.22 *** [ 63.76 ; 64.1

1 ] 63.92 .09 704.60
*** 

[ 63.7
4 ; 64.1

0 ] 

 Control variables Chronological age .30 .10 2.95 ** [ .10 ; .50. ] .28 .10 2.78 ** [ .08 ; .48 ] .27 .10 2.66 ** [ .07 ; .47 ] 
  Gender -.17 .10 -1.65  † [ -.37 ; .03 ] -.18 .10 -1.73  † [ .-.38 ; .02 ] -.17 .10 -1.62   [ -.37 ; .03 ] 
  Educational level .32 .10 3.32 *** [ .13 ; .51. ] .37 .10 3.84 *** [ .18 ; .56 ] .36 .10 3.75 *** [ .17 ; .55 ] 
  Number of children .26 .10 2.55 * [ .06 ; .46 ] .25 .10 2.45 * [ .05 ; .45 ] .25 .10 2.43 * [ .05 ; .45 ] 
  Number of grandchildren -.14 .11 -1.27   [ -.35 ; .07 ] -.14 .11 -1.35   [ -.35 ; .07 ] -.15 .11 -1.38   [ -.36 ; .06] ] 
  Marital status .18 .10 1.85  † [ -.01 ; .38 ] .18 .10 1.85  † [ -.01 ; .38 ] .19 .10 1.86  † [ -.01 ; .38 ] 
  Grandchildren care activity .03 .10 .32   [ -.16 ; .23 ] .02 .10 .25   [ -.17 ; .22 ] .03 .10 .26   [ -.17 ; .22 ] 
  Household income -.25 .11 -2.27 * [ -.46 ; -.03 ] -.22 .11 -2.03 * [ -.43 ; -.01 ] -.23 .11 -2.10 * [ -.44 ; -.02 ] 
  Physical functioning .24 .11 2.23 * [ .03 ; .46 ] .20 .11 1.81  † [ -.02 ; .41 ] .21 .11 1.92  † [ .00 ; .42 ] 
  Subjective physical health -.13 .11 -1.22   [ -.35 ; .08 ] -.10 .11 -.92   [ -.32 ; .12 ] -.12 .11 -1.06   [ -.34 ; .10 ] 
  Depression  -.02 .11 -.16   [ -.23 ; .19 ] .03 .11 .23   [ -.19 ; .24 ] .05 .11 .46   [ -.16 ; .26 ] 
 Optimism .20 .13 1.54   [ -.06 ; .46 ] .16 .13 1.19   [ -.10 ; .41 ] .17 .13 1.28   [ -.09 ; .43 ] 
 Self-efficacy .05 .12 .38   [ -.19 ; .28 ] .05 .12 .41   [ -.18 ; .28 ] .05 .12 .42   [ -.18 ; .28 ] 
 Life satisfaction -.35 .13 -2.70 ** [ -.60 ; -.10 ] -.31 .13 -2.44 * [ -.56 ; -.06 ] -.33 .13 -2.57 ** [ -.58 ; -.08 ] 
 Number of weekly working hours .34 .11 3.00 ** [ .12 ; .56 ] .46 .11 4.00 *** [ .23 ; .68 ] .47 .11 4.07 *** [ .24 ; .69 ] 
 Job satisfaction -.23 .10 -2.23 * [ -.43 ; -.03 ] -.17 .10 -1.62   [ -.37 ; .03 ] -.18 .10 -1.72  † [ -.38 ; .02 ] 
 Work centrality .11 .10 1.08  [ -.09 ; .30 ] .14 .10 1.45   [ -.05 ; .34. ] .15 .10 1.47   [ -.05 ; .34. ] 
Main effects Work stress    .39 .10 3.81 *** [ .19] ; .59 ] .39 .10 3.84 *** [ .19 ; .59 ] 
 Relative subjective age (RSA)   -.12 .11 -1.18   [ -.33 ; .08. ] -.13 .11 -1.26   [ -.34 ; .07. ] 
Interaction terms RSA x work stress         .     -.21 .10 -2.06 * [ -.41 ; -.01 ] 
                   
  R² .07       .09      .10       
  ∆R² .00       .00        .00 *      
 Note: N = 1,068; * p ≤.05; ** p ≤.01; *** p ≤.001; values are based on two-sided significance testing. All independent variables are z-standardised; SE = standard error; t = t-test value; CI = confidence interval. 
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Figure 4.2 Two-way interaction between work stress and relative subjective age on retirement 

planning in the DEAS sample, Study 3b  

 

4.7.5 Discussion Study 3b 

Opposite to Study 3a, I find in Study 3b that feeling older does not influence earlier 

retirement, but that feeling young might delay retirement. This suggest that, when employees 

feel younger, stressful work settings encourage them to retire later. According to my hypotheses 

and the theoretical resource-based framework, I assume that a low relative subjective age is an 

important resource for employees that enables employees to work longer. Considering that, 

with increased resources (in terms of low relative subjective age), employees are capable to 

handle more demands and thus might experience a lack of challenge when demands (e.g., work 

stress) are low. This idea is in line with my resource-approach (based on Hobfoll, 1989; Wang, 

Henkens, et al., 2011) and the job-demands-resource model (Demerouti et al., 2001; Karasek, 

1979). The assumption is that not only a lack of resources but also a lack of challenges while 

having strong resources can have negative effects on employees’ health, motivation, and 

satisfaction (e.g., Demerouti et al., 2001; Schaufeli et al., 2009). Accordingly, employees with 

the resource of feeling young (low relative subjective age), who are not confronted with 
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sufficient demands or challenges (i.e., work stress), might feel underchallenged and thus lose 

the motivation to continue working (see, e.g., Demerouti et al., 2001; Schaufeli et al., 2009). 

On the other hand, when employees with high resources (in terms of low relative subjective 

age) feel challenged by high work stress, they perceive motivation to continue working in a 

challenging environment. This assumption is in line with the findings of Akkermans et al. 

(2016), which show that subjective age is related to employee work motivation (also see Kooij 

et al., 2011). Additionally, the feeling of having a meaningful job might contribute to 

employees’ motivation to remain longer in employment (Maitlis & Christianson, 2014; 

Rothausen, Henderson, Arnold, & Malshe, 2017). Compared with Study 3a, in which relative 

subjective age has a buffer resource function, Study 3b suggests that relative subjective age is 

an enhancing resource for retirement planning. Although I identify two diverse functions of 

relative subjective age in the work stress/retirement planning relationship, both studies show 

that relative subjective age plays an important role for employees’ retirement, i.e., can lead to 

later retirement preferences. In the following, I will discuss the partially differing results of 

Studies 3a and 3b, as well as my limitations, before I integrate the overall theoretical and 

practical implications.  

 

4.8 Overall Discussion Study 3a and Study 3b 

My results for Study 3a and Study 3b support the assumption that relative subjective 

age moderates the work stress/retirement preference and planning relationship, showing a 

significant interaction effect of work stress and relative subjective age on retirement preference/ 

planning (Model 3, Table 4.2; Model 3, Table 4.4). Nevertheless, the two studies show differing 

functions of relative subjective age: In Study 3a, work stress does not show a significant main 

effect on retirement preference; in Study 3b, I find this effect on planning. This difference might 

result from a slight difference in the meaning of preferred and planned retirement. Nevertheless, 

it might also result from the clear difference in sample size. The small sample in Study 3a (N = 
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55) might not allow me to detect the main effect of work stress because of a lack of statistical 

power (Burmester & Aitken, 2012)41. Another difference between the studies is that, in Study 

3a, relative subjective age is a buffer resource, preventing negative work stress effects on 

retirement preference; in Study 3b, relative subjective age enhances and prolong retirement 

planning. I assume that differences in the study contexts might cause these differences. First, 

as mentioned before, it might be that retirement preference and planning differ in their meaning 

in respect to Hypothesis 2 and thus, I detect different effects. Second, the two studies use data 

from two different cultural samples (Study 3a, US sample; Sample 3b, German sample). These 

two countries differ in terms of their social security and pension systems (OECD, 2017c); in 

the USA, the pension system is to a higher amount based on private savings and risks and 

responsibilities for pension savings must be carried by the individual (Boersch-Supan & Reil-

Held, 1997). In other European countries, like in Germany, these risks are largely covered by 

the collective pension system, and private savings and investments play just a marginal role 

(e.g., in The Netherlands; Boersch-Supan & Reil-Held, 1997; OECD, 2017c). Hershey et al. 

(2007) compare the retirement planning behaviour between the United States and The 

Netherlands and investigate which structural and psychological differences determine 

employees’ retirement behaviour and cognitions. The authors indeed find significant 

differences between the two countries, suggesting that both structural and psychological factors 

affect American and Dutch employees in a different way. American employees perceive less 

certainty about their pension and show more anxiety in terms of financial security (Moore, 

1995; Neukam & Hershey, 2003). Dutch employees, on the other hand, have less concern about 

having a sufficient pension income and are less active in retirement planning (e.g., Hershey et 

al., 2007; Moore, 1995). Additionally, Hershey et al. (2007) conclude that American and Dutch 

                                                            
41 Although my sample size is larger than the common rule of thumb N > 30, Burmeister & Aitken (2012) note 
another rule of thumb saying that for regression analyses, the sample size/parameter ratio should be about 20:1. 
While my sample does not fulfil this criterion, I decided to validate my findings with the larger DEAS sample. 
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employees differ in terms of their retirement goal certainty and future time perspective. I reason 

that the findings of Hershey et al. (2007) match with my differing moderation effect of relative 

subjective age, suggesting that the moderation effects of relative subjective age differ between 

a US and German sample. In the US sample, I see that relative subjective age buffers negative 

work stress effects. When US employees tend to work longer, motivated by anxiety of old-age 

poverty (Moore, 1995; OECD, 2017c) and thus also work under worse conditions, relative 

subjective age functions as a resource that prevents work stress leads to earlier retirement 

preference. German employees, on the other hand, perceive less pressure to take care of 

additional private pension income (Boersch-Supan & Reil-Held, 1997; Moore, 1995) and thus 

work longer if they perceive their job as meaningful and challenging. Thus, relative subjective 

age functions as an enhancing resource that makes employees under high work stress work 

longer. Overall, I assume that the differing structural and psychological processes that is valid 

in my two samples might explain the differing moderation effect of relative subjective age.  

Apart from these slight differences, my two studies stress the relevance of (relative) 

subjective age in the work stress/retirement preferences relationship, showing that it can 

postpone employees’ retirement preference. I see a great potential in the integration of 

subjective age and retirement research under the resource-based framework (see, e.g., Wang, 

Henkens, et al., 2011), as (relative) subjective age could represent a relevant resource, which 

can function as a buffer or enhancement factor for several negative conditions at work.  

 

4.8.1 Limitations and Future Research Perspectives 

Although, I postulate that my studies demonstrate the relevance of subjective age for 

the retirement preference research, I want to note some limitations of my research design 

regarding sample characteristics, included variables, and the conceptualisation of retirement. 

First, as I outline above, the samples of my two studies differ in several aspects, e.g., sample 

size and nation specific social security regulations. One difference between the studies is that 
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Study 3a focuses on preferred retirement, while Study 3b captures planned retirement. 

Nevertheless, Beehr (1986) argues that these concepts are very closely related and retirement 

researchers apply various different and overlapping measures to investigate these two variables 

(Topa et al., 2009). Still, I want to that this difference requires consideration when interpreting 

and comparing the findings of Study 3a and Study 3b. Future research should conceptualise and 

validate an established measure for both, retirement preference and retirement planning. This 

would allow a more differentiated investigation of my research question. A further difference 

between Study 3a and Study 3b refers to the assessment method. Study 3b consists of face-to-

face interviews and computer-based assessments, while Study 3a is based on online surveys 

filled out by MTurk users, which does not allow me to control the environmental setting during 

the survey completion. I try to minimise these effects by defining an equal age range for both 

studies. Additionally, researchers investigate the quality of MTurk samples and characterise 

MTurk as more representative of normal online samples, offering reliable results comparable 

with results from tradition assessment methods (Buhrmester et al., 2011; Goodman et al., 2013). 

Furthermore, for Study 3b, I use the public DEAS project data (from 2011). Thus, some of the 

measurements differ from my measures in Study 3a. It is possible that these differences affect 

the significance or strengths of the effects. As both study measures are based on established 

instruments or are substantially pre-tested, I do not assume that this significantly biases my 

results. A final difference between the two samples to note is that I partially include different 

controls in the two studies. Although this refers only to two variables in each study, and I do 

not expect large effects on my results, I cannot rule out that this caused parts of the differing 

results of Studies 3a and 3b.  

Second, I investigate work stress with one item, which asks participants to indicate the 

level of stress, i.e., employees’ experience at work. I do not access if employees perceived stress 

as challenging or detrimental and thus cannot differentiate between eustress and distress. Doing 

so might lead to a more differentiated perspective on the meaning of stress (i.e., eustress and 
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distress) for employees’ retirement preference as well as on the role of (relative) subjective age 

in this context. Future research should investigate my research question, considering and 

differentiating between eustress and distress and thus obtain a more complex understanding of 

the role of relative subjective age for retirement preference.  

Third, my perspective on retirement preference/ planning is limited to the idea that 

employees want/ plan to enter into full retirement at a specific age. Moreover, in the past 

decades, various and flexible retirement arrangements have been established in HR policies, 

retirement researchers, and the political discussions (Rosen & Jerdee, 1989; Bundesministerium 

für Arbeit und Soziales, 2011). In my studies, I do not consider when and if employees want to 

enter in more flexible work- and retirement-programs. I want to encourage researchers to 

investigate retirement preference/ planning beyond the simple timing for full-time retirement 

and consider diverse and individualised retirement arrangements in their studies.  

Apart from the limitations of my research investigations in Studies 3a and 3b, I see 

interesting potential to integrate retirement and subjective age research and apply the theoretical 

resource-based approach when studying employees’ retirement preferences/ planning. I 

investigate the interaction between work stress and subjective age on retirement preference/ 

planning and find that relative subjective age has a regulative function (buffer/enhancement). I 

assume that similar effects and interactions might appear regarding further work conditions 

(i.e., physical strain, time pressure, interpersonal conflicts, etc.) beyond work stress. Thus, I 

hope, my paper motivates other researchers to investigate the interplay between (relative) 

subjective age and other organisational, job-related or individual variables.  

 

4.8.2 Practical Implications 

Beyond the implications and future directions for retirement preference/ planning 

research, my paper includes several interesting conclusions for practitioners. First, my results 

stress that HR managers should consider the negative work stress effects on employees’ 
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retirement preference. I find that work stress decreases retirement planning (Study 3b), i.e., 

makes employees planning to retire earlier. Preventing these negative effects might help 

organisations to ensure a sustainable workforce and reply to workforce scarcity. Furthermore, 

I see in my results that relative subjective age is a substantial resource for employees’ preference 

and plans to continue working and avoid early retirement. Capturing and investigating 

employees’ subjective age could therefore help HR managers to identify employees’ resources 

and resilience potential to remain in the active workforce. Particularly, because researchers 

show that subjective age is a mutable concept, organisations could strengthen this resource to 

avoid early retirement.  

 

4.9 Conclusion Study 3a and Study 3b 

Overall, my study stresses that the integration of subjective age and retirement 

preference/ planning research is an interesting perspective when studying retirement. With my 

two contributions, I show that work stress can lead to earlier retirement and that subjective age 

has the potential delay retirement preferences/ planning. Furthermore, the resource perspective 

(based on Hobfoll, 1989; Wang, Henkens, et al., 2011) is a valuable approach to understand 

why and when employees want or plan to retire. I want to encourage researchers to further apply 

this theoretical approach in their studies and to explore the role of subjective age in respect to 

a broad range of job strains. This paper can offer a first starting point to consider subjective age 

as a worthy resource to prevent early retirement. Enabling employees to continue working 

might not only sustain the active workforce in aging societies but might also keep employees 

satisfied (e.g., Herzog, House, & Morgan, 1991) and healthy (e.g., Gallo et al., 2006; Mein, 

Martikainen, Hemingway, Stansfeld, & Marmot, 2003) and give them a meaningful task. 

Thereby, employees, employers, and societies can benefit from an experienced and skilled 

aging workforce.  
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5 Overall Discussion and Conclusion 
 

My dissertation deals with the nature and role of subjective age in organisations and 

aims to take on a new perspective in regard to the challenges and opportunities arising from the 

demographic changes. The actual demographic development confronts particularly Western 

societies with strong disparities between the “young” and “old” population, causing significant 

employee shortage in the overall workforce and growing problems to finance the social health 

system (Gruber & Wise, 1999; Gruber & Wise, 2002; Poetzsch & Roessger, 2015). 

Consequently, organisations also face several challenges in respect to their workforce 

sustainability and productivity. My research findings offer a new perspective on demographic 

age effects in organisations by considering subjective age as an influential factor on 

organisational outcomes, e.g., absenteeism in work teams and employee’ retirement preference/ 

planning. This perspective opens up opportunities for several interventions and new approaches 

to manage an aging workforce. Beyond the practical implications, my dissertation also 

addresses open research questions on the concept of subjective, in respect to the validity of a 

multifaceted measurement and potential work-related antecedents and outcomes. 

 

5.1 Summary and Integration of the Results  

In Chapter 1 (Introduction), I outline that the challenges of the demographic change 

concern public and private organisations. With my three papers, including four studies, I try to 

disclose that the concentration on increased chronological age as the driver of performance and 

growth declines represents a limited perspective. Moreover, I argue that the consideration of 

subjective age might be more expedient to solve the challenges of the demographic change. 

Nevertheless, subjective age research lacks conceptual clarity on how to measure subjective 

age and what affects individuals’ response to that measurement. In Paper 1 (Study 1), I address 

these aspects showing that four facets of relative subjective age load on one common relative 
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subjective age score, which is a valid and reliable measure in a worker sample. Furthermore, I 

investigate if (relative) subjective age is a stable construct and test its stability in the course of 

a workweek. Related to subjective age stability is the question about antecedents or drivers of 

subjective age; in other words, if subjective age changes in short time frames like a week, there 

must be conditions that affect subjective age variability. Kotter-Gruehn, Neupert, et al., (2015) 

show in a gerontological sample (age range: 60-96 years) that subjective age varies with 

individuals’ reported health in the course of one week. Study 1 suggests that subjective age also 

varies based on work conditions, in particular work stress and positive and negative work 

events. I differentiated between- and within- person effects on subjective age; between-person 

effects identify variables that affect if one employee feels older or younger than another 

employee, while within-person effects indicate how old an employee feels (high versus low 

subjective age) at one day compared with another day. Particularly, I found that work stress and 

positive work events are between-person drivers of subjective age, and negative work events 

drive subjective age variability within a person. Thus, my results suggest that work conditions 

affect employees’ subjective age and can make them feel younger/older.  

Paper 2 and Paper 3 focus on the potential positive effects that the subjective age 

manipulation at the workplace can have. Particularly, I discuss the potentials of subjective age 

in respect to two main organisational outcomes: team absenteeism (Chapter 3; Paper 2) and 

retirement preference/ planning (Chapter 4; Paper 3). I consider these two aspects, studying the 

role of subjective age for team absenteeism and retirement preference/ planning in Study 2 

(Paper 2; team absenteeism) and Study 3a and Study 3b (Paper 3; retirement preference/ 

planning).  

The results of Paper 2 address concerns of managers and organisational functionaries 

that an increased chronological age in their organisation leads to higher absenteeism rates, 

which is a significant cost factor and has detrimental effects on organisational success 

(Greenwell, 2015). I outline that beyond the average chronological age in a team, team 
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absenteeism depends on the average subjective age in the team. This means that only those 

teams with a high average chronological age show higher absenteeism when they have a high 

average subjective age (team feels old on average). When a team feels younger on average (low 

average subjective age), even a chronological old team does not show higher absenteeism. 

Consequently, the simple increase of chronological age in organisations does not endanger 

organisational performance through higher absenteeism. Moreover, my results suggest that 

subjective age functions as a buffer for negative chronological age effects on team absenteeism. 

Thus, organisational functionaries may avoid high absenteeism even when their workforce is 

increasingly aging, by considering team subjective age.  

Paper 3 considers another outcome of subjective age: individual retirement preference/ 

planning. My results, based on two empirical studies with two different samples (Study 3a: 

MTurk sample; Study 3b: DEAS sample), indicate that high work stress is related to earlier 

retirement preference/ planning. Furthermore, my findings suggest that subjective age might 

have a buffering effect in the work stress/retirement preference and retirement planning 

relationship: Study 3a in Paper 3 (MTurk sample) shows that under high work stress individuals 

who feel older (high subjective age) want/ plan to retire significantly earlier than those who feel 

younger (low subjective age). The results of Study 3b in Paper 3 (DEAS sample) demonstrate 

that individuals with a low subjective age want to retire later than those with a high subjective 

age, even when they experience high levels of work stress. Although the two studies in Paper 3 

imply similar but not equal interpretation, both show that subjective age plays an important role 

for employees’ retirement. Even though retirement preferences and plans are not 

complementary to the actual act of retirement, these aspects are strongly related (Beehr, 1986). 

Thus, managers should be able to actively influence retirement preferences/ planning and 

thereby prevent early retirement and support that employees delay their retirement entry.  

The three papers of my dissertation shed light on the antecedents, the conceptual 

characteristics, and the outcomes of subjective age in organisations. Overall, my results indicate 



 
 

137 
 

that aging societies should not exclusively focus on the tight perspective of chronological age 

in the aging process but consider alternative age concepts, e.g., subjective age. Subjective age 

plays an important role for employees’ aging experience and affects organisational outcomes 

such as absenteeism at the team level (Chapter 3, Paper 2) and individual retirement preference/ 

planning (Chapter 4, Paper 3). 

In sum, my dissertation contributes to the understanding of subjective age in 

organisations, regarding its conceptualisation and stability as well as in respect to work-related 

antecedents (Paper 1) and outcomes (Paper 2 and Paper 3). I hope that, thereby, I can encourage 

organisational researchers to further investigate the nature and role of subjective age in the work 

context and broaden the practitioner perspective on aging in their organisations, thus offering 

them strategies to turn the decline-oriented view on their workforces to an optimistic, active, 

and opportunity-focused approach.  

 

5.2 General Limitations and Future Research Perspectives 

My dissertation offers interesting insights into the potential of the subjective age 

perspective in organisations. Nevertheless, this dissertation does have general limitations that 

go beyond the limitations I note within the three papers. 

The first limitation of my research relates to the concept and measurement of subjective 

age itself. My aim for a conceptual contribution in Paper 1 refers to the validation of the 

multifaceted measurement of relative subjective age (four facets: feel-age, look-age, do-age, 

interest age) in a worker sample. My results show that the subjective age concept is valid in the 

organisational context; the four facets represent subfacets and all load on one factor (overall 

relative subjective age score). Furthermore, I show that subjective age is a self-standing unique 

concept, which is distinct from related concepts, e.g., subjective physical or mental health and 

positive and negative affect (see Chapter 2, Paper 1). Nevertheless, I do not investigate 

explanatory validity for potential outcomes. Future research should test the discriminatory and 
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explanatory validity and show that (relative) subjective age explains different and additional 

variance for potential outcome variables than other related concepts, e.g., subjective health, life 

satisfaction. In addition, testing the difference between the one-item and the four-facet 

measurement of (relative) subjective age would offer interesting insights for future subjective 

age research. Furthermore, researchers should test the validation of the four-facet measurement 

in diverse cultural work settings, as cultural aspects as well as country-related work regulations 

might affect work sample characteristics and behaviours.  

This point leads me to the second limitation of my study: the cultural generalisation of 

my findings. In my first and second papers, I use one sample for each paper (Paper 1: US 

sample; Paper 2: Swiss sample), and my third paper includes two separate samples from 

Germany and the USA (see Chapter 4, Paper 3). In Paper 3, I observe similar but not identical 

subjective age interaction effects in these two samples, suggesting that subjective age effects 

can be translated to other countries. Nevertheless, in Paper 1 and 2, I test only one sample for 

each research question, and all my samples (Paper 1, Paper 2, Paper 3) represent Western 

countries. As Barak and Stern (1986) observe cultural differences between different cultures in 

respect to subjective age perceptions, I cannot exclude that the effects I find in my samples 

from the United States, Germany and Switzerland, would differ in other cultural settings, e.g., 

collectivistic cultures in Asia (e.g., China). Although I my research does not aim to be culturally 

comparative and obviously do not draw conclusions about the generalizability of my findings, 

one strength of my dissertation is that my three data sets stem from three different countries 

(USA, Switzerland, Germany). In Paper 3, I even test my hypotheses in two different national 

data sets and find similar effects in the German and US cultures. Thus, I avoid that my 

dissertation findings are limited to one specific national and cultural context and I demonstrate 

that subjective age is a relevant concept in multiple cultures. Nevertheless, future research 

should investigate subjective age effects in other cultural samples and ideally in cross-cultural 

comparison study. This could offer interesting insights about the (cultural) context effects of 
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subjective age and thereby contribute to the understanding about the formation of subjective 

age perceptions.  

Third, I want to note that Paper 1 and Study 3a (Paper 3) have a marginal overlap in the 

data basis, as both samples stem from the MTurk data set. Thus, the two papers contain partially 

the same participants. Nevertheless, this overlap is very small as a) I had different selection 

criteria for the two samples and b) I used different data time points for the two data subsets. In 

my first paper, the majority of data stem from the daily surveys (T2 Monday to T6 Friday), while 

in Paper 3 (Study 3a), I took most of the data from the general survey (T1 Sunday). Minimal 

overlaps might occur because some of the 55 participants from Study 3a (Paper 3) are also 

included in Paper 1. For these participants I used the chronological age variable for both Papers. 

Furthermore, I used the daily work stress measures (T2 Monday to T6 Friday). However, as for 

Paper 3, I tested my results with another independent data set (DEAS project data), I do not 

assume that these overlaps significantly leads to an overestimation of my dissertation 

conclusion.  

The fourth limitation refers to the uncertainties about subjective age formation and the 

question of what triggers individual subjective age perception. I argue and show in Paper 1 that 

subjective age is mutable and affected by different conditions (e.g., mood induction, Dutt & 

Wahl, 2017; age stereotypes, Eibach et al., 2010). Additionally, Kotter-Gruehn, Neupert, et al. 

(2015) show that daily health status can influence and change individuals’ subjective age on a 

daily basis, and my results of Paper 1 indicate that work conditions also affect subjective age 

evaluations. My results suggest that positive and negative events at work as well as work stress 

influence employees’ subjective age. Although these findings offer interesting knowledge about 

work conditions that affect subjective age perceptions, the identification of further work-related 

antecedents of subjective age would give more complex and holistic insights. Thereby, 

researchers should involve control variables from multiple domains (personality, family status, 

health, etc.) as well as age-related constructs (e.g., future time perspective, age stereotypes, age 
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group-identification, etc.). Further work-related variables should cover various aspects of work 

conditions/contexts, as HR practices, employment conditions, salary and benefit system, health 

protection programs, quantitative and qualitative work constrains, interpersonal conflicts (e.g., 

with colleagues), and leadership behaviours and styles. If and how these aspects affect 

employees’ subjective age does not only broaden researchers understanding about subjective 

age formation but also might offer detailed intervention strategies for practitioners to affect 

their employees’ subjective age and profit from the potential positive outcomes.  

Apart from the antecedents of subjective age, my dissertation is limited in respect to 

subjective age outcomes (limitation five). In my dissertation, I test the contextual subjective 

age effects on team absenteeism (Paper 2) and retirement preferences/ planning (Paper 3), and 

my results suggest that a low subjective age can affect both outcomes in a profitable way. 

Nevertheless, these two outcomes have specific and somehow limited explanatory power: In 

my second paper, I operationalise short-term absenteeism as a team construct, which explains 

the interaction effect of subjective age on team short-term absenteeism. Thus, it is still unclear 

if this effect outlasts at the individual level and explains individual short-term absenteeism, 

which might be a valuable research question for future investigations. In Paper 3, my outcome 

variable (retirement preference/ planning) is subjective and, thus, is not objectively measurable 

and comparable. This subjective approach is a valuable and interesting perspective on 

retirement. Nevertheless, it would also be interesting to investigate my hypotheses with an 

objective outcome, e.g., actual retirement entry. This might close the gap between preferred/ 

planned and actual retirement and add further informative value on the role of subjective age 

for the retirement process. In addition, it might be worth to generally consider further outcome 

variables, which are relevant for organisational success beyond short-term absenteeism (Paper 

1) and retirement preference/ planning (Paper 3). , For example, it would be interesting to 

understand, how subjective age (directly or indirectly) affects employees’ innovative 

behaviour, productivity, or bridge employment activities. Knowing that subjective age can have 
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an effect on these important outcomes might encourage researchers and practitioners to consider 

subjective age as a worthy perspective on the aging workforce and society.  

Considering the four and five limitations, I see the need for a more holistic perspective 

on subjective age antecedents and outcomes. Thus, the sixth limitation of my dissertation is that 

I investigate antecedents (Paper 1) and outcomes (Paper 2, Paper 3) separately. Nevertheless, a 

simultaneous testing of both antecedents and outcomes in the work context could offer a more 

complex framework on the role of subjective age in organisations. First, it would give insight 

into the multiple subjective age antecedents and their complex interplay; second, it could offer 

a better understanding about the causal direction of subjective age and potential antecedents 

and outcomes. Although the current research state identified several (work- and nonwork) 

antecedents and outcomes, some studies postulate one variable as antecedents, while the same 

variables is supposed to be an outcome of subjective age in another study. Barnes-Farrell and 

Petery (2017) investigated this contradiction in a study on the complex relationship of 

subjective age and health, finding that, indeed, health can function as both antecedent and 

outcome. The authors conclude that the relationship between the two variables is highly 

complex and might be reciprocal or dependent on other variables (Barnes-Farrell & Petery, 

2017). I expect similar complexity in the relationships between subjective age and other 

variables (e.g., job satisfaction, retirement preference/ planning). An overall model, considering 

variables as both, antecedents and outcomes, might contribute to a better understanding on these 

complex relationships and prevent wrong and oversimplified conclusions. Thus, I encourage 

researchers to consider more complex modeling of subjective age relationships in their future 

research agendas.  

The seventh limitation refers to an interesting but yet undiscussed finding in my second 

paper. While I show and argue in this paper that older teams who feel younger on average show 

less absenteeism than older teams with a high average subjective age, Figure 3.1 (p. 87, Chapter 

3, Paper 2) additionally suggests that chronological young teams show more absenteeism when 
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they on average feel younger (low average subjective age) than young teams who feel on 

average older (high average subjective age). This interpretation is quite surprising and could 

change the perspective on subjective age in the organisational context, in the sense that it 

contradicts the common assumption that “feeling younger” is better than “feeling older”, in the 

sense that the former is supposed to mean better health status, higher satisfaction, and longevity. 

If I take the trend that Figure 3.1 (p. 87, Chapter 3, Paper 2) suggests for truth, it means that 

feeling young is only beneficial for chronologically older teams, while, for younger teams, 

feeling old might be more profitable. This raises the question if feeling old or young (i.e., high 

versus low subjective age) has different meanings, depending on the chronological age of a 

person/a team. Subjective age research already offers hints that subjective age trends might 

change in the transition to adulthood (Galambos et al., 2005). Galambos et al. (2005) argue that 

individuals under 26 tend to feel older than their chronological age, while from 26 this trend 

inverts in the sense that individuals feel younger relative to their chronological age (also see 

Galambos et al., 1999). This tendency reinforces with increasing chronological age (Galambos 

et al., 2005). One interpretation of these findings is that, for younger individuals, feeling old 

implies being adult and responsible, while feeling younger in young age is related to being 

childish, naive, and unexperienced. Thus, at young age, a high subjective age represents a 

positive self-perception, and a low subjective age includes negative connotations. On the other 

hand, when individuals exceed their 20s, they tend to feel younger (Galambos et al., 2005) 

because a low subjective age incorporates the conservation of youth, energy, and physical 

health, while high subjective age implies physical declines and transience. Hence, in older age 

(26 years and older, according to Galambos et al., 2005), feeling old has a negative image, while 

feeling young is the admired goal. Transferring the idea of conceptual differences in subjective 

age between younger and older individuals to the surprising finding of my second paper (see 

Figure 3.1, p. 87, Chapter 3), I assume a similar difference: Older teams indicate to feel young, 

as they understand it as a sign for overall good health, agility, and work ability. On the contrary, 
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younger teams that indicate a low subjective age might understand this as a lack of experience 

or responsibility. When younger teams feel on average older, this represents a feeling of 

responsibility and productive work processes. Although this interpretation is quite interesting 

and goes in line with Galambos et al. (2005) and my observations in Paper 2, no study has yet 

tested these assumptions explicitly. It is interesting to investigate under which conditions 

feeling older might have advantageous effects for an individual or teams and organisations. 

Thus, I encourage aging and organisational behaviour researchers to take a more differentiated 

and detailed look at subjective age effects in diverse age groups and domains. I expect that it 

might change the perspective on subjective age and foster a more complex consideration of 

aging phenomena in research and practice, both inside and outside of organisations.  

The eighth and last limitation refers to the first paper of my dissertation. I designed that 

paper in order to respond to the knowledge gap on the stability of subjective age and identify 

organisational antecedents of subjective age fluctuations. The results of Paper 1 show that 

subjective age is a mutable construct and that work stress as well as positive and negative work 

events affect subjective age variance and drive within- (negative work events) and between-

person (work stress, positive work events) fluctuations. Although these findings offered new 

insights for subjective age researchers at the time when I designed my study and wrote Paper 

1, other researchers published a quite similar study in the meantime (see Armenta, Scheibe, 

Stroebe, Postmes, & Van Yperen, 2018). Thus, at the time when I finalise my dissertation, parts 

of the research gap and reason for Paper 1 are already outdated. Similar to my study design for 

Paper 1, Armenta et al. (2018) investigate the stability of subjective age (bias)42 in the work 

context. In line with my results, the authors show that relative subjective age is not stable and 

fluctuates in the course of a workweek. Furthermore, the authors test work-specific antecedents 

                                                            
42 With subjective age bias, Armenta et al. (2018) mean the subjective age measure that I call relative subjective 
age. It represents the difference score between subjective age and chronological age. In the following text, I will 
refer to subjective age bias as relative subjective age to maintain consistency in my terminology.     
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of relative subjective age to explain within-person differences. In particular, and in line with 

my first paper, the authors also test if negative work events affect how old individuals feel at 

one day compared with another day. The results of Armenta et al. (2018) indicate that negative 

work events influence within-person variance in relative subjective age.  

Although the design of my first study (Paper 1) as well as my findings are quite similar 

to the paper of Armenta et al. (2018), I believe that my findings can add value for subjective 

age research. First, my sample differs from the sample of Armenta et al. (2018), who study their 

research question in a sample of 169 German employees aged between 50 and 70 years. My 

sample, on the other hand, includes 167 employees from ages 23 to 79. My study includes a 

broader age range of employees and, thus, is more representative for the overall workforce. As 

I argue in limitation six, relative subjective age might imply different meanings for 

chronologically older or younger employees. Thus, the transfer of Armenta et al. (2018) results 

is limited to old employees, while my sample in Paper 1 allows the interpretation of my findings 

for the full age range of employees. Second, the study of Armenta et al. (2018) differs from my 

Paper 1 in respect to the included variables. Armenta et al. (2018) add age group identification 

as a second aging mechanism to study when employees tend to attribute negative work events 

to their chronological age. While this approach allows a better understanding of underlying 

processes and mechanisms of age- and age-group perception, my paper sets a stronger focus on 

the identification of (relative) subjective age antecedents. Beyond negative work events, I test 

if positive work events and work stress function as (relative) subjective age drivers. Thus, I do 

not only add value by showing the effects of work stress on (relative) subjective age but also 

involve the positive potential of the work context and show that positive experiences at work 

have positive effects on employees’ subjective age. Third, while Armenta et al. (2018) identify 

primary within-person effects, I differentiate within- and between-person antecedents of 

(relative) subjective age. Thus, my paper identifies which conditions influence if one employee 

feels older/younger than another, as well as under which conditions an employee feels 
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older/younger at one day compared with another. In sum, I believe that, beyond the similarities 

in research design and findings, both papers add value to the current discussion on the nature 

and role of subjective age in the work context. Further research efforts should build on both 

studies to gain more knowledge on antecedents of subjective age and underlying mechanisms. 

I particularly see great potential to investigate subjective age instantly and in shorter time 

periods in order to gain a better understanding of situational effects on subjective age and its 

within-day stability. 

 

5.3 General Practical Implications 

Subjective age is a concept of growing interest for aging and organisational behaviour 

researchers in the past decades, and I hope that my findings encourage further research on the 

nature and role of subjective age in organisations. Nevertheless, my results also have practical 

value and can contribute to a successful management of the demographic change in 

organisations. I want to touch upon some benefits of my results on subjective age for 

practitioners and organisational functionaries in the following.  

First, in Paper 1, I demonstrate one major advantage of subjective age compared with 

chronological age: It is not a fixed concept but is shapeable in several ways. Beyond studies 

showing that negative age stereotypes (Eibach et al., 2010; Kotter-Gruehn & Hess, 2012), 

negative performance feedback (Geraci et al., 2018), and mood (Dutt & Wahl, 2017) can affect 

subjective age perceptions, my findings suggest that work-related aspects also influence how 

old employees feel (see Chapter 2, Paper 1). In particular, I explicitly identify work stress as 

well as positive and negative work events that affect subjective age perceptions (see Chapter 2, 

Paper 1). Thus, organisational practitioners should reduce stressful work settings, avoid 

negative work events, and foster positive experience at work. Creating such work conditions 

can affect how old employees feel and help organisations to eliminate negative aging effects 
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and profit from positive subjective age effects, which I investigated in Paper 2 and 3 (Chapters 

3 and 4).  

Second, in Papers 2 and 3, I illustrate that subjective age can indirectly affect variables 

that are crucial for organisational success. My findings suggest that a) the interplay between 

average chronological and subjective age influences teams’ absenteeism. Against the common 

stereotype that older employees show higher absenteeism, my results suggest that older teams 

show higher absenteeism only when the team also feels older. When an older team, on the other 

hand, feels younger, absenteeism rates are lower. I present another positive subjective age effect 

in Paper 3: I show that low subjective age can buffer negative work stress effects on retirement 

preference/ planning. In general, employees who experience high levels of work stress want to 

retire earlier. My results suggest that, when employees feel younger, they can buffer these 

negative effects and delay their retirement. In sum, the two papers (Papers 2 and Paper 3) show 

that subjective age can significantly affect absenteeism and retirement preference/ planning. 

Both outcomes are highly important for organisations, as absenteeism and early retirement are 

strong cost factors and are essential for organisational success and sustainability. I expect and 

hope that future research will identify further relevant direct and indirect outcomes of subjective 

age. Consequently, considering employees’ and teams’ subjective age not only affects 

organisational success. In combination with my results of Paper 1, it also offers managers the 

chance to influence subjective age and, thus, actively intervene in the challenges of an aging 

workforce. Rather than passively endure aging consequences, subjective age can be a relevant 

adjustment screw that enables organisational functionaries to manage the demographic change 

in organisations successfully.  

The third practical implication refers to a more general benefit of subjective age for 

organisations. Although several studies and even meta-analyses indicate that older employees 

show almost no performance decline, nor are they more absent, in general (Ng & Feldman, 

2012, 2013) employees in the second half of their lives are still confronted with various age 
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stereotypes. These age stereotypes often result in age discrimination (Lieber, 2007; Shore & 

Goldberg, 2005) and can even cause negative effects through self-stereotyping, i.e., the 

confrontation and incorporation of negative age stereotypes, rather than the actual age declines, 

have negative effects on individual health and performance (Levy, 2003). Thus, dissolving the 

importance of chronological age and shifting the focus to the concept of subjective age might 

reduce age stereotypes and age discrimination. This not only has positive effects on the 

individual employee but can also eliminate negative effects of discrimination in organisations 

and, thus, contribute to overall organisational success. 

 

5.4 Overall Conclusion 

In sum, my dissertation offers valuable contributions about the concept and role of 

subjective age in organisations. I show that subjective age is a mutable construct, steered by the 

organisational context and thus, offers potential for an active aging management (see Chapter 

2, Paper 1). Additionally, my results suggest that subjective age is relevant for team absenteeism 

and individual retirement preference/ planning and, hence, can affect organisational success and 

sustainability. My three papers show that subjective age indirectly affects meaningful 

individual, teams-related and organisational aspects and is embedded in complex causal 

networks. Thus, my dissertation adds value to the research discussion on subjective age and 

draws interesting interventions and implications for practitioners and managers. I hope that my 

findings encourage researchers to further investigate the nature of subjective age and its role in 

the organisational context. A broader understanding of age and aging in societies might 

highlight that aging is an individual process. This might reduce age discrimination and enable 

individuals and organisations to eliminate negative aging consequences, thus benefitting from 

the positive potential of subjective age.  
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6 Appendix A:  

Measurement Description for Paper 1, Paper 2, Paper 3 

Measurement Description Paper 1  
“How Old Do You Feel Today at Work?”: Work-Related Drivers of Subjective Age in the Workplace 

– MTurk Data Set 

 

Construct  Items 
Daily Subjective Age (multifaceted)   
   Feel-Age 1. “Today, I feel as though I am .... years old.” 
   Look-Age 2. “Today, I look as though I am .... years old.” 
   Do-Age 3. “Today, I do most things as though I were .... years old.” 
   Interest-Age 4. “Today, my interests are mostly those of a person that is .... years old.” 
    
Daily Relative Subjective Age (multifaceted)   
   Relative Feel-Age 1. Difference between daily feel-age and chronological age 
   Relative Look-Age 2. Difference between daily look-age and chronological age
   Relative Do-Age 3. Difference between daily do-age and chronological age
   Relative Interest-Age 4. Difference between daily interst-age and chronological age
   
Time  Time represents the five assessment points from Monday to Friday. Monday (0), Tuesday (1), Wednesday (2), 

Thursday (3), Friday (4) 
   
Daily Work Stress 1. “My past work day had been stressful.” (1= “strongly disagree” to 5= “strongly agree”) 
   
Daily Work Events  “How often did the following events/situations occur during your past work day?” (1= “Did not occur” to 4= 

“Occurred a lot”). 
   Daily Positive Work Events 1. “Did you accomplish what you hoped to? “ 
 2. “Did you receive information that positively affected your work schedule, duties or pay? “ 
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 3. “Did you receive positive feedback or praise? “ 
 4. “Did you have fun and socialize? “ 
   Daily Negative Work Events 5. “Did you receive negative feedback or criticism/complaints?“ 
 6. “Did you work with difficult people? “ 
 7. “Did you receive information that negatively affected your work schedule, duties or pay? “ 
 8. “Did you get treated disrespectfully? “ 
 9. “Did you have work-related conflicts? “ 
   
Chronological Age  Participants indicate their exact date of birth 
   
Gender  Participants indicate their gender: male (0), female (1) 
   
Daily Subjective Physical Health 1. “Today, would you say your physical health is…?” (1= “Excellent”, 2= “Very good”, 3= “Good”, 4= “Fair”, 5= 

“Poor”) 
   
Daily Subjective Mental Health 1. “Today, would you say your mental health is...?” (1= “Excellent”, 2= “Very good”, 3= “Good”, 4= “Fair”, 5= “Poor”) 
   
Daily Pain 1. “What number between 0 (no pain) and 100 (unbearably heavy pain) best describes your average level of bodily pain 

during the past work-day?” 
   
Daily Affect  “How much did you feel this way today?”) on a five-point scale (1= “Very slightly or not at all” to 5= “Extremely”). 
   Daily Positive Affect 1. “Enthusiastic” 
 2. “Interested” 
 3. “Determined” 
 4. “Excited” 
 5. “Inspired” 
 6. “Alert” 
 7. “Active” 
 8. “Strong” 
 9. “Proud” 
 10. “Attentive” 
   Daily Negative Affect 11. “Scared” 

14
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 12. “Afraid” 
 13. “Upset” 
 14. “Distressed” 
 15. “Jittery” 
 16. “Nervous” 
 17. “Ashamed” 
 18. “Guilty” 
 19. “Irritable” 
 20. “Hostile” 
   
Daily Life Satisfaction  “Today, I am satisfied with my life.” (1 = “Strongly disagree” to 7 = “Strongly agree”) 
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Measurement Description Paper 2  
The Contextual Role of Subjective Age in the Chronological Age/ Absenteeism Relationship in Blue and White Collar Teams 

– Swiss Service Company Data Set 

 

Construct Items 
Average Chronological Age (T1)  Average chronological age in years based on employees’ dates of birth (company archive) 
    
Average Short-Term Absenteeism (T2)  Average short-term absenteeism in percentage (target hours that team members did not work because of short-term 

absenteeism during 12 months). Short-term absenteeism indicates absenteeism up until three days without doctor 
certificate. (company archive) 

    
Average Subjective Age (T1)   “Independent from your actual (chronological) age, how old do you feel?”* 
    
Job Type (T1)  Job type differentiates between blue collar (0) and white collar (1) (company archive) 
    
Average Team Size (T1)  Average number of employees in the teams. (company archive) 
   
Average Percentage of Female Workers (T1)  Average number of female employees in the teams. (company archive) 
   
Average Subjective Physical Health (T1)  “All in all, how would you rate your health status? In general, my physiological health is. . .” (1 = “bad” to 5 = 

“excellent”)* 
   
Average Subjective Psychological Health (T1)  “All in all, how would you rate your health status? In general, my psychological health is. . .” (1 = “bad” to 5 = 

“excellent”)* 
   
Average Job Satisfaction (T1) 1. “Overall, how satisfied are you with your current job situation?” (1 = “very unsatisfied“ to 6 = “very satisfied“)* 
 2. “How much does [company name] fulfil your expectations towards an ideal employer” (1 = “not at all“ to 6 = 

“completely“)* 
   
Average Organisational Identification (T1) 1. “I am proud to work for [my company]” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
 2. “ I fully stand by my department and its products and services“ (1 = “I do not agree at all” to 6 = “I fully agree”)* 

15
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Average Turnover Intention (T1) 1. If it is up to me I would still work for [my company] in two years” (R) (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
 2. If I had to decide today I would take a position at [my company] again" (R) (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
   
Average Work Engagement (T1) 1. “I am willing to show above-average performance for my department” (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
 2. ”I like to work with full engagement“ (1 = “I do not agree at all” to 6 = “I fully agree”)* 
   
Average Job Sense-Making (T1) 1. “If I come home after work, I feel that I have done something meaningful” (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
 2. “My work contributes significantly to the success of my department [company department]” (1 = “I do not agree at all” 

to 6 = “I fully agree”)* 
   
Average Perceived Participation (T1) 1. “I can contribute my perspective if it comes to decisions that are relevant for my work” (1 = “I do not agree at all” to 6 

= “I fully agree”)* 
 2. “I have enough decision latitude in my job to fulfil my tasks successfully“ (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
 3. “I am responsible for my work success” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
   
Average Perceived Leadership Support (T1) 1. “My direct supervisor offers constructive feedback” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
 2. “My direct supervisor values good performance with praise” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
 3. “My direct supervisor promotes my professional development” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
 4. “My direct supervisor supports me in my daily work” (1 = “I do not agree at all” to 6 = “I fully agree”)*
   
Average Perceived Team Support (T1) 1. “In my team, we support each other at work” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
 2. “In my team, we offer feedback to each other” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
   
Average Development Opportunities (T1) 1. “I am willing to develop my career even if I have to put extra effort on it” (1 = “I do not agree at all” to 6 = “I fully 

agree”)* 
 2. “In my job, I see interesting opportunities to develop professionally” (1 = “I do not agree at all” to 6 = “I fully agree”)* 
   
Average Total Absenteeism (T1)  Average total absenteeism in percentage (target hours that team members did not work because of absenteeism during 

12 months). Total absenteeism includes both short-term and long-term absenteeism. (company archive) 
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Chronological Age Diversity (T1)  Standard deviation of chronological age (T1) (company archive) 
   
Subjective Age Diversity (T1)  Standard deviation of subjective age (T1) (company archive) 

* Average team scores; (R) = Reverse-Coded Item 
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Measurement Description Paper 3  
“Feeling Younger Makes You Work Longer”: How Subjective Age Moderates the Effect of Work Stress on Retirement Preference/ Planning 

– MTurk Data Set, Study 3a 

 

Construct Items 
Subjective Age  “Today, I feel as though I am .... years old.” 
   
Relative Subjective Age  Difference between subjective age (feel) and chronological age 
    
Work Stress  “My past work day had been stressful” (1 = “Strongly disagree” to 5 = “Strongly agree”). Average score of all daily 

one-item work stress measures from Monday (T2) to Friday (T6). 
    
Retirement Preference/ Plan (T6)   Difference score between preferred retirement age and expected retirement age 
Preferred Retirement Age (T6)   “At what age would you like to retire from your main job?” 
Expected Retirement Age (T6)   “At what age do you think you will retire from your main job?” 
   
Chronological Age  Participants indicate their exact date of birth 
   
Gender  Participants indicate their gender: Male (0), Female (1) 
   
Marital Status  What is your marital status? (0 = Single, Divorced, Widowed; 1= Married or domestic partnership) 
   
Number of Children  “How many children do you have?” 
   
Life Satisfaction  “In general, I am satisfied with my life” (1 = “Strongly disagree” to 7 = “Strongly agree”) 
   
Educational Level  “What is the highest degree or level of school you have completed? If you are currently enrolled, please indicate your 

highest degree received so far” (1 = Less than highschool; 2 = High school; 3 = Bachelor's degree/ Graduate courses/ 
Technical degree; 4 = Master's degree/Postmaster courses; 5 = Doctoral degree) 

   

154 



 
 

155 
 

Annual Salary  “Please indicate your annual gross salary. Please choose the category that represents your annual gross salary” (1 = 
$12,100 or less; 2 = between $12,100 and $23,100; 3 = between $23,100 and $32,500; 4 = between $32,500 and 
$60,000; 5 = between $60,000 and $100,000; 6 = between $100,000 and $150,000; 7 = between $150,000 and 
$250,000; 8 = $250,000 or more) 

   
Subjective Physical Health   “In general, would you say your physical health is…?” (1 = “Excellent” to 5 = “Poor”) 
    
Subjective Mental Health   “In general, would you say your mental health is…?” (1 = “Excellent” to 5 = “Poor”) 
   
BIG 5 Personality Traits (Openness, 
Consciousness, Extraversion, Agreeableness, 
Neuroticism) 

 “How well do the following statements describe your personality? I see myself as someone who…” (1 = “Strongly 
disagree” to 7 = “Strongly agree”) 

 1. “... is reserved“ 
 2. “...is generally trusting“ 
 3. “...tends to be lazy“ 
 4. “...is relaxed, handles stress well“ 
 5. “...has few artistic interests“ 
 6. “...is outgoing, sociable“ 
 7. “... tends to find fault with others“ 
 8. “...does a thorough job“ 
 9. “...gets nervous easily“ 
 10. “...has an active imagination“ 
   
Organisational Tenure  “How long have you been working at your company? Please fill in the number of years you have been working for 

your company” 
   
Job Satisfaction  “All in all, how satisfied are you with your job?” (1 = “very unsatisfied“ to 6 = “very satisfied“) 
   
Work Centrality 1. “The major satisfaction in my life comes from my job” (1 = “Strongly disagree” to 7 = “Strongly agree”) 
 2. “The most important things that happen to me involve my work” (1 = “Strongly disagree” to 7 = “Strongly agree”) 
 3. “I consider work to be central to my life” (1 = “Strongly disagree” to 7 = “Strongly agree”) 
   
Weekly Working Hours  “How many hours per week do you usually work? Please indicate your average weekly working hours” 
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– DEAS* Data Set,  Study 3b 

 

Construct Items 
Subjective Age  “Forget your actual age for a moment: How old do you feel, if you had to express it in years?” 
    
Relative Subjective Age  Difference between subjective age and chronological age 
    
Work Stress  “To what extent are you stressed by pressure to complete heavy workloads or meet tight deadlines, nervous tension?” 

(1 = Very stressed to 5 = Not at all stressed) 
   
Retirement Planning  “At what age do you plan to stop working?”  
   
Chronological Age  Interviewer asks for the exact date of birth (Day, Month, Year) 
   
Gender  Interviewer enters gender information: Male (0), Female (1) 
   
Marital Status  “What is your civil status?” (0 = Single, Divorced, Widowed; 1= Married or partnership) 
   
Number of Children  “Do you have children? By this I mean children of your own, children who have grown up or are growing up in your 

household, as well as any children who may no longer be alive” 
If children exist: “And how many children do you have?” 

   
Number of Grandchildren  Interviewer asks for the number of grandchildren 
   
Grandchildren Care Activity  Interviewer asks if participant looks after or supervise his/her grandchildren? (0 = No, 1= Yes) 
   
Life Satisfaction 1. “In most ways my life is close to my ideal” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 2. “The conditions of my life are excellent” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 3. “I am satisfied with my life (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 4. “So far I have gotten the important things I want in life” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 5. “If I could live my life over, I would change almost nothing” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
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Educational Level  Interviewer notes the highest level of vocational education/training the participant has completed (1 = Low; 2 = 

Medium”; 3 = “Enhanced”; 4 = “High”) 
   
Household Income  Interviewer notes annual household income 
   
Physical Functioning  Interviewer notes results of the SF36 standardised test of physical functioning (standardised score 0-100) 
    
Mental Health  Short version of the general depression scale (Kuehner, Buerger, Keller, & Hautzinger, 2007) 
   
Optimism  Optimism-Scale (affective valence of future time perspective according to Brandtstaedter & Wentura, 1994) 
   
Self-Efficacy  Self-Efficacy-Scale (according to Schwarzer & Jerusalem, 1995) 
   
Life Satisfaction 1. “In most ways my life is close to my ideal” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 2. “The conditions of my life are excellent” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 3. “I am satisfied with my life (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 4. “So far I have gotten the important things I want in life” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
 5. “If I could live my life over, I would change almost nothing” (1 = “Strongly disagree” to 5 = “Strongly agree”) 
   
Number of weekly working hours  “How many hours a week do you currently work at your job, including overtime?” 
   
Job Satisfaction  “How satisfied are you at present with your work as a whole?” 
   
Work Centrality  “The following question is about issues and topics that often occupy people's minds – things they think about during 

their daily lives and things they may do something about. How much currently do you think of or do something about  
job aptitude, success in career“ (0 = “Don't think a lot about it/don't do anything for it” to 6 = “Think a lot about it/ do 
a lot for it”) 

*The DEAS project is a large federal panel study. The DEAS instruments consist of established research instruments and/or passed through intensive pretesting by experienced 
researchers (see Engstler et al., 2012). More details on the 2011 DEAS measures and survey are available at the DEAS Website (www.dza.de). 
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7 Appendix B: 

Discriminatory Validity Analyses for the Subjective Age Construct (Paper 1) 

 

I tested the distinctiveness of the subjective age concept towards three different 

construct-groups: health-related constructs, affect-related constructs, and work-specific 

constructs. For each of the concept-groups, I compared a model solution A, which treats 

subjective age and the other constructs as distinct constructs, with a model solution B, which 

postulates that the subjective age items and the items of the other constructs load on one 

common factor. I report the results of the model comparisons for each construct-group 

separately in the following paragraphs.  

 

Health-related constructs: subjective physical health, subjective mental health, pain:  

Model solution A shows better fit than model solution B (∆² (12) = 434.62, p ≤ .001; 

∆AIC = 410.63). This suggests that health-related constructs are distinct from subjective age 

construct.  

 

Affect-related constructs: positive affect, negative affect, life satisfaction: 

Model solution A shows better fit than model solution B (∆² (10) = 1,082.82, p ≤ .001; 

∆AIC = 1062.82), indicating that subjective age is distinct from the affect-related constructs.  

 

Work-related constructs: work stress, positive work events, negative work events: 

Model solution A shows better fit than model solution B (∆²(8) = 422.03, p ≤ .001; 

∆AIC= 406.03). Thus, I assume that subjective age is distinct from the work-related constructs. 
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